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Abstract

This thesis is devoted to the study of sums of independent and identically dis-
tributed (i.i.d.) heavy-tailed random variables (heavy-tailed sums). To be more
precise, we are interested in the behavior of distribution functions of such sums.
The problem with heavy-tailed sums is that the classical central limit theorem is
not applicable in many cases and thus such sums cannot be approximated using the
standard normal distribution. Moreover, for some classes even known alternative
ways do not provide a good approximation. One of such classes, the class of Pareto-
like distributions, was our field of study.

We start our investigation with random sums of heavy-tailed random variables,
which are often used in applications. “Random sum” means that the number of
summands in the sum is not fixed but also is a random variable. We consider differ-
ent classes of heavy-tailed distributions (subexponential, distributions with regularly
varying tails, Pareto-like distributions) and analyze the asymptotic results that are
already known. Then we concentrate on the class of Pareto-like distributions, which
is connected with the class of stable distributions by the following asymptotic result.
A normalized sum of n i.i.d. Pareto-like distributed random variables converges to
some stable distribution as n — oco. This allows the approximation of the sum by
the corresponding stable distribution. The problem is that such approximations are
usually very rough, in particular if we deal with Pareto-like random variables with
shape parameter a < 2. For this case correction terms for the limit distributions
are needed. A powerful method is provided by asymptotic expansions of the dis-
tribution functions of the sums. The case a € (1,2) was already well studied in
this regard, and correction terms were obtained using the so-called pseudomoments.
Unfortunately, these known results do not provide the correction term for the limit
distribution in the case of Pareto-like random variables with « € (0, 1).

Our main result concerns this case. By modifying the concept of pseudomoments
we obtain a good approximation of the distribution function of the sum of n i.i.d.
Pareto-like random variables with parameter a € (0,1). We have also obtained a
non-uniform estimate of the remainder.

Using our main theorem for the sums of n random variables with fixed n € N we
obtain some asymptotic results for random sums. As an application we consider the
Cramér-Lundberg model, used in insurance mathematics, and show that for some
cases our results help to construct improved estimates of the ruin probability.






Zusammenfassung

In dieser Arbeit untersuchen wir Summen von unabhéngigen identisch verteilten
(u.i.v.) heavy-tailed Zufallsvariablen (heavy-tailed Summen). Genauer sind wir an
dem asymptotischen Verhalten der Verteilungsfunktionen solcher Summen interes-
siert. Das Problem bei heavy-tailed Summen ist, dass der klassische zentrale Grenz-
wertsatz in vielen Féllen nicht anwendbar ist und sich solche Summen somit nicht
mit der Standardnormalverteilung approximieren lassen. Des Weiteren liefern auch
bekannte alternative Anséitze fiir einige Klassen keine gute Approximation. Eine
solche Klasse, die Klasse der Pareto-like Verteilungen, steht im Mittelpunkt dieser
Arbeit.

Wir beginnen die Untersuchungen mit zufdlligen Summen der heavy-tailed Zufalls-
variablen, die in den Anwendungen oft verwendet werden. “Zufillige Summe” bedeu-
tet, dass die Anzahl der Summanden selbst eine Zufallsvariable ist. Wir betrachten
verschiedene Klassen der heavy-tailed Verteilungen (subexponentielle Verteilungen,
Verteilungen mit regulér variierenden tails, Pareto-like Verteilungen) und analysie-
ren einige bekannte asymptotische Resultate. Danach konzentrieren wir uns auf die
Klasse der Pareto-like Verteilungen, die mit der Klasse der stabilen Verteilungen
durch das folgende asymptotische Resultat verbunden ist. Eine normierte Summe
von n u.i.v. Pareto-like verteilten Zufallsvariablen konvergiert fiir n — oo gegen
eine stabile Verteilung, so dass sich die Summe durch die entsprechende stabile
Verteilung approximieren lasst. Solche Approximationen sind aber leider oft sehr
ungenau, was insbesondere fiir Pareto-like Zufallsvariablen mit Parameter o < 2
gilt. In diesem Fall werden Korrekturterme fiir die Grenzverteilungen benétigt. Um
diese zu konstruieren, betrachten wir oft asymptotische Entwicklungen der Vertei-
lungsfunktionen der Summen. Der Fall o € (1,2) wurde in dieser Hinsicht bereits
untersucht, und es wurden Korrekturterme mithilfe der sogenannten Pseudomomen-
te konstruiert. Die bekannten Methoden liefern allerdings keine Korrekturterme fiir
die Grenzverteilung im Fall der Pareto-like Zufallsvariablen mit « € (0, 1).

Unser Hauptresultat bezieht sich auf diesen Fall. Wir konstruieren eine gute
Approximation der Verteilungsfunktion der Summe von n u.i.v. Pareto-like Zufalls-
variablen mit Parameter o € (0,1), indem wir den Begriff eines Pseudomomentes
modifizieren. Wir stellen auflerdem eine nicht-gleichméflige Abschétzung des ent-
sprechenden Restgliedes bereit.

Als Folgerung unseres Hauptsatzes fiir die Summen von n Zufallsvariablen mit
festem n € N ergeben sich einige asymptotische Resultate fiir zuféllige Summen. Als
Anwendung betrachten wir das Cramér-Lundberg-Modell, das in der Versicherungs-
mathematik verwendet wird. Wir zeigen, dass unsere Ergebnisse in einigen Fallen
zu verbesserten Schatzungen der Ruinwahrscheinlichkeit fithren.
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Preface

Sums of independent and identically distributed (i.i.d.) random variables is an
important and popular pattern not only in probability theory and statistics but also
in many other branches of science. In particular, an important topic is to investigate
the sums of so-called heavy-tailed random variables, i.e. random variables whose tails
are not exponentially bounded. The behavior and possible approximations of the
distribution function of such sums is of great interest.

A classical tool when considering sums of i.i.d. random variables is the Central
Limit Theorem (CLT), which provides an approximation of sums by the normal
distribution. However, the CLT is only a special case of the following more general
result which was obtained independently by Lévy [38] and Khintchine [35]. If the
distribution of a normalized sum of n i.i.d. random variables converges to some
distribution as n — oo, then the limit distribution must be stable. So the normal
distribution is one member of the class of stable distributions. Lévy and Khint-
chine also showed that the normal distribution is not the only one possible limit
distribution for sums of i.i.d. random variables.

Why is this fact important for our investigation? There are classes of heavy-tailed
distributions for which the CLT is not applicable, but any suitably normalized sum
of random variables from these classes converges to some stable distribution. One
of these classes is the class of Pareto-like distributions with shape parameter o < 2.
The distribution function of the sum of n i.i.d. Pareto-like distributed random vari-
ables has the same behavior as the corresponding stable distribution function as
n — oo. One may ask the following question: Are the approximations by stable
distributions good enough and if not, how could we construct better ones? This
question is answered in Christoph and Wolf [12] for Pareto-like random variables.
They constructed correction terms for the stable limit distribution and obtained
good asymptotic results for the case a € (1,2) using the concept of pseudomoments.
Pseudomoments combine the features of moments and metrics. This helps to “re-
flect the geometry of the distribution more accurately and informatively than with
ordinary moments”, as Weiner wrote in [50].

Pseudomoment results do not provide good correction terms for the limit distri-
bution in case a € (0, 1). This was a motivation for investigating this case, to which
the thesis is devoted. Modifying the concept of pseudomoments we obtained a good
approximation of the distribution function of the sum of n i.i.d. Pareto-like random
variables with parameter a € (0,1). We also provide a non-uniform bound for the
corresponding remainder.

Note that using the modified pseudomoments it should be possible to get better
approximations for the sums of Pareto-like random variables with a € [1,2). We
did not consider this case, since the technical realization of the proof would be much
more difficult.

Using our main theorem for sums of n random variables with fixed n € N we also
obtain asymptotic results for random sums of Pareto-like random variables. As an
application we consider the Cramér-Lundberg model, used in insurance mathemat-
ics, and show that for some cases our results help to construct improved estimates
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of the ruin probability.

Below we give an overview of the thesis.

In Chapter 1 we introduce notations and basic concepts. Next, we formulate
the problem that we are interested in: how to estimate the asymptotic behavior of a
random sum of i.i.d. heavy-tailed (in particular subexponential) random variables.
We define these two classes of distributions, formulate some properties of their mem-
bers and give some examples. We finish this introductory section by describing an
application in insurance mathematics.

Chapter 2 is devoted to the analysis of previous research on the asymptotic be-
havior of random sums. We start with the class of subexponential distributions, for
which the first-order behavior of the distribution function of the sum is known. Un-
fortunately, the second-order result requires stronger assumptions than just subex-
ponentiality. Therefore, we move on from the subexponential class to a subclass:
distributions with regularly varying tails. For this subclass we analyze three known
second-order asymptotic results. They all require the existence of a density and
some additional assumptions on the random variables in the sum. We compare the
asymptotic results that these three theorems provide for different examples. We also
construct some distributions with regularly varying tails for which all three theo-
rems are not applicable. Next, we restrict ourselves to a subclass of distributions
with regularly varying tails, for which some asymptotic results are known without
requiring the existence of a density for the random variables in the sum. This sub-
class is the class of Pareto-like distributions. To obtain these asymptotic results a
completely different method, which is connected with limit theorems, is used.

Chapters 3 and 4 are central in this thesis. These chapters are devoted to
limit theorems. Here we switch from random sums (considered in Chapters 1 and 2)
to sums of n i.i.d. random variables, where n € N is fixed. We start Chapter 3
by explaining the connection between stable distributions and Pareto-like distri-
butions. Here we formulate a generalization of the CLT, already obtained around
1930 [35, 38|, which allows us to approximate the sums of Pareto-like distributions
with parameter o € (0, 2] by the corresponding stable limit distributions.

Next, we discuss the quality of such approximations and ways of getting better
ones. Here we distinguish three cases. The case a = 2 was studied a long time
ago and good approximations of the distribution function of the sum were obtained
using the normal distribution. The research of the case a < 2 is relatively young
and involves the consideration of pseudomoments. We discuss the notion of pseu-
domoments and present the known approximation for sums of Pareto-like random
variables with a € (0,2). Since this approximation consists only of the stable limit
distribution in the case o € (0,1), we investigate this case separately. Modifying
the concept of pseudomoments we present our main result: a better approximation
for the distribution function of sums of Pareto-like random variables with a € (0, 1)
and a non-uniform estimate of the corresponding remainder.

Chapter 4 is devoted to the long and technical proof of our result. In the begin-
ning of the chapter we introduce some auxiliary functions and give a concise plan of
the proof. In order to prove our main result we have to estimate three terms. The
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estimation of the second one is the most difficult part. It is carried out in four steps.
The proofs of some technical results needed in this chapter are given in Appendix B.

In Chapter 5 we come back to random sums of random variables and discuss
the second-order behavior of the distribution function of such sums. We start with
two special cases that are already known and involve the use of pseudomoments and
stable distributions. Next, we derive our asymptotic result for random sums of i.i.d.
Pareto-like random variables with parameter o« € (0,1) and give some examples.
As an application we obtain the asymptotic result for the Cramér-Lundberg model
introduced in Chapter 1.

The thesis contains two Appendices. Appendix A presents some useful mathe-
matics, which we need throughout the work. In Appendix B we collect the proofs
of some technical results from Chapter 4 along with some auxiliary lemmata needed
for the proofs.






1 Introduction and problem definition

1.1 Notation

In this section we introduce some notational conventions that will be used through-
out this thesis.

Let N={1,2,...}, R = (—00,4+00) and C be sets of natural, real and complex
numbers, respectively. We put Ng = NU {0}, Ry = (0,+00) and R = R U {£o0}.
The integer part of r € R is denoted by [r]. For a € R we define at = max{0, a}.

A function f : R — R is nondecreasing (respectively, increasing) if f(x) < f(y)
(respectively, f(z) < f(y)) for all z,y € R with z < y.

The expression f(z) = o(g(x)) as x — oo means that lim,_, f(x)/g(z) = 0.
The expression f(z) = O(g(x)) as x — oo means that the function |f(z)|/ |g(x)]
is bounded for sufficiently large z.

Let X be a real random variable defined on the probability space (2,2, P). The
distribution function Fx of X is given by Fx(z) = P(X < z) for all x € R. The
support of F' is the set supp(F) ={r € R: 0 < F(x) < 1}.

The expectation of X is given by EX = [, XdP, if the integral exists. It can be
also written as Riemann-Stieltjes integral:

+oo
EX:/ v dFx ().

Let p € Ny and r € Ry. Then the expectations of random variables X? and |X|"
are called the p-th order moment of X and the absolute moment of order r of X,
respectively.

Let X be a random variable with distribution function Fx, then 1 — Fx(z) =
P(X > z) and Fx(—z) = P(X < —x) for  — oo are the right tail and the left tail
of the distribution function Flx, respectively. If P(X > 0) = 1, we will use “tail”
instead of “right tail” and write Fx(z) =1 — Fx(x), x > 0.

The characteristic function of a random variable X with distribution function F'x
is given by
) +oo
fx(t) = B (%) = / et dFy(z), teR.
The moment generating function of a random variable X with distribution func-
tion Fly is given by

Mx(t) = E (") = / o ¢dFx(z), teR.

— 00

The gamma function is denoted by I'(z) = [;"*°t*~le~tdt for x > 0.
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We say that a random variable X has a normal distribution N(u,o?) with para-
meters u € R and o € (0, 00) if the distribution function Fx of X has the following
form:

Fx(x) - 2/(2"2)0@, x € R.

1 T
= — e
oV2m [w
The distribution function of N(0,1) is denoted by ®(x), z € R.

Throughout the thesis we will often skip the name of a random variable in the
notation of distribution function, characteristic function and moment generating
function, i.e. we will use F'(z) := Fx(x), f(t) :== fx(t) and M(t) := Mx(t).

The n-fold convolution of a function F': R — R of bounded variation is denoted
by F™ for all n € Ny with F%(z) = 1 100)(2), z € R (distribution function of the
unit measure at zero) and F™* = F (n=D* 4 F' for n > 1. Recall that the convolution
F % G of two functions F' and G of bounded variation is defined as

(F % G)(x) :/+OOF(:L’—y)dG(y), r € R

—0o0

Let X and Y be two random variables defined on some probability spaces (not

necessarily on a common one). We write X LY if X and Y have the same distri-
bution function.

Let F, Fi, F5, ... be bounded nondecreasing real functions on R. The sequence
(Fy)nen converges weakly to F' if F,(z) — F(x) as n — oo at every point z of
continuity of F. Throughout this thesis we write F,, — F as n — oo and mean
weak convergence.

For integers u and v such that v < v we set by convention: } ' a; = 0 and
[T¢,a; =1 for any a; € C.

Unless otherwise specified the symbols C, Cy,Cs, ... denote positive constants.
One and the same letter used in different parts of the thesis may stand for different
values.

We use the standard abbreviation “i.i.d.” for “independent and identically dis-
tributed”.

1.2 Basic definitions and problem formulation

The aim of this section is to introduce the problem under consideration and to give
some elementary definitions and properties of objects, which we use in what follows.

Let X, X1, Xo, ... be i.i.d. nonnegative random variables with common distribu-
tion function F' and let v be a nonnegative integer-valued counting random vari-
able, which is supposed to be independent of X7, X5, .... Consider a compound sum
S, =X1+4+ -+ X, , where Sy = 0. Let p, = P(v =n) with > ;p, = 1. Then
the distribution function of the sum S, can be written in the form

K,(x) = P(S, <) Z Plv=n)F"(x anF"* , v €R, (1)
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where F™* denotes the n-fold convolution of F, i.e. F™*(x) = P(X;+- -+ X,, < x)
for n > 1 and F% is the distribution function of the unit measure at zero.
We are interested in the behavior of the ratio

1—K,(x)

1= F) 2)

for large x. We restrict ourselves to the case of heavy-tailed distribution function F,
and specifically to the case of subexponential F'. The importance of ratio (2) in
applications for such F' is explained at the end of Section 1.3.

Often one uses heavy-tailedness and subexponentiality as synonyms. Actually,
the class S of subexponential distributions is only a subclass (but a very important
one) of heavy-tailed distributions. For the latter no definition is universally accepted.
We will use the following one.

Definition 1.1 (Heavy-tailed distribution, [2, Appendix 5|, [46, Section 2.5]).
A random variable X (or its distribution function F') is said to be heavy-tailed on
the right (or to have heavy right tail) if

+oo
EleX1ixs0)] = / edF(z) =000 forall t>0, (3)
0

i.e. if the moment generating function of X - lyx~oy is infinite for all t > 0.

Remark 1.1. If a random variable X is heavy-tailed on the right, then for all A > 0
we have (see [30])
lim e*P(X > z) = co. (4)

T—r00

Condition (4) means that the right tail of F' decreases to 0 as x — oo more slowly
than any exponential function e™* with A > 0.

Remark 1.2. For a random variable X with heavy left tail equality (3) holds with
e " 1{x<oy instead of e'*1{x-¢;. For commonly considered applications the right
tail of a distribution is of interest, but a distribution may have heavy left tail, or
both tails may be heavy.

There are two important subclasses of heavy-tailed distributions, namely, long-
tailed distributions and subexponential distributions. In applications all commonly
used heavy-tailed distributions belong to the subexponential class, which is actually
defined only for positive random variables.

Definition 1.2 (Subexponential distribution, [30]).
A distribution function F of a positive random variable with F(x) < 1 for allx >0
is called subexponential (we write F' € S) if for all n > 2 the following condition
holds: | F )
) — (o
A TR (5)
Remark 1.3. The class § of subexponential distributions was first invented and
examined by Chistyakov [13]. He proved that (5) holds for all n > 2 if and only if
it holds for n = 2. Embrechts and Goldie [17] showed that (5) holds for n = 2 if it

holds for some n > 2.
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Remark 1.4. The assumption F'(z) < 1 for all x > 0 means that the support of F is
unbounded from above.

Remark 1.5. Definition 1.2 may be extended to any distribution on the real line.
A distribution function G will be called subexponential on R if there exists a sub-
exponential distribution function F' such that lim, (1 — G(z))/(1 — F(z)) = 1,
[18, Appendix 3.2].

Some properties of subexponential distributions that will be used in this thesis
are given below.

Lemma 1.3. Let F' € S. Then the following properties hold:

+oo
(i) / edF(x) =00 forallt >0, ie. F is heavy-tailed.
0

(i) tim =@y Flz—y)

A T R =1 forally>D0.

(1ii) For each € > 0 there exists a finite constant K = K (¢) such that for all x > 0
and n € Ny:
1 — F™(x)

) SKO+e (6)

Proof. Both properties (i) and (i7) were proved by Chistyakov in [13]. Property (ii7)
is due to Kesten (for a proof see [3]). O

Remark 1.6. Property (i) demonstrates that the tail of F' € S is not exponentially
bounded. The latter in turn accounts for the name “subexponential”. Also we see
from (i) that class S is a subclass of heavy-tailed distributions.

Remark 1.7. A distribution function F' with property (ii) is often referred to as
long-tailed , 2, Appendix 5]. From Lemma 1.3 it follows that the class S is a subset
of the class of long-tailed distributions.

We will give some examples of heavy-tailed and subexponential distributions.

Example 1.1 ([18, Section 1.4, Ex.1.4.2]).

Consider a game where the first player (Peter) tosses a fair coin until it falls head
for the first time, receiving from the second player (Paul) 2* roubles, if this happens
at trial k. The distribution function of Peter’s gain is

F(z)y= Y 2% z>0.

keEN:2k<gz

The problem underlying this game is the famous St. Petersburg paradox (see [22,
Section X.4]). Note that for any fixed ¢ € N we have

-1
_ —k
I e VN = S
_ Y4 o J4 -
1 F<2) 1_22—k
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so that property (#i) from Lemma 1.3 is not satisfied. Therefore, F' ¢ S. On the
other hand, F' is heavy-tailed:

o0

+oo
/ edF(z) =) e 27" =00 forall t>0.
0

In fact, according to the Cauchy convergence test, the latter infinite series diverges
for all ¢ > 0, since limsup,,_,, /a, = limsup,_,, exp{t2"/n}/2 = oo > 1.

This example shows that the class & does not coincide with the class of heavy-
tailed distributions. Some other examples of heavy-tailed but not subexponential
distributions can be found in [16], [45]. O

Example 1.2. Consider a (u, \)-Cauchy distributed random variable X with density
function py, distribution function F'x and characteristic function fx, given by

r_r
T AN+ (x—p)?

fx(t) =exp{lipnt —At]}, teR.

1 — 1
px(z) = F(x) = FX(m):% arctan <x)\“> +§, z € R,

Let us consider the case p = 0 and A = 1, i.e. the standard Cauchy distribution. It
is easy to show that the condition [} e dF(z) = [°, e ** dF(x) = oo holds for
all £ > 0. Hence, both tails of F' are heavy. Moreover, the distribution function F' is
subexponential. In order to prove this fact note that the characteristic function of
the sum of two standard Cauchy distributed independent random variables X7, X,

has the form 2
Fxiex, () = (fx, (1) = (efm) -

Hence, X7 + X5 is also a Cauchy distributed random variable but with parame-
ters (0,2) instead of (0,1). This implies that Fx, . x,(z) = (1/7) arctan(z/2) + 1/2
and consequently

_ —
lim 1 — F*(x) ~ im 1/2 — (1/7) arctan(z/2) _
z—too 1 — F(x) 2=+ 1/2—(1/7m) arctanx

m
Example 1.3. Let X be a Pareto-distributed random variable with distribution
function F', given by

| - F(z) = { (k/x)*  for x>k, (7)

1 for x <k,

where k£ > 0 and a > 0 are scale and shape parameters, respectively. For z > 2x we
have

59/& =" /) S
S +/ )

o0 Y\ ¥ ar® 1—F(x—/<a)
- R L P Rl A7)
/H ( :c) yira Lea—rl(W) dy + =5
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Using Corollary 1 from [26, Chapter XIV, § 3-518], we can show that the first term
converges to 1 as x — co. From this it follows that

1 — FQ*
lim (2)

B .7 )
g—too 1 — F(x)

Therefore, the Pareto distribution is subexponential, and, consequently, heavy-
tailed. O

Remark 1.8. We proved that in all three examples we deal with heavy-tailed distri-
butions. Moreover, for the Cauchy distribution, Peter’s gain distribution, and the
Pareto distribution with o € (0, 1) even the expectation is infinite or does not exist.
It is typical of heavy-tailed distributions to have infinite moments of high orders.
This makes investigating the models with such distributions very difficult, since a lot
of commonly used methods fail to work.

Other examples of subexponential distributions are Burr, log-gamma, lognormal,
Weibull with shape parameter 7 € (0,1), “almost” exponential etc. (see [30]).

As we already noted, subexponential distributions are widely used in applica-
tions. This fact can be explained very well by the following equivalent description
of the class S. It gives a physical interpretation of subexponentiality.

Lemma 1.4. A distribution function F' on (0,400) such that F(z) < 1 for allz >0
is subexponential (F € S) if and only if for all n > 2 the following condition holds:

P(Xi+- -+ X, > )

li =1
2450 P(max(Xy,...,X,) > ) ®)
Proof. See Embrechts and Goldie [16]. O

Remark 1.9. If (8) holds for some n > 2, then it holds for all n > 2, see Remark 1.3.

Remark 1.10. Condition (8) means that the sum of n i.i.d. subexponential random
variables and their maximum are comparable quantities, if they are sufficiently large.
Or in other words, the sum is large if and only if the maximum is large. This makes it
possible to use subexponential distributions for modeling events, that occur rarely,
but have a considerable influence on the situation. Such events are typical for
catastrophe insurance and for finance.

1.3 Motivation and possible applications

In this section we will give a detailed description of basic insurance models, where
the ratio (2) with subexponential distribution functions F' occurs. Our investigation
of (2) may be useful for the following applications.

Definition 1.5 (The Cramér-Lundberg model, [18, Section 1.1]).
The Cramér-Lundberg model is given by conditions (a)-(e):

(a) The claim size process:
the claim sizes (Xy)gen are positive i.i.d. random variables having common
non-lattice distribution function F', finite mean p = EX; > 0, and variance
0? = Var(X;) < oo.
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(b) The claim times (point process):
the claims occur at the random instances of time

0<hi<Ty<....

(¢c) The claim arrival process (counting process):
the number of claims in the interval [0,t] is denoted by

N({t)=sup{n>1:T,<t}, t>0,
where, by convention, sup® = 0.
(d) The inter-arrival times
Yi=T, Yo=T,—Tr1, k=23,..., (9)
are i.i.d. exponentially distributed with finite mean EY; =1/, A > 0.

(e) The sequences (Xi) and (Yy) are independent of each other.

Remark 1.11. The claim arrival process (N(t)) is a homogeneous Poisson process
with intensity A > 0, i.e.

At)*
P(N(t) =k) = e_’\t(k‘), k € Ny. (10)
Remark 1.12. In the literature the Cramér-Lundberg model is also referred to as the

classical risk model or the basic insurance risk model.

Definition 1.6 (The renewal model, [18, Section 1.1}).
The renewal model is given by conditions (a)-(c), (e) and

(d’) the inter-arrival times Yy, given in (9) are i.i.d. with finite mean EY; = 1/\.

Remark 1.13. The only difference between the Cramér-Lundberg and the renewal
model is that the process (N(t)) for the claim arrivals of the latter does not have to
be a homogeneous Poisson process. It can be an arbitrary renewal counting process.
This means that the Cramér-Lundberg model is a special case of the renewal model.

For the renewal model in general and for the Cramér-Lundberg model in parti-
cular, the risk process U(t) and the ruin probability 1)(u) are defined by

N(t)

Ult) = ut+ct—> X;, t>0, (11)
i=1
(u) = P(U(t) <0 for some t > 0), u >0, (12)

where v > 0 is the initial capital and ¢ > 0 is the premium rate. Note that the
set {U(t) < 0 for some ¢ > 0} is a measurable set. It follows from its alternative
representation (1.8) in [18, Section 1.1]. In the literature one distinguishes the
ruin probability in finite time (or with finite horizon) and the ruin probability in
infinite time (or with infinite horizon). The former is denoted by ¥ (u,T) with
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Y(u, T) = P(U(t) < 0 for some 0 <t < T), 0 <T < o0, u>0. In the thesis we
deal with the ruin probability in infinite time, which is defined by (12).

To avoid ruin with probability 1 in renewal models the natural condition of
solvency is always supposed: ¢ — Au > 0. This condition is usually known in
applications as the basic net profit condition and given in the form: p = /\Lu —1>0.

An interesting question is:
How to estimate the ruin probability?

This question is tightly bound with another one: How large does the income pre-
mium rate ¢ have to be? The first guess is provided by the net-profit condition,
but this is a rather coarse estimate. Since premiums have to be specified before
any claims occur, there are some difficulties in finding a more accurate estimate for
c. Furthermore, any insurance company can be ruined at any claim time. That is
why it seems reasonable to take the ruin probability as a measure of validity of the
value c¢. To be more precise, the premium rate ¢ should be chosen so that the value
of ¥ (u) is small for given wu.

Then the next question appears: how can we speak about the “smallness” of the
function defined by (12). The definition tells us nothing about the behavior of the
function ¢ (u). Luckily, it was shown (see [18, Section 1.1, (1.10)]) that the non-ruin
probability 1 — ¢ (u) can be expressed as follows:

L= () = (1—a) Y. " H™ (1), (13

n=0

with some constant o € (0,1) and some distribution function H. How to find these
H and « is described in [24, Sections XII.3 and XVIIL.3]. From (13) it follows that
1 — % can be interpreted as the distribution function of a random sum (for more
details see considerations after Theorem 1.8). Representation (13) for the non-ruin
probability holds for all renewal models. Moreover, for the Cramér-Lundberg model
the function H and the constant o were explicitly found (see [18, Section 1.2]):

L= u) = 2 S (14 0 ), (14
where 1 o
Fitw) = | 1= F)dy. >0 (15)

denotes the integrated tail distribution. This representation is known as Pollaczek-
Khinchin formula.
If the Cramér-Lundberg condition holds, i.e. if there exists some v > 0 such that

+oo
/ AR () = — =p+1, p>0, (16)
0 AL

then the ruin probability ¢(u) in the Cramér-Lundberg model can be estimated as
follows (for a proof see [18, Theorem 1.2.2]):

Yu) <e™™ forall u>0. (17)
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Note that if v in (16) exists, then it is uniquely determined.

A result similar to (17) was also obtained for the renewal model (see [20]). In-
equality (17) gives a good estimate of ¥ (u) even for relatively small w. But for
subexponential integrated tails F7, which fit real insurance data very well, it is easy
to see from Lemma 1.3 (i) that the Cramér-Lundberg condition (16) does not hold.

If the distribution function F' of claim sizes X; satisfies the Cramér-Lundberg
condition, then the corresponding risk processes are called risk processes with “small
claims”. Risk processes with F' such that F7 is subexponential are referred to as risk
processes with “large claims”. Figure 1 demonstrates the validity of such names.

Figure 1: Some realizations of risk processes U(t) for large (Pareto, left) and small
(exponential, right) claim sizes.

For risk processes with “large claims” inequality (17) for the ruin probability
does not hold. For such occasions the following theorem was obtained.

Theorem 1.7 (The Cramér-Lundberg theorem, [18, Theorem 1.3.8]).
Consider the Cramér-Lundberg model with net profit condition p > 0. Then the
following statements are equivalent:

(Z) FIGS;
(i) 1—1 €S,

o Y(u)
(iti) Jim oy =P

Remark 1.14. The idea of the proof is the following (for a detailed proof see [18,
Section 1.3]). Representation (14) implies

() P N )
1— Fr(u) a 1—|—pn:0<l+p) 1— Fr(u)

(18)

Then using property (5) of subexponential distributions, Lemma 1.3 (¢i7) and Lebes-
gue’s dominated convergence theorem (to interchange the limit and the infinite sum
in (18)) we get equality (iii) of Theorem 1.7.

The following result is a generalization of Theorem 1.7 for the renewal risk model.
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Theorem 1.8 ([30]). Consider the renewal risk model with net profit condition
p > 0. Then the following two statements are equivalent:

(i) F1 €S,
(ii) 1 —¢ €S.

. . . ¥ (u) -1
If (i) or (ii) holds, then UETOO = Fi(a) P

Theorem 1.7 and Theorem 1.8 give us only the first-order asymptotic result for
the ratio ¥ (u)/(1 — Fr(u)). The approximation 1 (u) & p~'(1 — Fr(u)) is acceptable
only for very large u, which is hardly possible in practice. As Embrechts et al. [18,
Section 1.4] write, such estimate for 1) is “however mainly of theoretical value” in
comparison with estimate (17). Therefore, it would be useful for insurance compa-
nies to get more precise asymptotic behavior of the ratio ¢ (u)/(1 — Fy(u)). This
task is connected to our problem under consideration, namely, to the behavior of
ratio (2).

Indeed, using (14) and (15) we can interpret the non-ruin probability 1 — ¢ (u)
as the distribution function of the sum S}. = X7 + X5 + -+ + X, S§ = 0, where
X, X;,... are i.i.d. random variables with common distribution function Fj(u)
and v* is a counting random variable with distribution P(v* =n) = p (1 + p)~(*+1
for n € Ny, which is independent of X7, X5, .... In other words, according to (1) we
have 1 —¢(u) = K}.(u). Then ¢(u)/(1— F7(u)) from Theorem 1.7 and Theorem 1.8

can be written as
blu) 1K)
1—F](U) 1—F1(u)’

which is a particular case of expression (2).

Thus, it is no coincidence that such an “unnaturally-looking” ratio (2) was chosen
for our investigation. The method of analyzing the data in insurance is quite different
compared to the analysis of usual statistical data. In the latter case the possibility of
very large events, which can be found on the fast decreasing tail of K, is considered
as negligible. In the insurance models with heavy-tailed data this is not allowed,
since the tails contain rare but very influential events. This makes the influence of
the tail of the distribution much more significant. The fact that the ruin probability
itself is the tail of the random sum defined above corroborates this significance.
Thus, the tail of a random sum, such as 1 — K, with K, from (1), is of interest in
insurance. But we investigate not the tail itself but the quotient of it to the tail of
one random variable. Such consideration of the problem gives the possibility to use
known properties of subexponentiality. In addition, such a pattern as ratio (2) is
often seen in some already obtained results in insurance (for example, Theorems 1.7
and Theorem 1.8). This means that the research of the general problem about the
behavior of (2) provides the ability to obtain better estimates for the ruin probability
in the basic insurance models.

We shall return to random sums and the Cramér-Lundberg model as an appli-
cation of our main theorem in Chapter 5.
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2.1 Subexponential and regularly varying distributions

In this section we will give a short review of the results that were obtained concerning
our problem under consideration.

Recall that we consider a compound sum S, = X; + Xo +---+ X,, Sg = 0,
of i.i.d. nonnegative random variables X, X;, X5, ... with common subexponential
distribution function F' (i.e. F € S) and a nonnegative integer-valued counting
random variable v, which is supposed to be independent of Xi, Xs,.... Let p, =
P(v = n) with Y% p, = 1. We already know from (1) that the distribution
function K, of the sum S, can be expressed as follows:

K,(x) = P(S, < ) anF"* , x €R. (19)

We are interested in the behavior of the quotient

11_—l;/(€:)) as T — 00. (20)

The following theorem gives the first-order result for the problem under considera-
tion.

Theorem 2.1. Let (py)nen, be a distribution of a random variable v and let v be

independent of X1, Xo,.... Suppose that for some € > 0 we have
> pa(l+8)" < 0. (21)
=0
If Fes, then
1—-K,
lim 1= Kofr) = Ev. (22)

Remark 2.1. This result was obtained by Chover et al. [8, Theorem 4] in a more
general setting. The proof is similar to the proof of Theorem 1.7. Condition (21),
Lemma 1.3 (éi7), property (5) of subexponential distributions and Lebesgue’s domi-
nated convergence theorem provide (22).

Remark 2.2. Condition (21) is equivalent to the condition that the moment gene-
rating function of v is finite in a neighborhood of the origin, i.e. FEe® < oo for
|t| < e for some € > 0.

Below we give some examples of the distributions, for which condition (21) holds.

Example 2.1. Let us consider a Poisson-distributed random variable v with para-
meter A € R, ie. p, = P(v =n) = e *\"/n! for all n € Ny. Then for any fixed
e > 0 we have

an 14¢)" _AZ 1+€) = e MF) = rf <0,

This means that condition (21) holds for the Poisson distribution. O



26 CHAPTER 2. Analysis of previous research

Example 2.2. For a random variable v* considered at the end of Section 1.3 with
pn = P(v* =n) = p(1+p)~ ™Y n e Ny, p € Ry, condition (21) is also satisfied.
Indeed, for all 0 < € < p we obtain

pu(l+e)" = < ) = < 00.
nz::O lnL,onz::0 1+p p—c¢

]

Relation (22) gives us a first-order result for (1 — Kl,(x)) /(1 — F(x)) as r — 00.

This means that 1 — K, (z) can be estimated by Ev (1 - F(x)) for large z. The
question is: How good is this estimate? The quality of such an approximation is
characterized by the rate of convergence of

- 1- K,/(ZU)

A(z) == = F (o) —FEv to 0 as x— 0. (23)

In general, without some additional conditions on F' € § we cannot predict the
behavior of A(z), except that A(z) — 0 as x — oo, which is provided by Theo-
rem 2.1. The next step in the investigation is an attempt to obtain some estimations
of A(x) considering not all subexponential distributions but only a subclass of them,
namely, distributions with regularly varying tails. This subclass is rather popular
for modeling heavy-tailed phenomena. The idea of regular variation was introduced
by Karamata in 1930, [34]. For an encyclopedic treatment of regular variation see
Bingham et al. [7], de Haan [14], Feller [24] or Seneta [48].

Definition 2.2 (Regular variation, [18, Appendix 3.1]).
A positive measurable function h on (0,00) is reqularly varying at infinity of index
a € R (we write h € RV,,) if

h(tx)

xll}rfoo h(@) =t*,  forall t>0. (24)

Remark 2.3. 1If a function L is regularly varying of index o = 0, i.e. L € RV, then
we say that L is a slowly varying function.

Remark 2.4. Regular variation defined above is called regular variation in Kara-
mata’s sense.

Remark 2.5. If (24) holds, then it holds uniformly on each compact subset of (0, 00).

The following lemma gives an equivalent description of regular variation.

Lemma 2.3. A positive measurable function h on (0,00) is regularly varying at
infinity of index o € R if and only if

hz) =xz%L(x), x>0, (25)
where L is a slowly varying function.

Proof. See [48, Section 1.1]. O
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Remark 2.6. Regular variation may be defined not only at infinity, but at any a € R.
In the thesis we use regular variation only at infinity. Therefore in what follows we
will say “regularly varying” and mean “regularly varying at infinity”.

Remark 2.7. The property of regular variation depends only on the behavior at

infinity and it is therefore not necessary for h(x) to be positive, or even defined, for
all z > 0, [24, Section VIIL.g].

Example 2.3 ([18, Appendix 3.1]).

Positive constants, functions converging to a positive constant, logarithms and
iterated logarithms are slowly varying functions. Typical examples of regularly
varying functions of index « are the following:

z%,  z%log(log(e +z)),  z%(log(l+1x))”, v €R.
O

Definition 2.4 (Distributions with regularly varying tails).
We say that the distribution function F' has reqularly varying (right) tail of index —«
ifl—FeRV_,, a>0,ie if

1—F(z)=2"%L(z), x>0, (26)
where L is a slowly varying function.

Remark 2.8. If the distribution function F' has regularly varying left tail of index —a,
a > 0, then instead of (26) we have

F(—z)=2"%L(z), x>0, (27)

where L is a slowly varying function. Generally we consider nonnegative random
variables. Their distribution functions only have nontrivial right tails. Therefore,
as it was said in Section 1.1, we write “tail” and mean “right tail” unless otherwise
specified.

Lemma 2.5. Fach distribution with a regularly varying tail is subexponential and
thereby heavy-tailed.

Proof. Subexponentiality is proved in [30], and heavy-tailedness follows from subex-
ponentiality and from Lemma 1.3 (7). O

Example 2.4. The standard Cauchy distribution function

1 1
F(z) = — arctanz + =, z € R,

s 2
from Example 1.2 has regularly varying tail of index —1. This follows from the
following representation as x — +o0:

1 1 1 1
1—F(:c)—2—7rarctanx—a:1L(x)—m+0(x3), (28)
since L(z) =z (1/2 — 1/marctan z) is a slowly varying function. Since the standard
Cauchy distribution is symmetric, then it is clear that the left tail of its distribution

function is also regularly varying with the same index. O
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Example 2.5. Pareto distribution function F' with

@ >
1—F(x)={(“/””) for w=r 0 a0

1 for x <k,

has regularly varying tail of index —a. A slowly varying function L from represen-
tation (26) can be chosen as L(z) = k%, > 0. O

Example 2.6. Consider the Lévy distribution with density function p:

(1) =
I: e 2
p NG :

x> 0.

_1
4z ¢

The corresponding distribution function F' can be represented in the following way:

1
VTV

According to Definition 2.4 the latter means that the Lévy distribution has regularly
varying tail with of index —1/2. O

1—F(x)= +0(z73?) as x— 0. (29)

Remark 2.9. Notice that Pareto, Lévy and Cauchy distributions not only have
regularly varying tails, but also regularly varying densities. This is easy to show
using Definition 2.2.

Many papers have been devoted to the study of the behavior of the difference
R(z)=1-K,(x)— Ev (1 — F($)> in the case of regularly varying F'. For example,
see Baltrunas, Omey [4], [5]; Geluk [28]; Omey, Willekens [41], [42], [43].

Below we give some results due to Omey and Willekens, which can be useful
for the investigation of the behavior of A(x). They concern nonnegative absolutely
continuous random variables with regularly varying density p. Recall from (19) that

K, () = P(S, <x) =Y pf"(z), z €R,
n=0

where S, = X7 + Xo + -+ X,,, So = 0, with i.i.d. nonnegative random variables
X, Xy, ..., X, with common distribution function F' and a nonnegative integer-valued
counting random variable v with distribution p, = P(v = n).

Theorem 2.6 (Omey, Willekens, [43]).
Assume that 300 o pn(1+¢€)" < 0o for some e > 0 and p = EX < oco. If F has a
continuous density p € RV _g with > 1, then
1— K, (z) — Ev (1 - F(x))
lim

= ME(V(I/ - 1)) (30)

Remark 2.10. In the paper [43] Omey and Willekens require the condition of analy-
ticity of the function P,(z) := Y00y pn2™ at z = 1 instead of Y00 p,(1 + &) < o0
for some € > 0. These two conditions are equivalent (see [18, Remark on p.45]).
Remark 2.11. If the conditions p € RV_z and p < oo in Theorem 2.6 are satisfied,
then the condition 8 > 2 holds true (this follows from [18, Proposition A.3.8]).
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The following theorem is an analogue of Theorem 2.6, for the case when the
expectation of a random variable X is infinite. The asymptotic result below is quite
different from the finite mean case, although the techniques of the proof are similar
to those used in proving Theorem 2.6.

Theorem 2.7 (Omey, Willekens, [41]).
Assume that Y00 o pn(l + €)™ < oo for some e > 0. If F has a density p € RV _g
with 1 < 8 < 2, then

K,(z)— Ev (1—F(x))
1—

() [ (1 — F(y))dy B C(B)E(V(V - 1)> (31)

1—
lim
T—00 p
" 2 9)(3-20) (T2 §))
o(B) = —~—— —_ I Be(1,2). 32

7 (3- )T 29) 2 )
Remark 2.12. Theorem 2.6 and Theorem 2.7 provide the first-order results for A(z),
and, consequently, the second-order results for (1 — K, (z))/(1 — F(x)). Namely, if
[ < oo, then for large x

1-K,(x)

A(z) = =R Ev = ,uE(u(y - 1))]9(:1:) (14 0(1)), (33)

1 — F(x)
and in the case yu = oo we have

p(x) Jo (1 = F(y))dy
1— F(x)

Ax) = c() E(v(v — 1)) (1+o0(1)) (34)

with ¢(8) from (32).

Remark 2.13. Much less is known about the case y = oo in comparison with the
case 11 < oo. Therefore, asymptotic equalities like (31) play a very important role.

Remark 2.14. If 8 = 3/2 in Theorem 2.7, then ¢(f8) = 0 and (31) does not yield the
exact asymptotic behavior of 1 — K, (x) — Ev (1 — F(x)) Omey and Willekens [41]
improved this result in the case of a stable distribution function F' (for a definition
see Section 3.1).

Since the theorems of Omey and Willekens assume regularly varying densities,
the natural question arises whether all distribution functions with regularly varying
tails have regularly varying densities (in the case when densities exist). Unfortu-
nately, the answer is No.

Example 2.7. Let us consider a nonnegative random variable X with density func-
tion p:

D(1—
pay = “PLoT) 0 e, (35)

+oo (1 — cos z) - 1
b= </0 rlte dm) - I'(1—«) cos(ma/2)

where
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015}
0.10}

0.05]]

Figure 2: Density function p(z) for a = 1/3.

Unfortunately, Theorems 2.6 and 2.7 cannot be applied for random variable X, since
p(z) = 0 at each point x = 27 n, n € Ny and therefore p is not regularly varying.
This fact is also illustrated by Figure 2, where the density function p for o = 1/3 is
represented.
Note that the distribution function F' of X can be written in the form:
D D sin
1-— F(ZE) == E -+ % O <

x2+°‘>’ T — 00.

The latter means that the distribution function of X has a regularly varying tail
although the density function is not regularly varying. This fact indicates that the
assumptions of Theorems 2.6 and 2.7 might be too restrictive. O

We will give one more example in order to show that there are random variables
with discontinuous densities, whose distribution functions are regularly varying al-
though their density functions are not.

Example 2.8. Let us consider a nonnegative random variable X with density func-
tion p:

0, for = <0,
1— A, for 0<x<1,

1 iy 00
— 1-— E 1 f > 1.
2/ < P [k—ké;knlz)(x))’ o=

where A (= 0.492) is chosen such that [72° p(z)dz = 1. The graph of this function
is presented in Figure 3.

The density function of X is equal to 0 at each point x =n, n € N\ {1} and is
therefore not regularly varying. But the corresponding distribution function allows
the following representation for large x:

o0 1 o 1 > e 1
1-F(z) = /m p(y)dy:2\/7_r</m Wdy—ki_;/z yg/g]l[k—;z;mkg)(y)dy)

p(z) = (36)

_L Ly 2k
S VTVE VRSV T (VR T+ VR )
1

1
\/7_”/5+O(:B ), X — 00, k mm{keN k 2 2T

This means that the distribution function of X has a regularly varying right tail.
O
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Figure 3: Density function p(z).

Next, the other (even more general) question arises whether an analogue of
Theorem 2.7 holds for a distribution function without density or for densities that
are not regularly varying. As Omey and Willekens wrote in [41]: “in view of the
dependence of the limit on « this question seems to be nontrivial”.

Further investigation of this problem is due to Mikosch and Nagaev [40]. They
showed that for random variables without a regularly varying density “uncritical”
use of the approximation of 1 — K, (z) by Ev (1 - F (m)) provided by Theorem 2.1
even in the case of a regularly varying distribution function F' can be problematic.

In [40] an example of a distribution function F' with regularly varying tails is
presented, for which the convergence rate in (23) is arbitrarily slow. This means
that in order to get more information about the behavior of A(z) some additional
conditions (besides regular variation) are required. As an example consider the
following theorem by Mikosch and Nagaev (for a proof see [40]).

Theorem 2.8 ([40]). Assume that a distribution function F of a positive random
variable X with finite mean p < oo satisfies the following conditions:

(i) limsup 1= Fler)

—_— l 0,1);
n s 1_F(x)<c>o for all ¢ € (0,1),

(i7) liglcrgg}fxa(l — F(x)) > 0 for some a > 1;

(1ii) F has density p which is non-increasing on [xg,00), 0 < xy < 00.
If for random variable v with p, = P(v = n) condition (21) holds, then

1 - KV<:U)

A =T =F0

—~Ev=0("), z— oo

Remark 2.15. Distribution functions that satisfy condition (7) from Theorem 2.8 are
said to be of dominated variation. Actually, it is enough to check the limit inequality
from () only for ¢ = 0.5. If it holds for ¢ = 0.5, then it holds for all 0 < ¢ < 1 (for
a proof see [7] or [23, Corollary 2.0.6]).

Remark 2.16. If the distribution function F' has a regularly varying tail of non-
positive index, i.e. 1 — F € RV_,, a > 0, then condition (i) from Theorem 2.8 is
satisfied (for a proof see [19] or [37]).
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Remark 2.17. Theorem 2.8 is not applicable for the Lévy distribution from Exam-
ple 2.6 and for the Pareto distribution with a € (0, 1] from Example 1.3, since the
expectations of the corresponding random variables are infinite. The same holds for
the random variables with infinite expectations from Examples 2.7 and 2.8. Note
that for both of them condition (4i7) is also not satisfied.

Theorem 2.8 provides a rather good rate of convergence for A(x) in (23). But
at the same time it requires some strong conditions. This makes the theorem appli-
cable only for relatively “smooth” functions. Furthermore, as before the problem of
obtaining estimates of A(x) for random variables without density is not solved.

In the next section we will give some results, which do not require existence of
the density of random variables. These results are motivated by results of Christoph
from [9], [10] and concern a popular subclass of regularly varying functions, namely,
the class of Pareto-like distributions.

2.2 Pareto-like distributions

In this section we give a definition of a Pareto-like distribution, explain why it is cho-
sen for further investigation and formulate some results concerning the asymptotic
behavior of A(z) in the case if F'(x) is Pareto-like.

As was already said, if we consider a regularly varying function F', which is not
necessarily continuous (or whose density is not necessarily regularly varying), the
rate of convergence of A(x) to 0 can be arbitrarily slow. Such examples may be
constructed by choosing a slowly varying function L(x) from representation (26) in
a special way (for details see [40]). In order to exclude such cases some conditions
must be imposed on the slowly varying function. One class of distribution functions
with a special form of L(z) has been popular recently, namely, the class of Pareto-like
distributions.

Definition 2.9 (Pareto-like distribution).
We say that a nonnegative random variable is Pareto-like distributed with parameter
a > 0 if its distribution function F' can be represented in the following form:

1-F(z)=Cla)z ™+ 0(xz™"), as x— (37)
for some r > a and some C(a) > 0.

Remark 2.18. A Pareto-like distribution is a distribution with a regularly varying
tail of index —a with a slowly varying function L(z) = C(a) + O(z~"~%).

Example 2.9. Typical examples of Pareto-like distributions with parameter a are
Pareto distributions themselves (defined in Example 1.3) with the same parameter.
According to representation (29) the Lévy distribution from Example 2.6 is also
Pareto-like with parameter a = 1/2. O

For a Pareto-like distribution function F' with parameter o > 0 define
uo(z) :=1—F(z) — C(a)z™®, C(a) > 0.

Christoph has obtained the following results in terms of the function u,(z) .
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Theorem 2.10 ([10]). Suppose 1 < a < 2,

/OO o |dug(z)| = O as 2 — oo (38)

z

for some r € (1+ «, 2a], and additionally, in case r € N,

/Z z'dus(x)| < oo forall z>0. (39)
0
If Ev3 < 00 and = EX, then

_P(S, > ) _ ap(Ev? —Ev) —(r—a)

Theorem 2.11 ([9]). Suppose 0 < a < 2, a # 1. Let (38) hold for some
r € (o, min{2a, 1 4+ a}] and additionally let (39) hold in case r € N. If Ev® < oo,
then

P (S, > x)

A= px s

—FEv=0 (:L”(’"’a)) as x — 00. (41)
Remark 2.19. In case o € (1,2) relation (40) gives the exact first-order result for
A(x), since the coefficient au (Ev? — Fv) at 27! vanishes only in the trivial cases
P(X=0)=1lorPlv=1)=1.

Remark 2.20. For a € (0,1) and o < r < 2« Theorem 2.11 can provide only the
@) (x_(”_o‘))—behavior of A(x) as x — 00, where 0 < r —a < 1. Such a deterioration
of quality is connected with the infiniteness of the expectation of X for a € (0, 1).
In general, infinite expectation of X is the reason, why some methods do not give
any estimates of A(z) at all.

Remark 2.21. In the special case of o = 1/2 Christoph [9] improved the asymptotic
result (41) from Theorem 2.11. This improvement will be discussed in Section 5.1.

Below we consider some examples for which the asymptotic results are provided
by Theorems 2.10 and 2.11. We compare these results to the asymptotics provided
by Theorems 2.6 and 2.7 due to Omey and Willekens [41, 43] and Theorem 2.8 due
to Mikosch and Nagaev [40].

Example 2.10. First, let us consider the most popular Pareto-like distribution,
namely, the Pareto distribution with parameters a > 0 and x > 0 (see Example 1.3).
If € (1,2), then the expectation of a Pareto-distributed random variable X is finite
and Theorems 2.6 and 2.10 give the same first-order result for A(z) as z — oo:

apk(vv—1
Az) = ! (af D—{—O(:U‘“), where M:EX:of—al'

In this case Theorem 2.8 provides less information, namely: A(z) = O(z™1).
In the case of infinite expectation of X, i.e. if a € (0,1), we have

A(r) = C(i’aﬁj) +o(x™%), x — oo,
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with
—kT%(1 = a) E(v(v - 1))
(o, k) = 2T(1 = 2a) for a7 1/2 (42)
0 for a=1/2,

according to Theorem 2.7, and only
A(z) =0(x™%), x — oo,
according to Theorem 2.11 with r = 2a. O

Example 2.11. We consider a nonnegative random variable X from Example 2.8
with the density function p defined by (36). Note that p is not regularly varying. As
was already shown, the distribution function F' of X can be represented as follows:

1—F(z) = + 0=, 2 — .

1
Vi Vi
This means that X is Pareto-like distributed with o = 1/2 and the conditions of
Theorem 2.11 are satisfied with » = 1. Therefore, we have

P (S, > )

A =P >0

—BEv=0(z"Y?) as x— oo. (43)
Theorems 2.6 and 2.7 are not applicable for this example, since the condition of
regular variation of the density is not satisfied, and Theorems 2.8 and 2.10 are not
applicable, since the expectation of X is infinite. O

Example 2.12 ([10]). Now let us consider an example of a random variable X
without density. Let the distribution function F' of X have the following form:

Flo) = g Fn) + (1= =) T a2 0

2\/_ 2/

where Fyjo(x) = 1 — 2732 for x > 1 is the Pareto distribution function (a = 3/2,
k= 1in (7)) and II(x) is the standard Poisson distribution function with intensity 1.
The function F' has jumps at every integer £ > 0. Among all theorems considered
above only Theorems 2.10 and 2.11 are applicable, but the first one (with oo = 3/2,
r=3and u=1+1/y/m) gives a more precise approximation of A(x), namely:

3(1+7Y2) E(w(v—1))
2x

A(z) = +0(z73?) as z— oo.

]

Remark 2.22. The examples considered above show that Theorems 2.10 and 2.11
provide quite good results for random variables with regularly varying densities.
More importantly, these theorems are also applicable in case of random variables
with non-regularly-varying densities or even without densities.

Remark 2.23. Note that there are examples of distribution functions, for which
Theorem 2.8 gives better results than Theorems 2.10 and 2.11, see [10].
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As we can see, in different situations each of the theorems considered above
(concerning the behavior of A(x)) can give the best as well as the worst asymptotic
result in comparison with the results obtained from the other considered theorems.
Such a difference between the quality of asymptotic estimates can be explained by
the difference of methods, which provided the corresponding results. In order to
obtain Theorem 2.8 Mikosch and Nagaev approximated the n-fold convolution of F
with the function F' itself, using property (5) of subexponentiality of F"

1—F"(z) ~n(l—F(z)) as x— oo,

whereas in order to obtain Theorems 2.10 and 2.11 Christoph used the approxima-
tion of the n-fold convolution of F' with some stable distribution G (for details see
the next section):

1—F"(z) ~n(l—G(x)) as x— oo

Though the asymptotic results for A(z) considered above have different quality
in different situations, they still have something in common: the smaller the para-
meter « of Pareto-like (or regularly varying) distribution, the worse the asymptotic
estimate of A(x). As we already noted, one reason for this is the infiniteness of
the expectation of Pareto-like and regularly varying distributions with parameter
a € (0,1]. This makes some theorems non-applicable at all. But the theorems
from above that can be applied for such a give us not much information about the
behavior of A(x) either. They provide only first-order results, which usually are of
the order 2. If a is very small, then the convergence of A(z) to 0 is slow and
the approximation of 1 — K, (z) by Ev (1 — F(x)) in applications is not very useful.
This is another reason for the decrease of the quality of asymptotic results with the
decrease of a.

For example, even for very “smooth” Pareto distribution with o € (0, 1), o # %,
the best that we are able to obtain is the following (see Example 2.10):

Az) = C(O;’aﬁ) +o(z™%), z — oo,

where ¢(«, k) is given by (42). Roughly speaking, this information is “nothing” for
small a. In Example 2.11 for Pareto-like distribution with av = 1/2 the asymptotic
result is even worse: we obtained only the O-estimate (43) for A(x). That is why
Omey and Willekens [41] pointed out the importance of finding second order results
for A(z). Unfortunately, they “have not been able to obtain second order results for
arbitrary regular varying densities p”, [41]. Nevertheless, they proved some theorems
about the second order behavior for stable densities (for details see [41]). In the next
section we will give more general results concerning stable distributions.






3 Limit theorems

3.1 Stable distributions. Connection with Pareto-like dis-
tributions

The aim of this section is to introduce the concept of stable distributions and explain,
how it can help to approximate A(x).

We already mentioned in Section 2.2 that in order to obtain Theorems 2.10
and 2.11 Christoph used the approximation of the n-fold convolution F™* of F' with
some stable distribution G as follows: 1 — F"™*(z) ~ n(1 — G(z)) as x — oo. In this
connection the following two questions naturally arise:

1) Why do we have to approximate F™*?
2) Why are we able to approximate F™* with some stable distribution?

We begin with the first question. Recall that (see (19))

Ay = L) Ey—ipnl_FnZ;))

1— F(x)
This representation shows that the quality of approximation of A(x) depends on
how well F™* is approximated. In general, it is not easy to deal with convolutions of
distribution functions, since they can not be expressed explicitly. Therefore, one tries
to find the best approximation of F™* in each particular situation. When dealing
with subexponential distributions, it is natural to use property (5) for estimation
of F™* ie. 1— F™(x) ~n(1— F(z)) for large . But for some kinds of distribution
functions it is possible to obtain a better approximation of F™*(x) and, therefore, a
better approximation of A(z). It can be done with the help of stable distributions.
At this point we are moving to the second question. How do stable distributions
arise in this context? In order to understand this let us forget for a moment that we
consider subexponential distributions. Recall that F™*(z) is the distribution func-
tion of the sum X; +---+ X, of i.i.d random variables with distribution function F'.
The first result that comes to mind of every probabilist when considering such sums
is the central limit theorem. This theorem tells us that for i.i.d. random variables X;
with finite expectation p and finite variance o? we have
X1+ 4+ X, - np
e
where ®(x) is the distribution function of the standard normal distribution N (0, 1).
This means that for large enough n we can approximate F™* (o \/n x+npu) with ®(z)
for any € R. At this point we recall that we consider subexponential (in particu-
lar, Pareto-like) random variables. As the examples from the previous chapter show,
variances (and expectations) of such random variables are often infinite. Therefore,
the central limit theorem is not applicable. Does this mean that distribution func-
tions of (suitably normalized) sums of i.i.d. random variables with infinite variance
(or infinite expectation) could not converge to any distribution function? Luckily it
does not. It turns out that the limit distribution can be not only normal, but any
stable distribution. This fact and this class of distributions was discovered by Paul
Lévy. Below we give a formal definition.

— FEv.

P

>—><I>(m) as n — oo,
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Definition 3.1 (Stable distribution, [31, Section 9.1]).

The distribution of a random variable X is stable if X, Xy, Xo, ... are independent,
identically distributed random variables, and there exist constants, ¢, > 0, and
d, € R, n>1, such that

Xl—i—---—l—Xnichden for all n. (44)

Remark 3.1. The name “stable” of the class accounts for the fact that a sum of i.i.d.
random variables has the same distribution as a linearly transformed summand, [31,
Section 9.1].

Example 3.1. It is easy to see that the normal distribution N (u, 0?) is stable with
¢, =+/nand d, = p(n — /n) in (44). O

Let S, = X1+ --- + X,,. We consider the following sums:

Sn_an

by,

(45)

where (a,,) and (b,,) are some normalizing sequences such that a,, b, € R, b, > 0, for
all n € N. The following theorem describes the class of all possible limit distributions
of normalized sums (45).

Theorem 3.2 ([44, Section IV.3, Theorem 10]).
The set of distributions that are limits of distributions of sums (45) of i.i.d. random
variables X1, ..., X,, coincides with the set of stable distributions.

Remark 3.2. This theorem was proved independently by Lévy [38] and Khintchine [35].

Theorem 3.2 is mainly of theoretical value in comparison with the central limit
theorem. In order to use this result in practice, first of all, we need an analytic
representation of stable distributions. Second of all, we want to have a rule to
make a decision with which concrete stable distribution the distribution function of
sums (45) can be approximated in each particular situation. The solution of the
first problem is given by the following theorem.

Theorem 3.3 (Canonical representation of stable distributions I, [18, §2.2]).
The distribution function G(z) is stable if and only if its characteristic function can
be represented by the formula

g(t) =exp{iy"t = N"|t|* (1 —if*w*(t,«) signt)}, (46)

where «, 5*,v*, \* are parameters such that o € (0,2], f* € [—1,1], \* € [0,00),
v* € R and

tan(ma/2) if a#1,
wH(t, o) = { (47)

2
—— In || if a=1.
m

Remark 3.3. This result was obtained by Khintchine and Lévy, [36].
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Remark 3.4. The value A* = 0 corresponds to the degenerate distribution. Formally
it must be included in the theorem, since every sequence (S,,) can be normalized
and centered in such a way that it converges to a constant in probability, [18, §2.2].
However, this trivial case is not of interest for us and will therefore be excluded from
our consideration hereafter.

Remark 3.5. As we can see, stable distributions form a four-parametric family of
functions. There exist some other commonly used parameterizations of the charac-
teristic function of a stable distribution beside (46). One of them will be given
below. The choice of the representation depends on the application, where stable
distributions are needed. By changing the parametrization we can make our research
easier or more difficult.

Remark 3.6. Any nondegenerate stable distribution has four parameters: the charac-
teristic exponent «, the skewness parameter 3*, the scale parameter \* > 0, and
the shift parameter v*. The most important parameter is the parameter «, since
it determines the basic properties of distributions such as finiteness of moments,
behavior of tails, the sequences (c,) and (d,,) from (44).

Example 3.2. 1) Since the characteristic function of the normal distribution
N(u,0?) has the form f(t) = exp{itu — t?c?/2}, then from Theorem 3.3 it fol-
lows that N(u,o?) is stable with parameters (o, 8%, \*,v*) = (2,0,0%/2, ). The
value a = 2 always corresponds to the normal distribution. In this case w*(t,a) =0
and the parameter 5* can be chosen arbitrarily (it is generally accepted to put
f* =0). In other words, the class of normal distributions is a subclass of the stable
distributions which depends only on two parameters (instead of four).

2) The standard Cauchy distribution (see Example 1.2) with characteristic function
f(t) = exp{—|t|} is stable with parameters (o, 5*, \*,v*) = (1,0, 1,0).

3) According to formula (46) the Lévy distribution defined in Example 2.6 with
characteristic function f(t) = exp{—(1/2/2) |t|1/2<1 — i sign(t))} is also stable with

parameters (o, 85, A", v*) = (1/2,1,v/2/2,0). ]

For the investigation of some analytic properties of stable distributions it is more
useful to consider another parametrization.

Theorem 3.4 (Canonical representation of stable distributions II, [12, §1.1]).
The distribution function G(z) is stable if and only if its characteristic function can
be represented by the formula

g(t) = exp {ivt = Aft|* w(t, o, B)}, (48)

where o, 3,7, A are parameters such that « € (0,2], 5 € [-1,1], A € [0,0), v € R
and

w(a) = exp (—z’ g B K(«) signt) if a#1, (49)
/2 + i 1n |t| signt if a=1.

with K(a) = a — 1 +sign(1l — a).

Remark 3.7. For a proof and for a connection between the parameters g*, \* v*

from Theorem 3.3 and the parameters /3, \, v from Theorem 3.4 see [12, §1.1] or [51,
Theorem C.3]. The parameter « is the same in both theorems.
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Remark 3.8. All nondegenerate stable distributions are absolutely continuous (for a
proof see Lemma 3.13).

Note that though an explicit form of the characteristic function of a stable distri-
bution is found, explicit expressions for the stable densities in terms of elementary
functions are known only in a few cases. These are the normal distribution, the
Cauchy distribution, and the Lévy distribution (see Example 3.2).

In order to distinguish between stable distributions we will index distribution
functions and characteristic functions as G, g(x; A, v) and g, (t; A, 7), respectively.
In what follows we use parametrization (48).

For each nondegenerate stable distribution we define its domain of attraction as
follows.

Definition 3.5 (Domain of attraction, [29, §35]).

Let X, X1, Xo, ... be independent, identically distributed random variables with com-
mon distribution function F and partial sums S,, n > 1. If for suitably chosen
normalizing sequences (a,) and (b,) the distribution functions of sums (45) con-
verge as n — oo to a distribution function G, p(x; \,7), i.e.

P (S"b_a" < x) — Gap(z;N,y) as n— oo, (50)

attracted to Gog(x; N, 7) is called the domain of attraction of G, p(x; \,y) and is
A7)

Remark 3.9. In this thesis we use the concepts “domain of attraction of distribution”
and “domain of attraction of distribution function” as synonyms. Moreover, if we
say that the random variable X is attracted to some distribution, than we mean
that the distribution function of X is attracted to the considered distribution.

then we say that F(x) is attracted to G, g(x; A, y). The set of distribution functions
(

denoted by DA(G,,

Remark 3.10. In general, for any distribution function we can define its domain of
attraction in the same way as in Definition 3.5. But it is empty if this distribution
function is not stable. From Theorem 3.2 it follows that only the stable distributions
possess (non-empty) domains of attraction.

Remark 3.11. If convergence (50) takes place, then the sequence (b,) must have
the form b, = n'/®h(n), where h(n) is a slowly varying function in the sense of
Karamata (for a proof see [33, §2.2, p. 46]).

Example 3.3. The central limit theorem states that each random variable X with
finite mean p and finite variance o2 is attracted to the standard normal distribution
with a,, = nu and b, = o/n. O

The classical limit theorems of probability (de Moivre-Laplace, Lévy) show that
for the convergence to the normal distribution (which is a stable distribution with
a = 2) the most interesting case is the one with b, = an'/? with some constant
a >0, [33, p.91]. This fact caused the following definition.
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Definition 3.6 (Domain of normal attraction).

We say that the distribution function F(x) belongs to the domain of normal attrac-
tion of the distribution function G, g(x;N,7y) (and write F € DNA(Gap(.;),7)))
if F(x) is attracted to G, p(x; A\, y) with a normalizing sequence (by,) in (50) such
that b, = an/® for some a > 0.

Remark 3.12. The adjective “normal” in the definition above is equivalent to the
adjective “natural” in some sense. To consider “parts” of domains of attraction with
b, = an'/® is natural enough, since only for this choice of b, any stable distribution
function G, 5(z; A, ) is attracted to itself.

Now we move to the second problem formulated after Theorem 3.2: For any given
distribution function F' to be able to decide whether it is attracted to some stable
distribution and if it is, to which one. This problem is equivalent to determining the
domains of attraction for each stable distribution. To determine the domain of at-
traction of stable G, g(x; A, y) means to find the necessary and sufficient conditions,
which must be imposed on the function F, in order for convergence (50) to take
place. This problem was solved completely in the 1930’s. Below we give the results
only for domains of normal attraction, since we use only them in what follows.

We distinguish two cases: the case of stable distribution with parameter av = 2
and the case of stable distribution with o € (0,2). The first case concerns the
normal distribution as limit distribution.

Theorem 3.7 (Normal limit distribution, [33, Theorem 2.6.6)).

The random variable X with distribution function F(x) belongs to the domain of
normal attraction of the normal distribution N(0,1) if and only if it has finite vari-
ance 0. In this case we can put b, = o\/n.

If we get some stable distribution with a € (0,2) as limit distribution, then we
speak about non-normal limit distribution.

Theorem 3.8 (Non-normal limit distribution, [33, Theorem 2.6.7]).
The distribution function F(x) belongs to the domain of normal attraction of the
stable distribution Gog(x; \,y) with b, = an'/®, a > 0 if and only if

cia®

- Fla) = 2 4 o),

Ia

x>0, x— oo, (51)
CaQ —a
F(ew) = 2 4 o),

where ¢; and ¢y are nonnegative constants determined by the parameters a, 3, A such
that ¢; + ¢y > 0.

Remark 3.13. Because of cumbersome expressions we do not give ¢; and ¢y from
Theorem 3.8 explicitly. This information can be found in [33, §2.6].

Remark 3.14. Similar results have also been obtained for domains of attraction in
general (for a proof see [29, §35], [33, §2.6]).

Remark 3.15. From Theorems 3.7 and 3.8 we see the following. While the normal
distribution attracts a very wide class of distributions, the domains of attraction
of the other stable distributions consist only of those distribution functions whose
behavior is similar to the behavior of the attracting distribution function, [29, § 35].
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Finally we can see how Pareto-like distributions are connected with stable dis-
tributions. From Definition 2.9 and Theorem 3.8 it follows that each Pareto-like
distribution function F' with parameter a € (0,2) belongs to the domain of nor-
mal attraction of some G, g(z; A, 7), i.e. F € DNA(G,5(.;A,7)). If we consider
Pareto-like F' with o > 2, then Theorem 3.7 states that F' € DNA(®).

This means that for the n-fold convolution F™* of Pareto-like F' with a € (0, 2)
we have

F™(bpz + an) = Gap(x; X, y), as n— oo,

where b,, = an'/® with some constant a > 0.
At this point the same question as before arises: how good is the approximation

F™ (b + an) & Gap(; A, 7)? (52)

In order to answer this question we should provide estimates of remainder terms by
such approximation. The next sections are devoted to this problem.

3.2 Remainder term estimates. Case o = 2

In this section we discuss the quality of approximation of the distribution functions of
normalized sums (45) with the normal limit distribution function. We are interested
mostly in the case of non-normal limit distribution, i.e. in remainder term estimates
of approximation (52) with o € (0,2). But let us start with the classical case which
corresponds to the central limit theorem. Since this theorem is known for a long
time, it is natural to find out what was done relative to the problem formulated
above in this case and to ponder, whether the same methods are applicable in our
case of consideration.

Let us consider a distribution function F' from the domain of normal attraction
of some stable distribution. Then we put F,,(z) := F™*(b,z + a,,) with normalizing
constants a,, and b,,, which depend on the stable distribution mentioned above. In
the case of normal limit distribution F,(x) = F™(o/nx + npu).

Theorem 3.9 (The Berry-Esseen Theorem, [31, Chapter 7, §6.1]).

Consider a random variable X with distribution function F', finite mean p and finite

positive variance o*. If E|X|> < oo, then

E|X —pf?
odyn

where C' is a purely numerical constant which does not depend on F.

sup [ F(z) — ®(2)| < € (53)

Remark 3.16. This result was obtained independently by Berry and Esseen. They
also showed that the order relative to n in (53) can not be improved.

Remark 3.17. An exact value of the absolute constant C' is still unknown. Esseen [21]
proved that C' > 0.4097. The upper bound is being constantly updated. The latest
estimate is C' < 0.4748, [49].
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Under the same conditions as in Theorem 3.9 the following non-uniform bound
for the difference F,, — ® was obtained:

E|X — pf’
ody/n (14 |z)3)’

where C' = C' + 8 (1 + ¢) with constant C' from Theorem 3.9 (for details see [39] and
[44, Section V.4]).

Since the central limit theorem is used mostly for approximation for finite n in
applications, both mentioned results are needed for the justification of such use. But
in some situations if n is not large enough, the error by such approximation can be
significantly large. Therefore, it becomes necessary to consider some corrections to
the limit distribution function. The most powerful and general method of finding
such corrections is to consider the various asymptotic expansions for the distribution
function F,(z), [29, Section 8]. The first such asymptotic expansion was suggested
by Chebyshev. His idea was developed and led to the following result.

Theorem 3.10 ([44, Section VIL.3]).
If E|X|" < oo for some r > 3 and limsupy, ., |f(t)] <1, then

|Fu(z) — ®(2)] < C

I
(14 |2)" |Fu(z) = @(2) = Y Qu(a)n™*22 = 0(n~""22) n = o0, (54)
k=3

where for each integer k > 3 the function Qi depends on the moments EX™ with
1<m<k.

Remark 3.18. The explicit form of @y is known (see [29, Section 8] or [44, Sec-
tion VI.1]). But because of its cumbersome expression we do not give it here.

Remark 3.19. Cramér’s condition lim supy ., [f(¢)| < 1 from Theorem 3.10 means
that the distribution function F' of a random variable X with characteristic func-
tion f has a non-zero absolutely continuous component (for a proof see [33, §1.4]).

Considering Theorem 3.10 it is natural to ask if it is possible to use the same
methods to construct similar functions (), and to obtain estimates similar to (54) in
the case of non-normal limit distribution? Unfortunately, the methods used to prove
Theorem 3.10 cannot be applied in that case. As usual, the reason is the infiniteness
of moments of higher orders for the random variables attracted to Go (. ; A, 7y) with
0<a<?

Lemma 3.11 ([29, §35]). If F € DNA(Gap(.;A,7)) with a € (0,2), then
+oo
/ |z|°dF(z) =00 for &> a.

From Lemma 3.11 it follows that a random variable X with ' € DNA(G,g(.; A, 7))
has an infinite variance for a € (0,2) and even an infinite expectation for o € (0, 1],
not to mention the third moment. Therefore, the asymptotic expansion of F,(x),
which depends on the moments, can not be constructed in the non-normal case.
However, if instead of the moments we consider a more general concept of pseudo-
moments (see Section 3.4 for details), then it becomes possible to obtain results
similar to (54). Sections 3.4 and 3.5 are devoted to the solution of this problem.
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3.3 Properties of stable distributions

This section is rather technical. Here we will give some properties of stable distri-
butions and some results that will be needed in what follows. Many of them are
formulated only for a € (0,1) or for a # 1. The reason is that each result looks dif-
ferently depending on the parameter area. In order not to overload the section with
many cases we consider only the most necessary facts. The omitted information can
be found in [29], [33] and [51].

Recall that we are interested in nonnegative random variables X;, ¢ > 1. In this
connection the following fact is useful: if X > 0 is attracted to stable G, 5(.; A, ),
then 8 =1, [51, p. 18]. Therefore, in what follows we set 5 = 1.

Without loss of generality we can consider A = 1 and v = 0 because of

Ga,l(x; )‘77) = Ga,1<>‘_1/a(x - 7)7 17 0) for « 7é 17 (55)
Gii(r;N,y) = Gui(A 7z —v—AIn));1,0).

) :
A, 0)

For the sake of brevity we will write Go1(z,A) := Ga1(z; A, 0) and Ga (2
Gai1(x;1,0). The same holds for characteristic functions: g, 1(t, A) 1= ga1(t;
and ga1(t) == gaa(t;1,0).

If «a < 1 and v = 0, then the corresponding stable random variable is non-
negative, i.e. Go1(x,A) =0 for z < 0.

The next property of stable distributions accounts for their name. For z > 0 we

have
Gr(z) = Gop(nVoz) for a1 (56)

and
GUi(z) = Gia(n~'(z — nlnn)).

This follows from representation (48) and is called the stability property.

Since an explicit form of stable distribution functions is known only in a few
cases, the study of the properties of stable random variables is rather difficult. One
way to make it easier is to consider asymptotic expansions of stable distribution
functions. For a € (0,2), o # 1, we have (see [51, Section 2.4))

1—Goa(z,0) = Cr(a) Az~ +Cola) N2 2724 -+ Ci(a) N 77+ O(x=UHD) (57)

as r — 00, where

1

Cjla) = o (=1 I'(ja) sin (jar), j€N. (58)

Note that in this case ¢; from (51) is equal to C}(«) defined in (58).

Further properties will be formulated as a sequence of lemmata.

Lemma 3.12 ([29, §35]). If F € DNA(Gas(.;A,7)) with a € (0,2), then

+oo
/ |z]°dF(z) < oo for 0<§<a, §€R.
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Remark 3.20. Since every stable distribution with characteristic exponent o belongs
to its own domain of normal attraction, it has finite absolute moments of order < a.

Lemma 3.13 ([29, §36]). All nondegenerate stable distributions are absolutely con-
tinuous and their distribution functions have derivatives of all orders at every point.

Proof. Notice that for a nondegenerate stable distribution we have (see parametriza-
tion (46))

|Ga5+ (6 A", ") < exp (=AT[E[*), A" > 0.
It follows from this and from the inversion theorem that nondegenerate stable distri-

bution are absolutely continuous. The corresponding density function p, g« (x; A*, 7*)
can be written in the form:

* * 1 +oo —itx * *
Pag (T3 A", 7") = 5/_00 e ™" ga,pe (t; A", 7*)dt.

Differentiating this formula formally n times with respect to x, we obtain
- Das ( A" *) = 71 / <—>t)n€ itwg 8 (t A ’y*)dt
o, 5\ L3 ) ? a,p*\l; ’ :
dx™ ’ K 21 J— ’

The latter integral converges absolutely, which completes the proof. O

The next lemma provides some estimates for derivatives of a stable distribution
function G, 5(z, ) with respect to x and .

Lemma 3.14 ([12, Theorem 1.5]).
Let o < 1. For any integers k, 7 > 0, k,7 € Ny with k+ 7 > 0 there exist positive
constants Ay j, By j, and Dy, ;, depending only on k and j, such that

ak—l—j i k/a
‘WGW(L M| S DA™ (59)
forall x and 0 < X <2 and
ak+j —k—aJ
axka/\] Ga,ﬁ(lﬁ, A) S Bk,j |£C‘ (6())

for |z| > Ag; >0 and 0 < X < 2, where

g j+1 if jla+ K(a)B) is an even integer,
a j  otherwise,

and K(a) = o — 1 +sign(l — «). Moreover, the constants Ay j, By ;, and Dy ; can
be chosen as follows:

Dey = T(j+kfa)(ra) ™ (cos(K(a)m/2)) ",
Ay = (aJ+EK)YY By, =4T(aJ +k)/m.

Remark 3.21. Lemma 3.14 holds also for 1 < a < 2. But in this case the con-
stants Ay j, By ;j, and Dy ; have another form (for details and for a proof of the
lemma see [12]).
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3.4 Remainder term estimate: 0 < o < 2

The goal of this section is to formulate an asymptotic result for the case a < 2 similar
to Theorem 3.10. For this purpose we first have to define the pseudomoments.

3.4.1 Pseudomoments

Pseudomoments are constructed to replace ordinary moments of random variables
from the domain of normal attraction of a stable distribution. Pseudomoments com-
bine the features of moments with the features of metrics. This helps to “reflect the
geometry of the distribution more accurately and informatively then with ordinary
moments”, as Weiner wrote in [50].

We start with a motivating example. Let us consider a nonnegative Pareto-like
distributed random variable X with distribution function F', i.e.

1-F(z)=C(a)z™*+0(xz™") as z — o0 (61)

for some r > a and C(a) > 0. From Theorem 3.8 it follows that F' € DNA(G41(.; A, 7)).
Therefore, according to Lemma 3.11

+o0
E|X|° = / |z|°dF(z) =00 for &> a.

Without loss of generality we can put the normalizing constant @ = 1 in (51),
the scale parameter A =1 in (57), and C(a) = Cy(«) in (61). Then we find

F(z) = Goi(z) = O(z~ ™20l for r>a from (61), z — oo.

Hence, F(z) — G41(2) has better tail-behavior than 1 — F(x) and 1 — G4 1(z), which
permits to use the concept of pseudomoments. It was first introduced by Bergstrom
in [6]. In this thesis we are interested in nonnegative Pareto-like distributions, which
very well illustrate the reasonability to introduce the pseudomoments.

But in general, pseudomoments can be defined for any random variable with
distribution function F' € DNA(G,5(.; A, 7)).

Definition 3.15 (Pseudomoments).

Consider a random variable X with distribution function F € DNA(G,.p). Put
H(z) == F(x) — Gop(x). If the corresponding integrals exist, we define the k—th
order pseudomoment

+oo
1 = g (H) = / “dH(z), ke N, (62)
the r—th order absolute pseudomoment
+oo
vy = v, (H) = / 2| |dH(z)|, >0, reR, (63)
and the r—th order truncated pseudomoment
sup 21 [ JafdH (@) r# [ >0,
z>0 |z|>2
Vr = ’YT(H) = z
sup ‘/ 2"dH (x) —I—z/| lz|" " dH ()] ), r=1r], r>0.
z>0 —z T|>z
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Remark 3.22. Note that (62) is the improper Riemann-Stieltjes integral of x* with
respect to H(x). Let us briefly recall what this means.

The function H(x) = F(z) — Ga1(x) is a function of bounded variation on
every finite interval [a,b] (as a difference of two nondecreasing functions, see [15,
Theorem 7.2.4]) and x* is continuous for all k € Ny. Therefore, the definite Riemann-
Stieltjes integral ff x*dH (z) exists for any a,b € R and is given by the following
formula:

n—1

/a ok dH () = lim SO th (H(wi) — Hzy)),

n—oo .
max(axi+1—a)i)—>0 =0
2

where a = g < ;7 < .-+ < x, = b is a partition of [a,b] and t; € [x;, x:11],
i=0,1,...,n— 1. If there exists ¢ € R with H(c+) — H(c—) = 0 such that

c _ b _
lim *dH(r) € R and lim 2*dH (r) € R,

a——o0 Jq b—+00 Je

and the sum of both limits is not of indeterminate form oo — oo, then we say that
the integral [72° x¥dH (x) exists. In this case,

/+OO 2*dH(z) = /C 2*dH (z) +/C+OO 2*dH (z)

—00 —0o0

c b
= lim [ 2*dH(x)+ blim a*dH ().
— 00

a——00 Jq +o0 Je

The integral in (63) is defined similarly to that from above:

n=co
max(ziy1—x;)—0
1

b n—1
[lal i@ = Jim S I [H ) - Hw)l,
@ i=0

and
+o0 ¢ b
[ el @) = tim [l dH @)+ lim [ ] |dH ()

if both limits exist for suitably chosen ¢ € R. Also note that the definition does not
depend on the choice of c.

Remark 3.23. The pseudomoments py and 1 are finite for any random variable X
with distribution function F' € DNA(G,, 3). Moreover, o = 0 and vy < 2. Indeed,

w = [ A (@) = / AR () — / " 4G s(2) = 0;

— 00

vy = /_ i’o dH (2)] < /1°° dF(z) + /_ :’O G s(z) = 2.

Note that for a discrete random variable X we always have v, = 2.

The following three lemmata give some properties of pseudomoments, which we
need in what follows.
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Lemma 3.16. Letp, g € R andp > 0, ¢ > 0.
(a) If v, < 00, then v, < oo for all ¢ < p. Moreover, v, < yépfq)/p yg/p.
(b) If v, = oo, then v, = oo for all ¢ > p.

Proof. (a) follows from Holder’s inequality (for a detailed proof see [12, Lemma 2.2]).
(b) For ¢ > p > 0 we have

> /11 |7 |dH ()] + /xm || |dH ()]

+00 1
vp = [ el @) = [ el dH @)+ [ el (dH ()

1 1
= [ el la@)] = [ ol |dH(@)| + v, = oo,

since the first two integrals in the last equality are finite. Indeed, for any [ > 0 we
find:

/_11 ml |dH (z)| < /_11 |dH (z)| < /_J:O |dH (z)] = vy < 2.

Therefore, v, = oo for all ¢ > p. n
Lemma 3.17. Ifv, < oo, then ) exists and || < oo for k € {0,1,...,[r]}, where
[r] is an integer part of real v > 0. Moreover, || < vy for any k € {0,1,...,[r]}.

Proof. The assertion follows from Definition 3.15, Lemma 3.16 and Remark 3.22. [
Lemma 3.18. With the notation of Definition 3.15 we have

¥ < vy, Vr >0, reR.

Proof. We consider two cases. First let r # [r]. Then we have

Yy = sup z”’m/ |z |dH (x)] < sup 2" 2|0 | dH ()]
2>0 lz|>z 2>0 Jz|>z
+oo
< swp [ el ldH@)| = [ el [dH(@)| = v,
>0 Jl|z|>z —o0

In case r = [r] we find

Y = sup (’/Z x"dH (z)

2>0

I |dH<:c>|)
x>z

< sup (’/Z z"dH (z) —i—/ |z|" |dH(x)\>
2>0 —z |z|>2
+oo
< [ llTldH@)] = v

]

Remark 3.24. Lemma 3.18 shows that the truncated pseudomoment =, is a modi-
fication of v,.. In the examples below we will see that v, can be finite even if the
corresponding absolute pseudomoment is infinite.
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Example 3.4. We consider a random variable X with distribution function F' and

density function
11

p(l’) = - ? ]1{|m|22/7r}($), z € R.

From Theorem 3.8 it follows that F' € DNA(G1 ), where G is the Cauchy distri-
bution with density function p; o(z) = 1/(7(1 + 2?)), x € R. From

+o00 Foo
v = [ TRPldHE@ =2 [ ) - pro()] do

2 [ [t x” 2m x"
= — ——d / —d 64
T </2/7r 22(1 + x2) v o 1+ a2 x) (64)

we have that v, < oo for r < 3. From Lemma 3.17 it follows that |u;| < oo with
1 =0,1,2. Easy calculations using Definition 3.15 yield

4
po = p1 =0, M2:1—ﬁ-

Similarly we can show that v3 < oo. Moreover, it is possible to obtain the exact
value of v3:

+ 2/ x? | p(x) — p1o(z)] dx)
2>0 |z|>2

= sup(Zz/Z T | p(x) — pro(2)] daz).

z>0

Vs = sup (‘ /_ sz?’ (p(x) — pro(x)) da

=f(2)

Note that f(z) is a piecewise function that can be computed explicitely. Using basic
curve tracing techniques it can be shown that f(z) is increasing on R,. Due to
cumbersome expressions we skip these steps for the sake of readability and continue

5 /+<>° 9 1 d . ( 2z arctan z) 2
=sup | 2z x° s ——————cdr| =lim (2 = ——— | = —.
=10 2 ma?(1+ x2) Z—00 s T

Sometimes it is not easy to calculate pseudomoments directly using only Defini-
tion 3.15. In such situations the next two lemmata are useful.

]

Lemma 3.19 ([12, Lemma 2.5]).
Suppose v, < oo for somer > 0. Then

o (it r
F0) = gap(t) = 3. -+ olltF) as =0
k=0 :
and
(i) .o
ft) = gap(t) =D e+ Ot v if [t <1,
k=0 :
where

{R:[T] and 10| <2T(r—[r]+1)/T(r+1) if r#r],
R=r—1 and 0] <1/r! if r=]r]
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Lemma 3.20 ([12, Lemma 2.6]).
If v, < 00 for some integer k > 1, then f(t) — gap(t) is k times differentiable and,

moreover, (f(t) — ga"@(t))(m)‘t:g = 1"y, form e {0,1,...,k}.

Remark 3.25. The two lemmata given above illustrate the endless consistency and
harmony of mathematics. We see that the connection between pseudomoments and
the difference f(t) —ga s(t) is of the same nature as the connection between moments
of a random variable and its characteristic function.

Example 3.5 (Pareto with a = 1/2).

Consider the Pareto distribution defined in (7) with @ = 1/2 and x = 1/m. Its
distribution function F' is attracted to the Lévy distribution, i.e. F' € DNA(G12,1).
Denote the Pareto density function with p(x) and the Levy density function with
p1/2,1(x). Then we have

1 1
232 _ 1—3/2=1/(42)

p(x)_pl/Q,l(x) = ﬁ 2ﬁ

1
= ﬁx_5/2 +0(z7?), z = oo
Therefore v, = [;° 2" | p(z) — p1/2,1<l’>‘ dx < oo for any r < 3/2. From Lemma 3.17

it follows that |u;| < co. Moreover, integrating by parts and using the substitution
t:=1/(2y/x) we obtain

400 1/m 1
o — d g —/ — _3/2 _1/(4I)d
o= [ ) ) de == [T e
+oo 1 3 1 1/m
L 32 (] L o/ (4 - —1/(4z)
+ n T zﬁx (1 e )dx— e d(ﬁ)

! Jl? /1:0 (1-e) a(va) = 17T <_1ﬂ e+ /;; e dt

1 /2 2 1 +oo 2 1 1 1
- —/4 —t _ - —t - - =
+ 7 (e 1) +/0 e dt> - /0 et dt — .

Note that v3/, = 0o, but 73,5 < co. Indeed,

o0
Y39 = Sup (31/2/ x ’p(x) —pl/zl(a:)‘ dm)

z>0

1 1/2/0O —5/2 ) 1
. dr | = —— < o0.
sy s (7 [Tt = < oo

IN

]

Example 3.6 (Pareto with a € (0,1), a # 1/2).

Let X be a Pareto-distributed random variable with a € (0,1),« # 1/2. We know
that F' € DNA(G,,1). Without loss of generality we can put x = (C;(a))/®, where
C1(«) is defined in (58). Using representation (57) for G,1(x, \) with A = 1 we find

F(2) — Goq(7) = Co()z™ 2 + O(z7*), x — oo,

where Cy(a) # 0. From this it follows that v, < oo for r < 2a, vy, = o0, but
Yoo < 00. Proofs are similar to that of Example 3.5. O
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3.4.2 A remainder term estimate

A result similar to Theorem 3.10 will be formulated here for the case a < 2. Pseudo-
moments defined in the previous subsection made it all possible.

Recall that we consider a sequence of i.i.d. random variables X, X;, X5, ... with
distribution function F' € DNA(G, ) for o < 2. Our goal is to build an approxi-
mation of the distribution function F,(x) defined by

Ey(@):= P (P <),

n

where S, = X; + Xo+ -+ X, and (a,), (b,) are some suitably chosen normalizing
sequences such that F,,(z) — G, g(x) as n — oo.

Under some conditions on pseudomoments Christoph [12] suggested to approxi-
mate F,(z) by the sum of the corresponding stable distribution G, s(z) and some
correction term W, ,(x). He also obtained a non-uniform bound of the remainder
term for such an approximation. His result is an analogue of Theorem 3.10. However
in this case the correction term depends on the pseudomoments, and not on the
moments of X.

Theorem 3.21 ([12, Theorem 5.2]).
Let the case o = 1, B # 0 be excluded. Suppose v, < oo for somer > «, vy < 1 and

max{fy,}/’",’yr,% Vg/(’"’a)}n’(’"’a)/a < 1/8,
then for alln > R+ 2
|Fo(2) = Gap(z) = Wepn(z)] < Cn” /(1 4 Jz)) 7, (65)

where constant C' does not depend on n, r and

A A e | L A PR B GRS
with U =2(r —a)/(2—a)], J=[u+ (r—u—a)/a], K = [min{u, (u+ j)/2}],
koo
ul+...ftur=ui=1 ul'jl'

Jit..+ik=J

du = (=1)" pi¥ + d,, du; = (=1)7d, for j >0,

and
u—1

du= Y <Z>(—u1)”uu—v, R—{ r[i]i, ZZ mi

v=max{0,u—R}

Remark 3.26. Note that the centering sequence (a,) can be chosen as a,, = n p if
r>1and a, =0if r <1 (see [12, Chapter 5.2]).
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Remark 3.27. Roughly speaking, the correction term W, ,(x) is a sum of derivatives
of Gy p(x) with coefficients depending on the pseudomoments. Similar correction
term will be constructed (in detail) in Section 3.5 for the case a € (0,1). For more
details and for the proof of Theorem 3.21 see [12, Theorem 5.2].

Remark 3.28. Theorem 3.21 (as well as Theorem 3.10) holds only for distribution
functions F', that have a non-zero absolutely continuous component. For such an F'
Cramér’s condition limsupy,_,, |f(f)] < 1 holds true. This condition is not men-
tioned explicitly in the theorem, since it follows from the condition vy < 1, [12,
Section 5.2].

Remark 3.29. The approximation of F,(z) and the estimates of the remainder term
given in (65) were used in order to obtain Theorems 2.10 and 2.11. Conditions (38)
and (39) from these theorems provide v, < oo for the specified r > «.

Example 3.7 ([12, Example 5.3]). Let us consider a random variable X from Exam-
ple 3.4. We know that v3 < co. Also, from (64) with » = 0 we have

2 oo 1 2/m 1 4 2
== e | dr) = = arct () ~ 072 < 1.
12 W(/%r 20 +22) T+ 0 142 x) 7Tarcam - <

Therefore, Theorem 3.21 yields

1 d>

Fu(2) = Gro(2) = 5 H2 o5 Gro(2)| < Cn=2(1+ |=[) 77,

where the constant C' does not depend on n or x. O

Remark 3.30. Theorem 3.21 gives good results if « is not very small. Namely, if «
is small then 7 can also be small and U = [2(r — a)/(2 — )] = 0 in Theorem 3.21.
This means that the term W, , in (65) is equal to 0.

Example 3.8. Let us consider a Pareto-distributed random variable X with
a = 1/3 and k = (C1(1/3))3, where C;(1/3) ~ 0.74 is defined in (58). The dis-
tribution function £’ of X has the form:

_ Gu(y3)

x1/3

1 — F(x) x> (O1(1/3))%.

Therefore, F € DNA(Gy/3,1). From Example 3.6 it follows that v,/3 < oo, but
Va3 = 00 and p; = 0o. Then Theorem 3.21 provides the following remainder term
estimates for the approximation of F,(x) by G1/31():

|Fu(2) = Gijsa(@)| < Cn (1 + [a]) 722,

As we can see, the correction term W, , vanishes in this case and the quality of
approximation is much worse than in Example 3.7. [

Naturally the following question arises: is it possible to improve the approxima-
tion of F,, in the case of F' € DNA(G,,1) with small values of a. This problem will
be discussed in the next section.
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3.5 Remainder term estimate: 0 < o < 1

This section is devoted to the case F' € DNA(G,,1) with o € (0,1). Our goal is to
improve Theorem 3.21 for small . On the whole, the case a € (0, 1) is considerably
less studied than the case o > 1. Remark 3.30 and Example 3.8 make clear that for
small a we can not obtain a very good approximation of F™* using Theorem 3.21.
This can be explained by the infiniteness not only of the moments of order > 1 but
also of the pseudomoments of higher orders. That is why in this section we also
discuss a possible modification of pseudomoments.

3.5.1 Function éa

The goal of this subsection is to construct a function whose behavior is more sim-
ilar to the behavior of F(x) as x — oo than that of the attracting distribution
function G 1(z).

We consider a nonnegative random variable X with distribution function
F € DNA(G4,1), where a € (0,1). It follows from Theorem 3.8 that

1—F(zx) = Claa +o(x™®), x>0, x— o0, (66)

T

where ¢; is the first coeflicient in the expansion of G, (see (57)):

LA o\ ci N
1—Ga,1(x,A):;—a+ ;M +o 2

+ O(a:_(j+1)o‘), T — 00, (67)

with ¢ := Ci(a), k € N, from (58). Without loss of generality we can put the
normalizing constant a = 1.

Usually the distribution function F' is given (known). This means that we can
consider more terms in the asymptotic expansion of F' in comparison with (66).
Therefore, in this section we suppose that F' can be represented in the following
form:

C1 Co dg Cg ds

1—F(x):m—a+x2a+-~-+ — tu(z), = — o0, (68)
where s € N and u(z) are such that
+0o0
sa > 1+ a, / 2ldu(z)|] < oo for some q > sa,
0
¢ = Ci(a),1=1,...,s, from (58) and d; are suitable constants for i =2,...,s.

Remark 3.31. If some of the coefficients ¢; in (68) are equal to 0, then the corre-
sponding d; can be chosen arbitrarily. It is important to fix all d;, = = 2, ..., s, before
we go to the next step.

Remark 3.32. Note that the coefficients in (68) have the unusual form ¢ - dj, with
suitable dp € R. This can be explained by the requirement that if the coefficient ¢
from (67) is equal to 0, then the corresponding coefficient in representation (68)
must also be equal to 0.
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The introduction of pseudomoments defined in Section 3.4 is based on the fact
that F'(x) — G41(x) has a better tail-behavior than 1 — F'(z) and 1 — G,1(x). Note
that if ¢y # 0 and dy # 1 in (68), then F(z) — Go1(z) = O(z7%*) as © — oo.
This means that only the first terms in both expansions are equal and vanish in the
difference. Our goal now is to construct another function éa (instead of G, 1) that
can eliminate all known terms in expansion (68) of 1 — F'(x). Namely, we can define
é’a as follows:

Go(@) = Gon(2) + 3 A;GOD(2,1), z€R, (69)
=2
with the coefficients
dy — 1 dy —1 =1 1
Ay = A = - Ay——-, k=3,...,58,
2T Ty TR TR ;2 (k — u)! 3oea® (70)

which are chosen in such a way that

F(z) — Golz) = —u(z) + O <:13(1> as & — o0.

s+1)a

By G®*9)(x,1) we denote the derivatives of G, (z,\) with respect to x and \:

' ket
G(k’J)(x, 1) := LGavl(m,/\)

R . k,7 €Ny (71)

A=1

They exist and are bounded according to Lemma 3.14. Note that F(z) — G4(z) = 0
for x < 0, since F(x) = Go1(x) =0 for z < 0.

Lemma 3.22. For the function G, defined by (69) the following properties hold true.

(i) Ga(x) is absolutely continuous and differentiable on R with Gu(z) = 0
for x < 0.

(ii) There exists a constant G > 0 such that ‘C:’a(x)’ <G forall z€R.
(@ii) xgrfoo Go(z) = 1.

Proof. (i) According to the definition, G, is a linear combination of an absolutely
continuous and infinitely differentiable (with respect to z and \) function G, 1(z, \)
and derivatives of G, 1(z, A), which are also absolutely continuous and differentiable
(see Lemma 3.14). This fact, the definition of G (x) and the fact that Gy 1 (z, \) = 0
for ¥ < 0 and o < 1 (see Section 3.3) give us statement (7).

(i1) Boundedness of the function Gy (x) follows from Lemma 3.14. We have the
following estimate:

’Ga(x)‘ < |Ga,1(ﬂ7)|+§:2|f4j| ‘G(07j)(x’1)‘

< 14+ |4 Doj=:G<oo VreR, (72)

Jj=2
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where Dy ; are defined in Lemma 3.14.
(#7i) The third property follows from (60):

lim Gu(z) = lim (Gml(l’)—i—ZAj G(O’j)(a;,l))

T—r—+00 T—r—+00 ©
Jj=2

= 1—|—ZA lim GO (z,1) = 1. (73)

r—-+00

]

The following lemma illustrates the “goodness” of the function Go(x) for our
purposes. Namely, the n-fold convolution of G, can be expressed explicitly. We use
the following notation:

Cat(tA) =10 (gar(t, X)), Lo ar(t, ) = —A|t|2e— 00 (T/2)signt (7

where g,1(t, A) is a characteristic function of G, 1(z, A). For the sake of brevity we
will also write pa1(t) := @a1(t, 1).

Lemma 3.23. Forallp=1,2,...n, n € N, and x € R we have

G (nl/o‘x) :Gal<x > —I—]CZQCMGM ( Z) (75)

with '
p: k ks
Ckvp: Z mA 2. .AS 9 (76)
ko+ha+-ths=p 02
k:2k2+"'+3ks
where the summation is carried out over all non-negative integer solutions ko, ks, . . . , ks

of the equation kg + ko + -+ + ks = p and k = 2ky + - - - + sks,.

Proof. We consider the inverse Fourier transform g, of G,. We obtain
+oo ~ +oo .
%@:/ ¢ dCo(r) = [ G (a +ZA/ ¢ dGO9 (z,1)
= ga 1 + Z ( ga 1 t )\)>

= Gan(t) + Z Aj gan(t) @l (t).  (77)

Note that the inverse Fourier transform of G, (nl/ "‘x) is g, (tn_l/ "‘):
+ToO e~ +oo . ~
7. (tn—l/a) _ / it 1/ g;dGa(x) _ / eztdea (nl/ay) '

It is known that the inverse Fourier transform of G s* is equal to the p-th power
of g,. Our task now is to expand and transform g? into a suitable form. Using
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formula (147) from Lemma A.5 and the definition of g, (t) we write:

s P
ga (tnil/a) = (ga’l (tn*l/a) + Z A Gor (tn—l/a) 90£71 (tnl/o‘)>

=2

- g(ﬁl <tn_1/a> ko-i-kz;-i-ks:p ko'szl .. ks' 1k0A§2 sDik%( 1/a> o A SDSki( 1/0‘)

l/a | ko+...+sks
—_ ga71 <t (’0> ) Z ’0714]?2 . .A]st (@a,l(tnil/a>)2 +..+
n

|
ottt =p B0 Kl o]

o ¢ P Lo i tn—l/a) Z P! Akz..'Aks_©
—Jal "\ Pual kolkgl - kgl 2 s T

ko+ka+-+ks=p
2ko+--+sks=k

Ck,p

Now, taking into account that c¢p, = 1 and ¢;, = 0 for all p € N and using the
definition of ¢, ; we continue

p 1/a Sp 1/ ) 1/
@ — ga,l <t <n> > + Z C]@p @ZJ(]&’)’L 1/ )goz,l (t (n)

k=2
s (78)
p 1/a P Cr, p 1/a p 1/a
o (t (%) ) P e (t () ) e t(0) )
The inverse Fourier transform of G(**) is equal to ga. 90];71. Indeed,
foo 1/ k too 1/
/ elte dG(O,k) T (TL) 1 d - / et g Ga L <n> 7)\
—0 p ~ ) P .
4 (t <p>1/a )\> _ & e ((8)7)
ANk = n N1 dNF A=l
1/a 1/a
:¢§1<t(’)> ,1>ga,1 t<p> ,1),
n
which leads us to
o n 1/a sp Ch n 1/a
G, (xnl/o‘> =Gu1 |2 (p) +3 pf,;p -GOP | g <p> 1.
k=2
Finally, using property (55) for G, 1< Ua) = Gan (m, g) and
1/a k
0k n B _d p
G ( <p> ’1) - ( (p> )‘ = e (#20)
A=1
G

@ o] (D

n

we obtain the assertion of the lemma.
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3.5.2 Pseudomoments: new approach

The construction of the function G, allows us to use modified pseudomoments.

We put H(z) := F(z) — Go(z) and consider “new pseudomoments” (H), v(H)
and y(H): the k-th order pseudomoment

— +oo —
wre = pu(H) :/ ¥ dH(z), k>0, k&N, (79)
0
the r-th order absolute pseudomoment
— +00 —
v = v,(H) :/ o |dH(z)|, r>0, reR, (80)
0
and the r-th order truncated pseudomoment
00 —
N sup zr’[’"]/ " dH (z)| r#[r], r>0,
Y =7 (H) = =0 0 +00 N
sup(/ z"dH (z) —i—z/ I’"l‘dH(x)D ,  r=1r], r>0,
z>0 0 z

if the corresponding integrals exist.

Remark 3.33. All new pseudomoments are well-defined. It follows from Remark 3.22
and from the fact that H(x) is a function of bounded variation, same as H(x).
Indeed,
H(z) = F(z) — Go(z) = H(z) = Y A; GO (2, 1),

j=2
According to Lemma 3.14 each of the functions G (x,1), 7 = 2,...,s, has a
bounded derivative with respect to z, which makes its variation also bounded (see

[27, Kapitel XV /568, Satz 3]). From [27, Kapitel XV /569, Satz 2] it follows that
H(z) is also of bounded variation as a difference of functions of bounded variation.

New pseudomoments modify the old ones. In the example below we will see that
v} can be finite even if v, defined by (63) is infinite.

Example 3.9. Let us consider a Pareto-distributed random variable X from (7)
with a = 1/3 and £ = (C1(1/3))3, where C;(1/3) ~ 0.74 is defined in (58). The
distribution function F' of X has the form

C1(1/3)
1— F(.CE) = 5131/3 ) x> (C1(1/3))3
Therefore, F' € DNA(G431). According to representation (68) of F'(z) we can put
dy =+ =d, =0 for all integer s > 2 and u(z) = 0. Let us consider the case s = 4

and construct the function G,/3 using formula (69) with A, = —1/2, A3 = 1/3,
Ay = —1/8 defined by (70):

~ 1 1 1
G jsl@) = Gy () = 5 GOV, 1) + 5 GO (a,1) = £ GOV (z, 1),

Then we have

1
55

H(.I'):F(l')—él/g(l'):O( ) as x — o0.

Therefore, v* < oo for r < 5/3, whereas from Example 3.6 it follows that v, = co
already for r > 2/3. Note also that v3,; < co. O]
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New pseudomoments have partly the same properties as the old ones. Lem-
mata 3.16, 3.17 and 3.18 hold true with u;, v’ and v instead of uy, v, and . We
also have the following result.

Lemma 3.24. For the pseudomoments p; and v the following statements hold true:
(i) =05 (i) vy <2+ |A4l(D1j Ary + Bij/aj),
=2

where A, ;, By; and D, ; are constants from Lemma 3.14.

Proof. (i) For pj we have
+oo +oo +oo
w o= /0 dH(z) = /O dF(z) — / 4G, ()

= 1—- /0""00 d (GaJ(I) + iAJ G(O’j)(xv 1))

=2
400 S dj 400
— 1- / G, Al / G2, A 0.
0 71([1’5) ]22 J d)\j 0 ,1(1" )
=1 A=1

The interchange of integral and differentiation in the last step is justified by the
Leibniz integral rule [26, Kapitel XIV /520, Satz 3].
(it) Using inequalities from Lemma 3.14 with A, ; > 1 we obtain for j € {2,...,s}

/0 609 @, 1)| de = /0 e G092, 1) da + / +§\G<1’j)(a:,1)]dx

Jr
A1 D1+ By /A
1,5

< Ay;Dij+ Bi; AT /(aj) < Aij Dy + Biy/(aj).

IN

+oo X
71 ade < Al] D1 J + Bl] /A .Tiliajdx
1,5

The latter estimate and the fact that vy < 2 (see Remark 3.23) yield
* oo, +oo oo o o)
Vg = /0 ’dH(m)’ S/O |d(F — Gap) (7)] —1—/0 d ZAJ‘G D, 1)

< ,/0_|_Z|A|/ G ( x1)‘d$<2—|—Z|A|(D1]A13+Bly/0‘]>

This completes the proof of Lemma 3.24. ]

To calculate new pseudomoments directly is even more complicated than to
compute the old ones. The following lemma, which is an analogue of Lemma 3.19,
makes this easier.

Recall that

Cat(tN) =10 (gar(BN), e @ai(t,A) = —A|¢]@ete (T/2)signt

where g,1(t, A) is a characteristic function, which corresponds to G, 1(z, A). Recall
also that for the sake of brevity we write p,1(t) := @a1(t, 1).
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Lemma 3.25. Suppose v} < oo for some r > 0. Then

[r] 7 k
F0) = ult) = 3 UG i o) as 150 (s1)

where

Jo(t) = gaa () (1 + Z A; 905;,1(75)) (82)

=2
with Aj, j =2,...,s, defined in (70).

Proof. In the same way as in the proof of Lemma 3.19 we expand e from the
integral [*2° e®®d(F — (,)(x) into series and obtain the right side of (81). The left
side follows from

[ e G = 10 - [ i

[e.9] o0

and from

—0o0 —00

B+ 4 (dj T G ))
= Ga,1 j : / € a, 1T
].Zzz i\av | o

+oo ~ too . s +oo )
/ " dG, (1) = / e dGoq(z) + > Aj/ et dG9) (x, 1)
j=2 /oo

A=1

) A () = g () (1 +Yo A, ¢z;,1<t>) ~5.(0)

Jj=2 Jj=2

The interchange of integral and differentiation in the previous formula is justified
by the Leibniz integral rule [26, Kapitel XIV /520, Satz 3]. O

Let us see, how Lemma 3.25 works in special cases.

Example 3.10. Let a € (0,1). We consider a Pareto-distributed random variable
X with distribution function F' such that

C1 1/«
— forx > ¢/",
1—F(ﬂf)={xa ~ Ve

1
1 forx <,

where ¢; = Cy(a) = (I'(a) sinam) /m. According to representation (68) of F'(x) we
can put dp = --- = ds = 0 for all s > 2 and u(xz) = 0. For our convenience let us
fix such s € N that (14 s)o ¢ N and construct the function G, using formulas (69)
and (70). Then we have

F(z) = Go(z) =0 (:(:(1> as x — Q.

s+1)a

Therefore, v; < oo for r < (s + 1)a. Let us calculate pseudomoments y for
J=12,...,[(s+ 1)l
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Our objective is to obtain the following expansion of f(t) — g, (¢):

(it)*
2l

f(t)—ﬁa(t)=a0+a1it+a2 +-.-- as t—0 (83)

and than use Lemma 3.25, which states that the coefficient a; from (83) is the first
pseudomoment.
Using integration by parts f(¢) can be represented as follows:

1) = _/+°° ¢t d(1 — F(z)) = _/c;:o e''*d <Cl)

0o xro

Cl 4t p=heo too it
= —— B +clzt/1/a e %x
X x:c}/a C1
itcl/& . oo ite,,—« . Ci/a ite,,—«a
= " —l—clzt/ e x dx—clzt/ e r%dx. (84)
0 0

Note that the second term in (84) is equal to ¢, 1(t). Indeed, using the substitution
y = |t| z, Lemma A.2 and formulas from (145) we have

+o0 +oo
cyit / ey dr = clit/ (cos(tx) + isin(tx))zr *dx
0 0
—+o00
— cyi sient |t|a/ <Cos(signt 1t] ) + i sign ¢ sin(|{| x))(|t| 2)d(|t| z)
0

+oo
= 11 signt |t|a/ (cosy + ¢ signtsin y)y‘o‘dy
0

= cy1 signt [t|* T(1 — «) (sin % + 7 signt cos Oé;)
= —[t|” (cos O;—W — i signtsin Oé;) = —[t|* e~ta(m/2) signt _ Pa1(t)-

Expanding the first term and e from the last integral in (84) into series for small ¢
we obtain

1/
itcl/a : +oo itr,—a : ‘1 itr,,—a
ft) = € + it er % r — cyit e"r %
0 0

a a
= 14 (t) it ()2 S i)
+ ©a1(t) + 1 ——itta 2(@_2)(2) + 6(a—3)(2) +
Now we consider g, (t). First of all note that since we put dy = --- = dy = 0,

equalities (70) for the coefficients Ay take the form

oA, 1
A T, k=2,
LG ai reeea8

Using this representation and expanding g,1(t) = e#o1() into series with respect
t0 ©a1(t) we obtain

Mﬂ—gm@0+i&%ﬁg

=2



3.5. Remainder term estimate: 0 < o < 1 61

= (1 + Ya,1(t) + Spi’;!(t) + @ig!(t) + .. ) (1 +§Aj¢é,l(t))

1
a5 Aot Ag) @200+

6
ek (43 ) et

g+ )
)

Yk (,;Jrqi(,ﬁz)!)Jr > a0 <]i!+§:2(kfuu)!>

k=s+1

Thus,

a (i) 5 &0 <;+Zs;(k/_1uu>!>_

k=s+1

f) -0 = Y- &

— |
= a—n n!

From this expansion for fixed s we can obtain formulas for pseudomoments ;.
Indeed, we have

[(1+s)a] S\
_ 7 — n/a o (Zt) a(s+1)
f@t)—g(t) = nz::l R +0(|t| ) as t— 0,

whence from Lemma 3.25 it follows that

; «
. for j=1,...,[(14s)al.
= j [(1+ s)a
It is important to note that s can be chosen arbitrarily. This means that for the
Pareto distribution we can always construct such A that we have as many finite

pseudomoments 5 := p;(H) as we want. O

3.5.3 Main result

In this subsection we just formulate our main result concerning the asymptotic
expansion of F,(z) and the remainder term estimate for the case 0 < o < 1.

Recall that we consider a sequence of i.i.d. random variables X, X;, X5, ... with
distribution function F' € DNA(G,,1) for 0 < < 1. We suppose that F' can be
represented in the following form:

&1 o do s dy

L= F(a) =+ 50 o+ 0

+u(zr), x— oo, (85)
where s € N and u(z) are such that

+00
sa > 1+ a, / ¥ du(z)| < oo for some ¢ > sa, (86)
0
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¢ = Ci(a),1=1,...,s, from (58) and d; are suitable constants for i =2,...,s.
Our goal is to build an approximation of the distribution function F, defined by

F.(z) =P (Snb_ n < ZL‘> ,

n

where S, = X1+ Xo+---+ X, and (a,), (b,) are some suitably chosen normalizing
sequences such that F,, — G, as n — co. From the definition of DNA(G4,1) (see
Definition 3.5) it follows that b, = an'/® with a > 0. Without loss of generality we
put a = 1, and also for a € (0,1) we can take a,, = 0, n € N. This means, we have

F.(z)=P (X1 ++ X, < mnl/a) = F™(an/®).

It is known that F,, — G4.1, but we want to construct a correction term for G, 1 (z)
in order to get a better approximation. Just as in Theorem 3.10 or Theorem 3.21 this
correction function is a linear combination of derivatives of the corresponding limit
distribution. The only difference is that the coefficients of this linear combination
depend on new pseudomoments i} = pu(F — Gg) defined by (79).

For a given distribution function F' we construct a function Gy, using formula (69)
and fix it. In terms of new pseudomoments pj for some r € Ry, r > aand n € N
we construct the function W, ,(x) for all € R as follows:

. P
Won(z) = > EnGO (g, 1) (87)
k=2 T
P mg B My k Pu,b,k _g v(_1) .
355 (1) et 525 gty N E e
s\t DS v
where p = [2(R + 1)/a], p = [2R/a], myp = [R+ 1+ al — 1 — k/2)],
m = 1+ [(R—ak/2) /(1 —a)], puer = max{0,[(R+1—u)/a+{—1—Fk/2|}
with a :
B r], it |r] #r
R_{r—l, it [r]=r" (88)
P! k ke
Cr.p = > — A A r, p € No, (89)
’ ko+ka++ks=p Folkg! -+ kgl
2ko+--+sks=r
s is from (85), A;, j = 2, ..., s, are from (70), G®*)(z,1) are defined by (71) and
~ 6' qu{ k1 ,U}} kr
ng = Z 7]{:1']@%‘ <1'> (R') s u = f, sy My k- (90)

k’1+2k2+...+RkR=u
ki+tka+...+kr=~

Then we have the following analogue of Theorem 3.21.

Theorem 3.26. If for r > 1 we have 0 < v} < oo and v§ < 1, then for all z € R
and all integers n > 2 the following inequality holds:

|Fu(@) = Gap(@) = Wen(@)] < C (142705 (1405 Qu),
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where constant C does not depend on = and n, W,,(x) is defined by (87) and
Qn=1v"""+ (Sup|t|>g|f(t)| + 27;"71_’"/0‘)”_1 with £ defined as follows:

am 2+D/j/2 am 1/(1-a)
S 1 1 L [eos (7) cos (7) 91
€ =ming 1, —, , A , (91)
co’ (2D)Ve’ Dl/e 8D 16ec

where cg = (Vg + 1)yY", D = 2n<13<x{2 |A;|1Y7Y, p = [2(R+1)/a] with A; defined
<j<s
by (70) and R defined by (88).

Proof. Section 4 will be devoted to the proof of this result. n

Remark 3.34. If v5 < 1, then for each ¢ > 0 we have supy,.. [f(t)] < 1. Indeed,
from formula (77) for g, (t) and from definition (80) of v we have

< /0+00 ‘d (F— é’a) (ac)‘ = 1.

Then, using formulas (77), (74) for g, (t) and the fact that 1§ < 1 we obtain:

70 = g0 = | [ e (F = Ga) (o)

o0

FOI < v5 +19a()] < 5 + |9 (1) (1 + Z |4;] wa;,l(t)|>

Jj=2

<y 4 eI cos(am/2) (1 +3 14 |t|aj) <1 for large [t].

=2
Finally, from Lemma A.16 it follows that sup, .. |f(t)| < 1 for each £ > 0.

Remark 3.35. Note that there exists such ng € N that n'/*Q,, < 1 for all n > ny,
since 5 < 1 and, as a result, sup,.z[f(¢)| <1 (see Remark 3.34).

Example 3.11. Let us consider a Pareto-distributed random variable X with
a = 1/2 and k = 2, where ¢; = C1(1/2) = 1/y/7 is defined in (58). The dis-
tribution function F' of X has the form:

1
1—F(x) = NN x> 1/

Comparing this representation with representation (85) we can make the following
conclusions: s can be chosen equal to 3 (since 3 > 1+ ), u(z) = 0 and ds = 0.
Coefficient dy can be chosen arbitrarily, since ¢; = C(1/2) = 0 (see formula (58)).
Let us put dy = 3/4.

In order to apply Theorem 3.26 we have to check the condition vj < 1 and to
decide for which r we have v} < oo and v} < co. According to the definition (80)

we have o
* T
e[
0

3
Giya(z) = Grjoa(z) + 3 A; GO (2,1)

=2

d(F —Gyp) (2)

Y 71207

where
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with coefficients Ay = —1/8 and A3 = —1/24 (see (69) and (70)), chosen in such a
way, that ~
F(x) = Gija(x) = O (x_5/2) as T — o0.

Note that we obtain O(z~%/2) and not just O(x~¢+1)) = O(2~2), since C,(1/2) = 0
in (57). Therefore, 73, < oo and v} < oo for r < 5/2. So, we apply Theorem 3.26
with r = 5/2.

Let us check whether the condition vj < 1 is satisfied. Note that the stable
distribution corresponding to G /271<SE, A) is a Lévy distribution which has an explicit
density function

A 2
pl/z,l(% A) = NG e is x_%, x>0, A>0.

Using this we get

vy = /OOO ‘d (F - é1/2> (x)‘ = /Ooo ‘p(aj) —]’51/2(33)‘ dx, where

51 o() 1
xT) =
Piy2 384 /7
Using software Mathematica we obtain vy =~ 0.32 < 1. Thus, Theorem 3.26 is

applicable. Now, let us see now how the correction term Wj /s, () looks like in this
particular case.

e~ Tr g2 (192933 +482% — 18z + 1) .

12

—~ Ck.n
Wsjan(z) =3 —2GOR (2, 1)

nk:
k=2
8 1+4[4—k/2] My, k Pu,l,k v u
n\ Cen—rt u,k+v (_g/n) <_1) —u/a Y
R EE e

where my, = [3—1—%(5—1—%)}, pw,k:max{o, [2(3—u)+€—1—§}} and

p! —1\k2 s—1\ks N
o= 2 kolk2!k3!(8) (24) "p € Lo,

ko+ka+ks=p
2k2+3k’3:7’
. Yi K\ k1 %\ k2
Cum 5 () ) et
k1 +2 ky=u 1- K- ! .
k1+ko=V

The first and the second pseudomoments pj, 5 can be found precisely using the
same method as in Example 3.10. The only difference is that we do not put dy equal
to 0. We get

1/

pi= [Ced(F-Gup) @) =TT+ (G4 a) =5 -

*—/OO 2d(F = Gip) (x) = 2! " —(1+1A +A) b
Ha= fo ° )= g2y N2 T2 T ) TR T 3

Y

1
m
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From Theorem 3.26 it follows that for all z € R and n > 2 we have

Fal2) = Grjaa(®) = Wappa(2)| < C (L [a)) 207 (1407 Qu),

where Q, = ;" + (Sup‘t|>g|f(t)| + 27:71_5/(20‘))”71 with & defined by (91). O






4 Proof of the main result

4.1 Some auxiliary functions and plan of the proof

In order to prove Theorem 3.26 we need to introduce some auxiliary functions. The
first one is a truncated distribution function. We define it for any fixed n € N and
¢ €10,00) as follows:

= F(y)  for y<n*(1+¢),
F =< ~ R. 2
n‘uf(y) { Ga(y) for y> nl/a(l +€)7 ye (9 )
Thus, we have a family of truncated functions: (fn 5) .
>/ neN,Ee(0,00)

We denote H,¢(x) = Fpe(x) — Go(x), ie.

_ { H(z) = F(x) = Ga(w)  for ax<n®(1+8), g (g3

Hye(x) = 0 for x>nY(1+¢),

and consider pseudomoments fi; , . = fi; (H n,g) and Uy pe = Uy (H n,§>. They are
well-defined for the same reasons as those for which pf and v are well-defined (see
Remark 3.33). Moreover, for any i € Ny and any r > 0 we have |z, ,, (| < co and
Upne < 00. Indeed, putting N = n'/(1 + €), taking into account the possible jump
of ﬁ(mla‘c point = N, and using the boundedness of v (see Lemma 3.24 (7))
and of G, (see (72)), we obtain

dﬁ(az)’ + N"

_ — +oo — N N
Ve = v (Hug) = /_ el |dHeo)| = /0 z" H(N)|

N (/ON\dﬁ(m)H\ﬁ(N)D < N7 (5 + [F(¥) = Ga(N)))

IA

< N (05 + 1+ |Ga(N)

<oo Vr>0o0. (94)
)

From (94) and from Lemma 3.17 it follows that |z, ,, | < V¢ < oo for any i € Ny.
Note also that for all n € N and £ > 0 we have

Foe(z)=Hpe(z) =0 for z<0. (95)

This follows from Lemma 3.22 (i) and from the fact that we consider only non-
negative random variables, i.e. we have F(z) = 0 for z < 0.

Let us consider one more function. We denote ﬁng(m‘) = ﬁng(x) — ﬁn,o(x).
Using the definition of H, ¢ we obtain

=

= { F(z) — éa(x), it xe€ (nl/a7 nt/e(1+ 5)} " 1 eR (96)

xr) =
ne(®) 0, otherwise,

Note that ﬁn,g and ﬁn,é are functions of bounded variation. This follows from the
fact that H(x) = F(x)—Gq(7) is a function of bounded variation (see Remark 3.33).

Thus, pseudomoments g (M n,g), k € Ny, and absolute pseudomoments v, (Mnf),
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r > 0, are well-defined. From the definition of ﬁmg, ﬁn,g, Lemma 3.17 and in-
equality (94) it follows that

n,&) = fi,n,f < 00, 1€ No. (97)

|

(M) < vi(Me) < wi
From Lemma 3.22 (¢4i) and from the definition of ﬁn,g it follows that

lim M,e(z)=0 forall neN and &>0. (98)

T—+00

The following two lemmata give some properties of pseudomoments i, ,, ¢,

,uZ(M ne) and T, ¢ as well as the connection between them and pseudomoments
w1 and v;:. Recall that for any » € R, we denote

. (99)

Lemma 4.1. For pseudomoments ﬁm@ Lbi (ﬁn5> and p! the following statements
hold true.
(i) ﬁO,n,{ = Mo (ﬁnf) =0 forallneN and & > 0;

(ii) If for r > 1 we have 0 <} < oo, then

< 2N+ &)y, u=1,...,R,

ﬁu,n,{ - :u::
where R is given by (99).

Proof. (i) We put N = n'/?(1 +¢). Then,

= too — too — +oo — +oco
fone = [ dlac@)= [ dlue(@) = [ dFuc(e) ~ [ dGala)

= [Tar@) v [ aGuw) + Gul) - FO) - [ dGate)

0
N
- / dF(z) — F(N) = 0.
0
Using the last equality and the definition of ﬁmé (x) = Hpe(x)— H,,o(z) we obtain
— +oo — too — too — — =
po (M) = [ dMycla) = [~ dHocla) = [~ dHyo@) = Tip e = Tipmo = 0.

(ii) Using the fact that lim H(z) = 0, which follows from equality (73), we have

T—r—+00
foru=1,...,R:

Fung— | = | [ wd (Ao = 1) )| = | [~ 9 afity) + N F ()

Lo

IN

+
“|dH (y ‘N" dH(y)’
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< /Nmy” N(y)\+N”/N+oo\dﬁ(y)\

+oo
< 2 Tyrlam)
N

We distinguish two cases. For [r] # r we obtain

Fune — | <2 [yt dB ()] <2 NN [T
N N

dH (y)| < 2N"7;.

For [r] = r we have

Fune —pa < 2 [yt dH )| 2NN [Ty aE )
< oNuT (/0 2 dH (x +N/ g |dH( )D
< 2N"Typ
This completes the proof of the lemma. n

Lemma 4.2. If for r > 1 we have 0 < v} < oo, then
(i)
Ukne <vi < (g + )", k=1,.. R,
where R is defined by (99).
(i)
= 1/a =T
Vane <C(n°(1+8)" 97 q>r qeR, (100)

where C' is some constant, which depends only on q and r.

Proof. (i) As always we put N = n'/%(1 + ¢). Using the fact that hm H(z) =0

r——+00
we have for k=1,..., R:
_ +oo — +o0 — N __ .
Tine = [ | ()| = /0 o [dH ()| = /0 o [dH ()] + N*| B (V)
= /ka ‘dﬁ(m)‘ + N* /+OO dH ()
0 N
N — +oo —~
< / xk‘dH(x)‘jL/ xk‘dH(x)‘ = v}.
0 N
*l/r.

The other inequality from (i) we obtain as follows with z =

v, = /OJrooxk‘dﬁ(a:)‘ :/Zxk‘dﬁx ‘—l—/Jrooxk‘dﬁ(x)‘
k o [r]J/

zk_rz/ zr ! ’dH

*k/r

<zk

, (@) +

< Ry < (5 )
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(i) We denote T'(x) = — [/ 2t ‘dﬁ(z)} Using integration by parts, we obtain
o —+o00 J— +oo — N .
Ugne = / zd ‘dHng x) ’ :/ x! ’dHn,g(x)’ :/ 29 RdT (z) + N? ’H(N)‘
—o0 0

— (xq RT —/ R) 9~ R= 1T( )d:z;—i—Nq_R/Jrooa:R‘dE(x)‘
N

400 —
< NTET(N) +/ q— R) g7 ! / 2 ‘dH z)‘ dx — NTET(N)

/ Iqur[r]/
0
N
/ xq’”lx/ zrl‘dH ‘d it r=]r]
0 T

N R
< (q—R)%i*/O 24" dr < 2_T NTT

dx, it r#r|,
= (¢-R)-

The lemma is proved. O
. . . . :g*
The following lemma gives us the estimation of absolute pseudomoments of H, .

in terms of pseudomoments of H, .

Lemma 4.3. For alln,/ € N, £ >0 and all ¢ € Ny we have

—lx _ g
vy (HM) < Dy Tope < 00 (101)

—*
In particular, the absolute pseudomoment v, <Hn7£> is finite.

Proof. Using (95), the definition of the ¢-fold convolution of ﬁné, inequality (148)
from Lemma A.6 and the fact that 7, ¢ is finite for any r > 0 (see (94)), we obtain

for ¢ € N:
—lx +00 400 +oo —(E 1)x* —
vy (Hn7§> = /0 xd = / x4 d/ (x —y1)dH,e(y1)

+o00 +o0
< [ \dHngyl\ |dT ()|

—,_/
L

o (77 Y a|m a5 St
4 </o ’dHné(l')’) /0 x ’dHn,g(:B)’ < VyneVype < 0.

dH, . (v)

IN

—x _
Similarly we can show that 1 <H n,£> < 7371’5. The lemma is proved. ]

—0x
Below we give one more useful lemma about the pseudomoments of H,,
Lemma 4.4. The following properties hold true.
(i) For all u,l € N we have

—0x ul —
Hu (Hn,§> - > Tl g Frng " Fegne:
ki+ka+-+ho=u "1° ¢
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(ii) For all u,¢ € N with u < { we have
—*
,LL’U, (HTL7§) - 0.

(iii) For fited R > 1, €N and u=1,..., R we have

— : U
““(H”f)_“' 2 kzll---kR!< 1! )

kitko+-+kr=~
k1 +2k2+...+RkR:u

- k
[ FRng "
R! '

—*
Proof. (i) Using (95) and rewriting p,, (H ng ) and using formula (147) from Lemma A.5

we obtain

—0% +00 w — (%
L (Hn,g) = / y“dH, ¢(y)

0
+o00 +o0 —_— —
= / (2144 20)"dHpe(21) - - dH e (20)
_,—/

+oo Foo u! N —
= [ / T A () dH ()
k1+k2+ +ki=u

u! _ _
= Z Torl - fegl M Hhenig:

ki+ko+-+ke=u

(77) If w < ¢, then there exists such ¢ € {1,...,¢} that k; = 0. Therefore each
product fiy, ¢ fg, ne from above contains fi,, .. According to Lemma 4.1 (i) we

— —x

have 1, . = 0. This implies 1, (Hn,£> =0 for u < £

(#7i) Note that if u < ¢, then the right side of the equality in (ii7) is equal to 0 since
we have to sum up over the empty set. This fact together with statement (ii) gives
us the statement of (ii7) for u < ¢. Let us consider now u > ¢. Using the properties
of the inverse Fourier transform h,, £(t) of H, £(x) (similarly to Lemma 3.25) we find

too L — it _ it)" _
Pne(t) == [m e dH, () = A i <R)u“RM +O([t|*Y), t—o0.

Using this expansion and formula (147) from Lemma A.5 we obtain for ¢ — 0:

— it (it)® ¢
e (t) = ( O MW) +O(t])

1! R!
! n 1 ne PR
- kil ke l(ﬂlif) "'(m;évﬁ) (iyrr et B O™
kid..Akp=¢ V1 VR : :
R [(:1\u T k : k
I SUG I O (Pune) ™ (Frne) ™ omeny
ul Bl kg \ 1 R! ‘
u=rt k1tkottkp=t

k1+2ka+...+Rkr=u
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==/ —l*
On the other hand we can consider h,, ((t) as the inverse Fourier transform of H,, (),
i.e. we have

=t it —tx (it)f —
hue(®) = S () o e () + O™, ¢ =0,

Taking into account property (i) and comparing coefficients in both representations

)
of h, ¢ we get the statement of (iii). The lemma is proved. O

We need one more auxiliary function, which is similar to the function Wr,n
from (87). Forr e Ry, > 1, n € Nand £ € [0,00) we define

p
Ck.n —=x
Wine(r) = > =LGOR (2,1) + W, (x)

k=2 "

(102)
p mg Mg,k Pu,t,k _ v({_1\u _
1 ZZ T Ckn—t Z Z G(u,k—l—v)(x’ 1>( t/n)" (-1 n=ve Ty,
oo\ oS vl 7
whete p = [2(R + 1)jal, p = [2R/a], mex = [R+1+a(t — 1 — k/2)],

m, = 1 +_[(R—ak/2)/(1—a)], Pusr = max{0,[(R+1—u)/a+{—1—Fk/2]}

with
_ Il it [r]#7
R_{r—l, it [r]=r"
P! .
Cr,p = > mflgz A p e N, (103)

ko+ka+-+ks=p
2ko+---+sks=r

sand A;, j =2,...,s, are from (86) and (70), respectively,

- 14 ﬁl,n,{ h ﬁR,n,ﬁ b
we 2 kll...k:R!< 1! > “\ R ’ (104)

k’1+2k‘2+...+RkR=u
ki+ko+...+kp=~

Ql

and
I (_1>R+1 Rl _
W elz) =n GELO (1) m no e« Hpiing
== 1 R+1 0 (_1)11; _ (105)
+n (Ga,l( ’ 7”) * M’mf) (xn /a> - Z nG(w7 )(ZE, 1) T”_w/aﬂw (M’mf)
w=0 :

with ﬁng(@ = ﬁng(x) — Hoo(2).

Lemma 4.5. For the function Wm?g defined by (102) the following holds true.

(i) anf is absolutely continuous and differentiable on R with Wm’f(x) =0
for x < 0.

(ii) There exists such constant W > 0 that ‘ng(x)‘ <W forall zeR.

(i) lim W, ne(z) =0,
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Proof. (i) According to the definition, Wm,f is a linear combination of the term
(Gml( -, n) *ﬁM) (zn/*) and some derivatives of a stable distribution function
Gai(z,A). From Lemma 3.14 it follows that G,1(x,\) is infinitely differentiable
with respect to x and A, and its derivatives are absolutely continuous. The function
Gai(-,n)x* ﬁn,g is absolutely continuous and differentiable as a convolution of the
absolutely continuous and infinitely differentiable function G, and the function of
bounded variation ﬁn7§. These facts together with the property Go1(x, A) = 0 for
r < 0and a <1 (see Section 3.3) and the fact that ﬁnf(x) = 0 for x < 0 give the
statement (i) of the lemma.

(77) Let us consider G, 1(-,n) * ﬁn,{- Using (97) and the fact that G, is the
distribution function of a stable random variable we have

(Gaalm)# M) (an'/)| = ‘/_:o Go (a0 ~y.n) dMn,f(y>'
= /;Oo 1 ‘dﬁnf(y)‘ - Vo(ﬁn»ﬁ) < V0<ﬁn,£) = Ve < 00.

Using the last estimate and estimate (59) from Lemma 3.14 we obtain the inequality
from (i7) for all x € R:

|Ckn’ ’Ckn (| PR / )v —uja |7
ot < 35 22y, 4 3285 (1) e 558, 0 e
k=0 (=1 u=t v=0
— 1 R4l |— B+l — —
+nVone +nDri1g mn /J’R—i-ln&‘ + Z ano ‘Uw Mné)’ = W.

Note that all pseudomoments occurring in W are finite (see (94) and (97)).
(i71) Let us show that l_1>rJ£1 (Ga,1( S n) x ﬁn§> (zn'/*) = 0. Using the definition of
(o1 and Lemma 4.1 (i) we obtain

“+oo

lim (Ga,l( -, n) ok ﬁng) (zn'/*) = lim Ga (ﬂinl/a -y, n) dﬁn,&(y)

T——+00 r—+00 ) _~o

— oo — —
= / lim G, (:m foo y,n) dM, ¢(y) = L LdMpe(y) = po(Mpe) = 0.

0o T—r+oo

The convergence of all other terms to 0 as * — oo can be proved in the same way
as in Lemma 3.22 (7iz). This completes the proof of the lemma.
m

Now we are ready to give a plan of the proof of our main result (Theorem (3.26)),
which we repeat here for the sake of readability. Recall that
F.(x)=P (Xl +---+ X, < $nl/0‘) = F"*(xnl/a).

Theorem. If for r > 1 we have 0 < 7 < oo and v5 < 1, then for allz € R and all
integers n > 2 the following inequality holds:

|Fu(@) = Gap(@) = Wen(@)] < C (14205 (1405 Qu),

where Wi, (z) is defined by (87), Qn = 1" '+ (Sup|t\>§‘f( )+ 27 —T/a)  with
g defined by (91) and constant C' does not depend on x and n.
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Plan of the proof.
In order to estimate ‘Fn(x) — Gaa(z) — Wm(x)‘ we add and subtract the auxiliary

functions fz*é and Wm,g with some fixed £ € [0,00), and come to the following
inequality.

Fo(z) — Goz71(x> - Wr,n(x)

< ’Fn(x) - fz*ﬁ (nl/o‘x)‘

+[Fre(non) = Gat (@) = Wene(@)| + [Wone(@) = Wen(a)].

We discuss and estimate each of the three summands on the right-hand side sepa-
rately in the subsequent subsections. Combining the results we will then obtain the
estimation from the theorem.

n,

4.2 Estimation of ’Fn(a:) — fnz (nl/ax)’

Recall that fmg is defined by (92) and depends on n € N and ¢ € [0, 00). First, we
prove the following auxiliary lemma.

Lemma 4.6. If for r > 1 we have 0 < 7} < oo, then

+oo | —
(i) / ’an,f(y)‘ <1+4+2yn7"* nelN;
0

(ii) sup [F™(y) = Foe(y)| < Cypn /2 (14 )7, n>2,
where C' is some constant that does not depend on n and .

Proof. (i) Putting N = n'/%(1 + ¢) and using the inequality |z| — |y| < |z — y|, we
obtain

[T VFw| < [ ar)+ [ aGu)| + OV - GutV)
= 1= [Tare) + [ ]d(Galy) = F)|+ [AW)
V[ ]a (P) - Gat)| +| [, df )

+oo —
< 1+2/ [dH(y)] < 142N~
N
= 142071+ &)y <1+ 2n "oy

IA

(7i) First, we represent the difference F™* — fz*g in another form. Using the fact
that F(z) = F¢(x) =0 for < 0 we get

F™(y) — Fyely) =

—=(n—1)x —nx

= F(y) £ F" Vs Foe(y) £ £ FxF (y) — Foe(y)
n—1 . —j% . —(j+1)*

— =i Fig(y) _ pla—i=Dx ani;r ) (y)) (106)
=0
n—1

5

= /0 o (F("‘j‘l)* ST (y— u)) 4 (F = Frg) ().
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Using Lemma 4.6 (i) we estimate the m-fold convolutions of fn,g form=1,2,...,n,
n € N:

Friw)| =

_l’_

+
[ [ Fuely—w = =) dPgun) - dF et 1)
0 0

m— 1
< max{1,G} < /O o ]an,§<y)])m_1 < A(1+ 2" o)

where G is defined in (72) and A := max {1, G } Moreover, since F' is a distribution
function,
|[F™(y)] <1 forall m e N,.

The above estimations lead us for j =1,...,n—2 to
n—l—j)x L 7% =I* « —rfa)I 71
(P Fle) ] < sup[Foit] < 4 (1 2n 7y

Using
too ol too = T —r %
L laF -Fud @) = [ dHw)|+ [H)| <28 aos)
and the three above estimates, we obtain with C' = 2A

< 2yIN7" (SA(l%—Q%n ’"/a> +1>

J=1

—nsx* ’

[F™(y) = Foe(y)

IN

27, N™" (A (1 +2vin *T/a) -1+ 1)
n—2

< 2AyinN™" (1 + 2%77,”’/‘1)

= Oy (129 /e) T (1 g

Since the function f(z) = (z — 2)/2"/*, = € (0,00), with r > 1 > «a takes its
maximum at Tmyax = 2r/(r — «), and since 7 > 0 and n > 2, we have the following
estimation:

n—2 2v5(n — 2 2
(1 - Z’ﬁfn#/a) < exp <% (n/ )> < exp (27: f ( d )) =:C < 00.
nr’e r—a

This completes the proof of the lemma. O

Theorem 4.7. If for r > 1 we have 0 < v} < oo, then for all z € R, £ € [0, 00)
and all integers n > 2 the following inequality holds:

[Fu(2) = Fre (nV0)| < Oy /e (14 ¢)
where C' is some constant that does not depend on n and &.

Proof. The statement follows from the fact that

F.(x) — fz*g (n”‘%) =F™ (n”‘%) - fn*g (nl/ax)

n,

and from Lemma 4.6 (i1). O
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4.3 Estimation of ’Fz*g (nt*z) — Gaa(x) — Wr,mg(x)‘

Estimation of this term is the most difficult part of the proof. That is why we start
this subsection by giving the general plan of our actions.

Instead of the required difference we consider the function A, ¢ : R — R with
Ay e(x) = fz*g (nl/ax) — Goi(z) — Wm,g(x) — ﬁz*g (nl/ax>. (109)

Remark 4.1. Note that A, ¢(x) = 0 for z < 0, since all the components of the
function are equal to 0 for z < 0.

The first goal of this subsection is to apply the following result of Christoph and
Wolf [12] to A, ¢(z).

Lemma 4.8 ([12]). Let the function A: R — R be given and let s € Ny. If
(i) A(z) is absolutely continuous with A(x) — 0 as |x| — oo,
(i) 2 Jol? [dA()]| < 0,

(iii) and there exists a constant Ky > 0 such that

|A'(2)| < Ky (1+ |z)™  for all z € R,

then
|A(z)| < Cs (1 + |z])~° (IO(T) + I,(T) + KST’I) forall x € R and T > 1,

where Cy > 0 depends only on s, and

I.(T) :/|t<T|dm(t)||t|‘1dt with (1) :/+Ooemd(xmA(a7)), m € {0, s}.

—00

Proof. See [12, Theorem 1.16]. ]

We will check each of the three conditions of Lemma 4.8 for A = A,, ¢ separately.
Conditions (i) and (i7) are easy to show. Verifying (i) is fairly technical. We will
divide the proof of it into several parts. After that we estimate Io(7) and I4(T)
defined in the lemma and obtain the estimation of A, ¢(x).

According to

—=nx*

F, e (nﬂ%;) — Gaa(2) — Wrni(x)‘ = ‘A”5($)‘ * ﬁz*é (nl/axﬂ

we will need the estimation of ﬁf} (nl/ ax) as well. And as the last step we will

combine everything in order to estimate ‘fz*f (n””‘x) — Goi(z) — Wrng(l')’



e ()] 7

=

4.3. Estimation of}?::; (nl/“x) — Gaa(x) —

4.3.1 Condition (7)
Let us show that condition (7) of Lemma 4.8 is satisfied.

Lemma 4.9. The function A,¢(x) defined by (109) is absolutely continuous and
differentiable on R with A, ¢(x) = 0 as |z| = oo.

Proof. First, we show that A, ¢ is an absolutely continuous and differentiable func-

tion. According to the definition of ﬁmf we have an = éa + ﬁn@. Using this and
expanding the n-fold convolution of the sum we obtain

Ape(@) = (Go+ Hyg)" (n20) = Gon(2) = Winelx) = Hye(nVox)

n-l ~(n—0)x —lx —
=> (Z) (GiY 0% ang) (nl/ax) — Goi(z) = W, e(z).
=0

All terms after the last equality sign are absolutely continuous and differentiable
on R. This follows from the properties of convolution and Lemmata 3.22 (i) and 4.5 (7)
for éa and Wm’f.

Now we show that A, ¢(x) — 0 as x — £oo. Since A(xz) =0 for z < 0 (see Re-
mark 4.1), it remains to show that A, ¢(x) — 0 as £ — +o00. From Lemma 3.22 (i)
it follows that G4(z) — 1 as  — +oo. Using this fact and the definitions of ?n,f
and ﬁnf we obtain

(110)

—nx*

F (nl/ax) —1, x— +oo,

n7§

—nx*

H, . (nl/ax) —0, = — 4o0.

Function G, is a distribution function of a stable random variable, so G 1(x) — 1.

From Lemma 4.5 (ii7) it follows that ng(a:) — 0 as * = +o0. Combining all

these limit equalities we obtain that A, ¢(z) — 0 as x — Z00. The lemma is proved.
O

4.3.2 Condition ()
In this subsection we will show that condition (i7) of Lemma 4.8 is satisfied.

Lemma 4.10. If for r > 1 we have 0 < v < oo, then for anyn € N and £ € [0, 00)

r—1, r={r],

+oo
/ || |dA,, ¢(2)]| < oo, where R = { ] r# bl

and A, ¢ is given by (109).

Proof. Since A, ¢(x) = 0 for x < 0 (see Remark 4.1), we have to consider only
non-negative  and show that [, 2f*1|dA, ¢(x)] < co. We split the last integral
into

a +00
I = / e dAe(z)]  and L= / 2P |d A, ¢ ()],
0 a
where a € (0,00) is a constant chosen as follows:

R+1
a=2max {Lmax{A;} |, 0= 1o Rt 3+ fa(n=2)), j =01 sn+ | "=
17.] a
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where s € N is such that sa > 1 + « (for details see Section 3.5.1, formula (85)),
and A;; are defined in Lemma 3.14.

Integral [;. Since A, ¢ is absolutely continuous (see Lemma 4.9) it follows that A, ¢
is of bounded variation on [0, a] (see [47, Lemma 5.11, p.108]). Using this fact and
27, Kapitel XV /574] we obtain that I, = [y 2% |dA, ¢(z)| < oo.

Integral I,. We start this case with rewrltmg A, ¢(x) in another form. Using repre-

sentation (110) of A, ¢ and applying Lemma 3.23 to G we obtain

:K*

Ane(@) = G (nVoa) + Z ( ) ( (n=0)» *ng) (V°2) — Gy (x) — Wme()

=]

Ck,n
= Goa(a) + Z CEOO(1) — Gan(@) = Wrng(a)

+§:<>/‘ G (0 — y)) dH, (0 "),

where coefficients ¢, are defined by (76). Taking into account that ¢y, = 1 and

c1p = 0 forall p = 1,...,n, we apply Lemma 3.23 to ég‘_@* and come to the
following representation:

sn Chm _
Ane(x) =" WG(M) (z,1) = W, e(x)

k=2

n=l /. s(n—2) Comt [ o n— ¢ o 1 (111)
5 (1) 5 S L (o o).

=1 k=0 TV J-oo n

n—1¥¢

Let us consider the integral / GO (x -, )dHng( ”“y). Using esti-

mate (59) from Lemma 3.14 and the fact that > a > 2 we have for |y| > z/2:

/ xR+1/
a ly|>xz/2
00 —/\
S/ xR+1/ Dis (n )
a ly|>x/2 n

oo —(%
< C/ JERH/ YB3 B3 di, (nl/ay)
a ly|>z/2 '

<C °°$R+1 £/2)-F-3 R+3
S A

y|>xz/2

—l* oo _92
< CUgys (ng) / T 4dr < oo,
a

g nl/e )‘dx

n

dﬁf; (nl/o‘y) dx

i (112)

dﬁi; (n”“y)‘ dx

—*
where the last inequality holds, since the absolute (R + 3)-pseudomoment of H, . is
finite (see Lemma 4.3). Now consider the case |y| < x/2. Recall the notation

" n—1{ dvtF

A:"T_[,z:ac—y
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Using Lemma A.8 with 2 = x — y and a = x we obtain the Taylor expansion for
Gk (a:' -, ”T’g) with respect to the first variable at the point a = x:

g\ T — 0\ (=)
G(l,k) (.I — v, nn ) — Z G(qul,k) <I, n > ( y)

!
=0 n u!

g2 (4 gy (—gy)mest!
no ) (megp+1)0

where 6 € (0,1) and my, = [R+ 1+ a(l —1 — k/2)]. It is easy to see that for all ¢
and k we have my; + 1+ ak > R+ 1. Such choice of my; provides the convergence
of the integral considered below. Indeed, using estimate (60) from Lemma 3.14 and
the fact that 2 — 0y > /2 > a/2 > max{1, max;{ Ay, +2.}} for |[y| < /2 we have:

0o _ _ oYM+l
/ $R+1/ Cr(mek+2,8) (x gy, n €> (—y)mek
a ly|<z/2

no ) (meg+1)!
< O/Oo $R+1 / (ZE _ ey)—mg’k—Q—ak |y‘me,k+l
Ja ly|<z/2

o0
S C/ fomkaak:fl/ ’y‘m[’k+1
a ly|<z/2

i 16 .
< C Vpypt1 (Hné) / x— dr < o0 with some ¢ > 0.
a

dx

dﬁijg (nl/ay>

dﬁf; (nl/o‘y) dz

dﬁf:{ (nl/ay) dz

Using the expansion of G(1F) (x —, %) considered above we can rewrite

n—"0\ =t o
/|< /QG(Lk) (x Y n ) dH”’5 <n1/ y)
Y|

e,k ) _ —_a %
_ Z /+ G(u+l,k) (I, n - E) ( y) dﬁi,g (nl/ay)
u=0 7~

u!

me,k

. (u+1,k) n—1{ (_y)u Tl 1/a
Z ~/|y>x/2 ¢ (ZE’ n ) u! dHn’g (TL y)

u=0

—_ g —_ m[’k"rl —%
+/|y<z/2G(m‘v”2”“’ (sv—ﬁy,n >< ) dH,, ¢ (”l/ay)a (113)

n

where for the second sum we have the following estimation (by using the same

procedure as in (112)):
G(u-i—l,k) (I’ n-— ‘€> (_y>u

mye k

Z /y|>w/2

u=0

* Ryl
a n 'U,l

Now for each n € N and each ¢/ = 1,...,n — 1 we apply Lemma A.8 with
z=1-— %, a = 1, and obtain the Taylor expansion for G(“+1F) (x, ”T’e) with respect
to the second variable at the point 1:

G(qul,k:) (13 n-— g) _ puz&k G(u+1,k+'u) (.T 1) (_E/n)v
n

|
=0 (o

u, e,k 1
+ G(U+1,k+pu,£,k+1) (.’L’, 1 o 0€> (_f/n)p 0,k 7
(Puer +1)!

dr < oco. (114)

T (n779)

(115)

n



80 CHAPTER 4. Proof of the main result

where 6 € (0,1) and p, ¢ = max{0, [(R+1—u)/a+{—1—k/2]}. It is easy to see
that u 4+ a(k + puer + 1) > R+ 1. Such choice of p, ¢ together with estimate (60)
for x > a provides the finiteness of the following integral:

o0 +oo Pu,e, +1 a2 \u — s
o et (1) S
S ) n (Pues + 1! u! !
0 +oo —*
S C/ xR—f—l x—u—l—a(k’-ﬁ-pu,e,k-ﬁ-l) dx[ |y‘u deg (nl/ay)’
= 1 :
<Cuy, (anf) / x dr < oo with some ¢ > 0.
(116)

o0

— (% —x
Define P, ¢, = [% y"dH,, , (nl/o‘y> = n 7Y, (ang). Note that P,,, = 0

for all u < ¢ (it follows from Lemma 4.4 (ii)) and that P, ,/ul = nu/e 6%5 for
u = 1,...,R (see Lemma 4.4 (ii7) and formula (104)). Substituting representa-

tion (113) and expansion (115) in formula (111), and using the definition of Wm,g(x)
n (102), W:Lg(x) in (105), and two facts from above about P, s, we get

s(n—20)

e/ n—1
dAne() = 3 =G0k <x,1>dx—wn,g<x>dx+z<2> S Skt
/=1

%
k=0

my u
ap (. on—4t (u+1,k) n—10\ (-y) F* [ 1/a
/y|>x/2 (G (m Y ) Z ¢ ( n ) u! i, (n y)

u=0

— 0\ (—y)mertt —
Gmest2k) (o g, dH /e
+ /|y|<x/2 T y7 n (mé,k + 1)| n,§ (n y)

my Pu,e, +1 u
+ Z G(u-i-l,k-‘rpu,e,k-f—l) z, 1— 9{ <_€/n> L,k (—1) Pu,&n
= n) (puer+1)  ul

dx (117)

n—1s(n—~£) mgy n—1s(n—¢ c

H(EE SRS T S ()
/=1 k=0 u=R+1 (=1 k=p+1lu=Cf k=0l=mp+1u={

Puer (L)’ 1)

. Z (”)Hpu’m G(qulJerv)(I7 1) dr

v=0

vlu!

mMek Pu,lk

Ch,n—t —1) (=) —uja A 1k+
o 3 e e T I

k=0¢=1 uR+1v0

We need to show that [ 2f+!|dA,¢(z)| < co. We have already shown above
(see (112), (114), (116)) that there is no problem with the summands in square
brackets from representation (117). Let us check the convergence of the integral for
the first term of (117). Taking into account that p € N is chosen in such a way that
(p+1)a > R+ 1, and using estimate (60) from Lemma 3.14 for z > a we obtain:

400
/ LR
a

> Chin (1) (,1)dx

k
k=p+1

< Z ’Ckn| $R+1 ’G(l’k)(x,l)‘dm

%
k=pt1 TV Ja
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sn + sn +
S C Z |Ck:,’;1’ OOIR—&—I—(I—&-ak)dx S C Z ‘Ck:,kn’ Oom_l—édx < 00,
k=pt1 1V Ja k=pt1 U Ja

where § > 0. In a similar way we can show the convergence of the integral for all
terms after the square brackets in (117). Namely, for the first and the last sums
with u > R + 1 we apply Lemma 3.14 and obtain for x > a:

+00 “+00 +oo
/ LR ‘G«(qul,lerv)(x7 1)‘ de < C/ R (ut14a) g < C/ 2 < oo

For k > p+1 with p = [2R/a] we have R—u—a(k+v) < R—1—a(p+1) < —R—1,
and the integral of the second sum converges too. Finally, for £ > m;+1 and k < p
weget R—u—alk+v) <R—{—ak<R—(mp+1)—ak < —1 (see estimation
of (163) from Appendix B). Using this fact and Lemma 3.14 we obtain the following
for the third sum:

/+O° LR )G(u—i-l,k—l-v) (z, 1)‘ dr < C/+°° A=) 0 o)

—x/

It remains to show that [z W | (x)|dz < co. From (105) it follows that

—x/

(—1)R

nelT)=n G20 (1) R+ noe fpiypne
d A 1 = (=1)" T
s . Joy (w+1,0) —w/a
+n o (Ga,l( ROE: Mn,g) (xn™®) wz::onG (x,1) o (Mng) :

From Lemma 3.14 it follows that

/+°° iy ‘G(R”’O)(a:, 1)‘ dr < C’/+OO xR+1—(R+2+a)dx < .

Let us consider the second term of W:Lg(x) Using the definition of the convolution
and formula (55) we get

— 00 —
(Ga,1( -, n) ok Mné) (zn'/*) = Gon( —y, 1) dM,, ¢ (yn*/®).

Now we distinguish two cases: |y| > x/2 and |y| < z/2. Using estimate (59) from
Lemma 3.14, the fact that x > a > 2 and acting in the same way as in (112) we
obtain for |y| > x/2:

o0 o0

/QIL'R+1 / ‘G(l’o) (x —y, 1)’ ‘dﬁn{ (nl/ay)‘ drx < Cvpys (ﬁM) /a:"Qd:c < 00,

a ly[>z/2 @

where the last inequality holds, since the absolute (R + 3)-pseudomoment of ﬁné is
finite (see (97)). Now consider the case |y| < /2. Using Lemma A.8 with z =z —y
and a = z we obtain the Taylor expansion for G0 (z — g, 1):

G(l,O) (33 —y 1) _ Ri_:lG(erl,O) (.CL' 1) (_y)w + G(R+3,0) (I‘ o 9y 1) <_y)R+2
’ Tl (Rt 2)0

w=0
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where 0 € (0,1). Taking into account that z — 0y > x/2 for |y| < x/2 we get

/ xR+1/
a ly|<z/2
< C/ xRJrl/ (& — By) 3 |y| 2 ‘dﬁn,f (nl/ay>’d:c
a ly|<z/2
< C/ xR—i—l—R—S/ |y|R+2 ‘dﬁn,ﬁ (nl/ay)‘ dr
a ly|<z/2

< C Vgyo (ﬁng) /OO r 2dx < 0.

( )R+2

GEFS0) (2 — 9y, 1) R+2)

‘dMng( Lo )]dx

—x*/
Plugging the Taylor expansion into the formula for W, . and taking into account

W n,£('r)

f+oo ian
a

inequalities from above we get [, = dr < oo. This completes

the proof of the lemma.
]
4.3.3 Condition (i)

This subsection is devoted to the estimation of Aj (x). Our goal is to prove the
following theorem, which states that condition (#ii) of Lemma 4.8 is satisfied.

Theorem 4.11. If for r > 1 we have 0 < v < oo, then for allz € R, n € N and
€ € 10,00) the following inequality holds:

‘A ‘ < K(n,&)(1+ [a]) 7" where R = { Lr]’ 77:

K(n,€=Ca+9" " n =" (140" Q)

n—1
with Q, = V"' + (sup|t|>g|f( )+ 25 _7’/0‘) and constant C not depending
onn and &, but depending on the pseudomoments. The constant € will be defined in
the proof (see formula (123)).

Remark 4.2. Since A, ¢(x) = 0 for z < 0 (see Remark 4.1), we need to consider only
the case z > 0 and show that ’A;LS(:E)’ < K(n, &)1+ x)~ ! for z > 0.

Plan of the proof. The proof of this theorem is very long and technical. In order
to make it more comprehensible for the reader we will at first give a rough sketch.
Denote a,¢(t) = [T edA, ¢(r). Using the inversion formula for the Fourier
transform and the Riemann—Lebesgue lemma we will come to the inequality

</t|<an /t|>5> ne ()] dt (118)

with some ¢, > 0. Next step is the estimation of ‘anRgH) (t)’ Note that different

methods will be used for that in the cases |t| < e, and [t| > &,. After that we will
estimate each of the two integrals from (118) and summarize, which will lead us to
the statement of Theorem 4.11.

]A

Proof. The proof is carried out in four steps.
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Step 1: Getting to the integrals

For a,¢(t) = [T e dA, ¢(z) the following lemma holds true.
Lemma 4.12. Function a,¢(t) is an (R + 1)-times differentiable function and

all(t) =0 as t— +oo (119)

forallk=0,1,..., R+ 1.

Proof. The first statement of the lemma follows from Lemma 4.10. Namely,
)| < [ 2l |dA for & =
nelt)| = | ne(x)] <oo fork=0,1,...,R+1.

Denote vy (x) := (ix)F A} () for k = 0,1,..., R+ 1. It follows from Lemma 4.10
that v, € L'(R), since

+o0 +o0 +oo &
/_ |vk(x)|dx:/_ ¥ AL \dx_/_ (2] [dAn ¢ (7)] < 00

forall k =0,1,..., R+1. This makes the Riemann-Lebesgue lemma (see Lemma A.12)
applicable and we obtain

(k) OO it Nk A7
ape(t) :/ e (i) Ay ¢(r)dr — 0 as  |t| — oo.

O

Since the function A, ¢ is absolutely continuous and differentiable on R (see
Lemma 4.9), its derivative can be represented as follows

1 oo
A;,g(fﬁ) =5 /_Oo e "a, ¢ (t)dt for all z € R.
Using integration by parts (R + 1) times and property (119) we obtain for z > 0:

72

/ 7’ Feo —zta; / ¢ Foo —itx //
Am{(x):——/ el (t)dt = / el (t)dt =

2rr - 2712 ) oo
()R oo (120)
o —itz  (R+1) Hdt
Rl o € G g ( ) )
In order to prove Theorem 4.11 we need to estimate the integrals from the following
inequality
x_R_l +o0
A < / (R+1) (4 / / (R+1 di
‘ ”g(m)‘ - 2 Jw ‘&”’5 ( )‘ tl<en  J|>en ) IS )‘

with some constant ¢,, > 0. This will be done in the following two steps.
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Step 2: Estimation of the first integral

Our task is to estimate the (R 4+ 1)-st derivative of a,¢(t) for |[t| <&, and then the
integral [, ., affzﬂ)(t)‘ dt itself.

First, let us represent a, ¢(t) in another form. Denote ?M(t) = [t emdfné(m),
Wrne(t) = [T €AW () and Rye(t) = [72 e"dH,¢(x). Then by (109) we
have

ne(t) = Toe (t1077) = gus (t) = Drne(t) = Frne (10~%),

where g,1(t) = exp(pa1(t)) is the characteristic function of stable distribution
Go1(x). Recall (see Lemma 3.25) that the inverse Fourier transform of G, (z) is

+oo . ~
Go (1) :/_Oo e"dGo(x) = gan(t ZAkgal )@ (t)-

Using the definition of W, ¢(z) and the fact that the inverse Fourier transform of
G®R)(z,1) is equal to ga1(t)ek  (t)(—it)" we obtain

— +oo ite Iti7 P Ck,n —x
Trne(t) = [ W pnel@) = - g0 (805, (1) + (1)

k=2

mek Pu,tk v
2 :} : n— v \u —{ —u/a A
! < )Ck S D aa() @) (t) ) e Cuts

|
k=0 ¢=1 u=f v=0 v:

(121)

where ¢, éu,g, p, P, My, Mgy and p, ¢y are defined after formula (102), and

=k oo ite a7 (it>R+1 Bl —
wn,f(t) = /_OO e de,g<55') = an,l@)Wn “ HR+ing

+oo Pt Rtl zxtn*é w — —
+ ngavl(t)/ (e“‘t” o Z ()) d (Hné — ano) (x).

—o0 w—0 w!
Using the fact that ?n,é(t) =g,(t) + ﬁmg(t) we have
ne(t) = (Gu(tn ™) + Bne(tn ™))" = Gar(t) = Wyne(t) — Py e (tn )

= gh(tn ) +nz< )m (tn VT e (1071%) = gaa(t) = T D).

Applying formula (78) for ¥, and using the representation of w,, ¢ from (121) we
continue

an{( —gal +Z kgal (zpal()

n;(;?) e (1057 eha (105 o)

k=0

P Ck,n —x
—Gaa(t) =D —F Gar ()l 1 (t) — Ty ()~

k=2



e ()] 85

=

4.3. Estimation of}?::; (nl/“x) — Gaa(x) —

_ZZ< )Ckn K%puzf:kgal SDZ—EU )(it)uﬂn—u/aﬁuj

|
k=0 ¢=1 u=l v=0 v

sn

= 3 g (e ()

k=p+1 "
n—1 n s(n—0) Chnt . é . — 1 _,
+Z / I;) nk Ga,1 (t (T) ) @a,l(ﬂ hn,g(tn “) _wn,g(t>
My k Pu,b,k
U v . l —u/a Y
—zzo%fzz%lﬁwwﬂfm 1T,
k=0 ¢=1 u= v=0 v

= 3 Egaat)eha ()

£y S:(@%;%m@%4mﬁ)

k=0 E—karl

iy Ckin—t & e LN = 1
+ Z Z n’f Spa,l(t) Jo,1 (t (T) ) hn’,;«(tn a)
k=p+1
2 n— _ é =/ 1
+ZZ< )Ck ' [ Go1 (75 (%) > Pha(t) hn,g(tn a)
k=0 (=1
My k Pu,l,k —£ v _ .
=20 D gaalt) e () ity T e, | ). (122)

As we will show in Appendix B each of the four terms of a,¢(t) in (122) is
differentiable. Now we differentiate and estimate the derivatives of these terms.
The results are presented in the following four lemmata (their proofs are given in
Appendix B). Recall that we consider [t| < g, with some €, > 0. Also note that in
the following we use constants C' that do not depend on n and &, but may depend
on the pseudomoments.

Lemma 4.13. Define di,(t) = Y32, ek () gan(t) with p = [2(R + 1)/al.
Then for [t| < en'/® and ¢ =0,1,..., R+ 1 we have

i o)] < ce o) 55 e (Jye(Ed) 4 papetes)

with constant C' not depending on n, and

( ) 2+p/2
- 11 [(es(%)) _ Vi
°T mm{l’ (2D)i/a’ Di/a ( 8D ) } D= max{2]4;17},

where s and A;, j =2,...,s, are defined in (85) and (70).
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Lemma 4.14. Define

=3 5 () 0 (1 (5)) Tclon ).

k=0 (= mg+1

where p = [2R/a] and my, = 1+ [(R - a—k) /(1— a)}. Then for |t| < en'/® we have

‘d(q) ’ <Ce % cos( 57 - Btd=e |t F+1-a (|t|01 4 W@z) 7 ¢=0.1,..R
@) < 0 e CE 0T (04 % o) (14 R

where b2y = mkin(m]?x){mk + ak — R} > 0, r comes from Theorem 3.26,

1/(1—a)

L 1 [cos (7) . ok «1/r

e =minql, —, [ ——* with ¢o = (v + 1)y ", and constants C' do
Co 8ecy

not depend on n and &.

Lemma 4.15. Define

n—1 s(n—2) 1N —y )
d3n<t>:2(2‘) > k(1) g (¢ (59)") T (tn73),
(=1 k=p+1

where p = [2 R/a]. Then for |t| < en'/* we have
)| < C e 5 cos(9) =R JyyLe (yt|a(§+%) + \tyaw?)) . ¢=0,1,..,R,
‘d R+1) )) < C €_¥ COS(%) n,% (|t’a(P2+1)R + ‘t’a(p+2)+1> (1 +§)R+1fr’

where v comes from Theorem 3.26, constants C' do not depend on n and &, and

or\\ T8 A
) 1 1 1 1 COS <7> COS <7)
£ = min — s e—
o’ (2D)i/=" Di/a \ 8D "\ T6eq

with D = 21£1a<x{2 |A; 1YY, co = (g + 1)y Y7, s and A; defined in (85) and (70).
<j<s

Lemma 4.16. Define

dan(l) = ézzkl (Z) Chon [ga,l <t (#)i) @Z,l(t)ﬁfz,f (tn_é>

nk
mv

(=¢/n)" —u/
v!

Gk Putk
-2 2 Cu
u=¢ v=0

where p = [2R/a), mpy =1+ [(R—ak/2) /(1 —a)], myr = [R+1+a(l —1—k/2)]
and pyer = max{0,[(R+1—u)/a+0—1—£k/2]} and

x 0 (Fane)"  (Trae)™
al - . 1,n, N,
Cue = 2. k:l!...kR!< 1! > ( R! ) ’

k1+2k2+...+RkR:u
k‘1+k‘2+‘..+kR=€

® Ga1 (1) gl (¢ )(it)“] — W, (1),
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—x too [ 1 1A iztn~a )Y = =
wné(t) = ngml(t)/ (e t . Z (w‘)> d (Hm5 _ Hn,o) (2)
—00 w=0 !

(Z-t)R—l-l R
+ nga,l(t)m N Hpiing

Then for [t| < en'® and ¢ =0,1,..., R+ 1 we have
10 < Cor B o) e e (g o)

where § = minf{u + a(puao +1) = (R+ 1)} € (0,a], ¢ = min{l, cgl} with

co = (5 4+ 1)y Y™, pseudomoments v, v are defined in (80), r comes from Theo-
rem 3.26, R is defined by (99) and constant C' does not depend on n and &.

The proofs of Lemmata 4.13 - 4.16 are given in Appendix B.

Now we come back to the main task of this step, namely, to the estimation of the
integral [, <. a(RH)(t)‘ dt. Using representation (122) and Lemmata 4.13 - 4.16 we

n,§
obtain
(R+1 dt < /
Jua >

Let us specify €,. We have to find such a region [t| < ¢, that Lemmata 4.13 - 4.16
are satisfied. Let us take

4 (¢ \ )| dt.

[t|<en

e, = en* with

2+0/2 1/(1-a)
o for 1 [cos (%) cos (%) (123)
£ = 1min — T e—
"¢o’ (2D)Ve’ DV/e 8D "\ 16ecy ’

where co = (U + 1)y Y", D = max{2|A4;|"7}, p=[2(R+1)/a].

2<j<s

When estimating the integrals of d,(jﬂ)(t), k =1,...,4, we have to deal with only
one pattern: [t|° exp{—b|[t|* cos (0‘2—”)} with different powers s > 0 and constants
b > 0. Using Lemma A.14 we obtain

/ —b\t|°‘cos % |t| dt < / —b|t‘f¥cos %) |t‘sdt S C7
t|<en

where C' > 0 depends on «, b and s. Now, using this inequality we get

/|t§5n

This completes the second step.

W] dt < CnT + C A+ O <1+ TS
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Step 3: Estimation of the second integral.

Our task is to estimate the (R + 1)-st derivative of a,¢(t) for |t| > ¢, and then the
integral [y, affzﬂ)(t)‘ dt itself.

Using the definition of a, ¢ and the fact that ?n,é(t) — hne(t) = g, (t) we obtain
an,f(t> = ?n & (tnil/a) — Ga 1<t) - ﬁ7‘,71,5 (t) - En,{ (tnil/a)

— Gt ,1/a>z T (Y i g (107) — (g (8) + Dongt) . (129)

= —ibon(t)

=:b1n(t)

Next we differentiate by, (t) and b, (t) separately and get the following lemmata.
Their proofs are given in Appendix B.

Lemma 4.17. Define by, (t) Zga (tn 1/‘1)7”7 . e(m—l/a)ﬁig (m_l/a)- Then for
|t| > &, we have

=n—1

O ¢~ cos(a) "+ Qe na(1=3) q=0,...,R;

s f— —1 r
Cefi—ncos(aa) Vgn—l +Qn,§ nR—H_E (1 +§)R+17T7 q= R+ 17

where Qng = sup ‘fng ., comes from Theorem 3.26, €, = en'/® with & defined

[t|>e
m (123), and constants C' do not depend on n and €.

Lemma 4.18. Define by, (t) = go1(t) + Wrne(t). Then for |t| > e, we have
b (1)| < C et en(0B) St (L p T g = 0,1, R+ 1,

wherer comes from Theorem 3.26, €, = En/* with & defined in (123) and constant C
does not depend on n and &.

Using Lemmata 4.17, 4.18 and formula (157) for 5,175 we obtain

‘agfgl ‘ ’b (R+1) ’ + ’b (R+1) ’ <O (14 )fHimr =3

e i eos(03) 4 o aw eos(0F) R A sup [f(t)| + 2y n —r/a

[t|>e

From Lemma A.14 it follows that

tn—1/a “

s +oo ) s
/ 67% cos(aa)dt < / e I cos(ag) nl/a d(tn—l/a)
[t|>en T Je

lyl%

S nl/oz /+OO e_Tcos(ag) dy S Onl/a.
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Combining this and the above estimation of ’ag?l)(t)‘ we get

/|t>5n

ag:?l)(t)‘ dt < C(1+&)ftrp5° (1 1 pfita Qn) :

where

n—1
Qn=1""+ (Sup LF)]+ 27:71"’/“) : (125)

[t|>e

This completes the third step.

Step 4: Summarizing the previous steps.

Finally we come to the last step of the proof of Theorem 4.11. According to our
plan we use the results of Step 2 and 3 in order to get the following:

o /m)! )

<O P 14T (14 Q) (126)

\A

where @, is defined by (125). Moreover, from formula (120) it follows that for all
q=0,..., R we have

9 x4
Al e()| < 7/ ()| dt = —— / / D ()| dt,
’ 21 Jewo ‘ f( 27 |t|§an+ [t|>en ‘an,g( )‘

where ¢, is defined by (123). Using Lemma 4.13-4.18 and acting in the same way
as in Steps 2 and 3 we get

AL ()| < Camt1(1+ ™ (1 T () Qn) , (127)

where @, is from (125). Combining inequality (127) with ¢ = 0 and inequality (126)
we get for z > 0:

(14 2f+h ’A ’<C’(1—|—§)R+1 "nTa (1—|—na Qn)

Taking into account Remark 4.2 and the fact that 1 + zf+! > 278 (1 4 2)f*+! for
x > 0 we obtain
\A;Aw)} < K(n,&) (14 |a)) !

with K(n,&) = C (1 + &) rp—=< (1 +na Qn) This completes the proof of
Theorem 4.11.

]
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4.3.4 Final results

In this subsection we estimate the function A, ¢(z) defined by (109) and finally get
the estimate of ‘an ( L/a ) — Gaa(z) — Wm,g(x)‘

Theorem 4.19. If for r > 1 we have 0 < v} < oo, then for allx € R, n € N and
€ €10,00) the following inequality holds:

[Ane(@)] < C L+ Ja)) ™ 1+ O™ 0= (1405 Q)

where @, = vi" ! + (Sup‘t|>g|f( ) +27in *"/0‘) " with & defined in (123), con-
stant C' does not depend onn and §, R =1[r| ifr # [r], and R =r — 1 otherwise.

Proof. From Lemmata 4.9, 4.10 and Theorem 4.11 it follows that all requirements
of Lemma 4.8 with s = R+ 1 and A(x) = A, ¢(z) are satisfied. This means that we
can estimate A, ¢(x) as follows:

[Ane(@)] < C 1+ |2)) " (I(T) + T (T) + K (n, &) T

for all z € R and T > 1. Here C' > 0 depends only on R, K(n,§) is defined in
Theorem 4.11, and

+oo
(T = / O with d () = / eitrd (z™ A, ¢ (z))
tl<T o
for m € {0, R+ 1}. Let us take T = n'/® and estimate Iy(T) and Iz ,(T). Using

the definition of a,¢(t), representation (122) for [t| < ¢, and representation (124)
for |t| > e,, we obtain for Io(n'/®):

Ry = [ /+O° eitmdAng(x)’dt:/ 1 an e (1)) dt
[t|<nl/o —00 ’ |t|< 1/« ’

‘ n{ |dl~m 1
< / +/ N < / Lt + / bin (1) d,
- ( It|<en |t>an> |t] Z t<en |t Z | b (1)

where ¢, is given in (123). Now applying Lemmata 4.13 - 4.18 with ¢ = 0 and
dealing with the integrals in the same way as in Step 2 and Step 3 of Theorem 4.11
we get

Ig(nl/o‘) <Cn = (14 &)frtr (1 + n%Qn) ,

where @), is defined by (125).
Now let us consider Ig.i(7). From Lemmata 4.9 and 4.10 it follows that
Lemma A.15 with G(z) = A, ¢(x) and m = R + 1 holds true and we get

oo Rl ()
(—it)R+1 LOO et ($R+1An7§($)) _ (R+ 1), i ( t) ELQ)

q=0 ¢!

Using this equality we repeat what we have done above for Iy(T):

+oo
T = [ 7| [T e (" )| ar

[t <nt/o
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R+1 )‘ R+1
< dt < / / dt
C Z /<n1/°‘ ’t|R+2 q C Z < [t|<en t|>€n> ‘t|R+2 q
fas )‘ R-2 (q)
<CZ Z/ ItIR“ th+z et~ /t|>5 by (1) dt | -
q n

Recall that &, = £n'/®. The integrals of b,(gl) (t) can be estimated as in Step 3 of the

proof of Theorem 4.11. For d,(gl) we apply Lemmata 4.13 - 4.16 with ¢ = 0,1, ..., R+1
and use Lemma A.14 for the estimation of integrals. This yields

IR+1(nl/°‘) <Cn o (1+ é)RH_T (1 +nt Qn> ,

where ), is the same as before, i.e. defined by (125). Summarizing everything we
obtain the following estimate of A, ¢(x):

Aue@)] < O (1) (I + I (/%) + K (n, ) n )
SO+ (Lt o) " n== (L4 nF Q).

This completes the proof of Theorem 4.19.
]

In order to prove our next theorem we will need the following auxiliary lemma.

Lemma 4.20. If for r > 1 we have 0 < 7} < oo, then for allx € R, n € N and
€ €10,00) the following inequality holds:

H,e(nMo)| < O (1+ J2) A7 (1 + 9 ny

where constant C' does not depend onn and {, R =1r|, ifr #[r], and R=r —1
otherwise.
Proof. From the definition of ﬁn,ﬁ it follows that ﬁ:;(nl/ “x) =0 for <0, which

means that the lemma holds true for z < 0. Using ﬁz*é(z) =— /> dﬁ:&(y), z € R,
and Lemmata 4.2, 4.3 we get for x > 0:

o) < [

/oy

—_—Mnx* —N*
dHn,f(y)‘ <1 (Hn g) < 73,71,5 <y,

/e > 1 we can estimate as follows:

)] < () e ()

and for xn

ﬁng(”l/aﬂ”) ‘ S /

nl/oyg

o0

—-R-1 = =n—1 —R— — - -1
< (”1/%) A IR i O el O B 3 KR A 7

Combining the last two inequalities we obtain for z > n=/:

(L2 [y on)] < O (14 ™ g,
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which, together with 1 + 2%t > 278 (1 + )8! for & > 0, gives the following
estimate for z > n~/:

—_nx*x

Hmé(nl/al')’ <C (1 + x)fR*l (1 + £)R+lfr nygn_l.
For 0 < z < n~'® we estimate as follows;
ﬁz’*ﬁ(nl/o‘x)’ <y (A 4a) B A4 n V)R <o o) By

The last two inequalities give us the estimate of \ﬁ:} (nt/ ax)‘ for all x > 0:

——n*

H, (o) < C(1+a) " (14+ O™ T nyg"

This completes the proof of the lemma. n

Theorem 4.21. If for r > 1 we have 0 < v} < oo, then for allx € R, n € N and
€ €10,00) the following inequality holds:

‘:n

Fre(n*2) = Gla (1) = Wrne(@)] < € (LHla]) ™ (14607 (1405 Q).

where Q, = V5" ' + (Sup‘t|>g|f( ) +2vin _"/a)  with & defined in (123), con-
stant C' does not depend onn and {, R =r| if r # [r], and R =r — 1 otheruwise.

Proof. From definition (109) of A, ¢(z) it follows that

_—=nx*x

Fe (nl/o‘w) — Goi(z) — Wrng ‘ ‘Ang ‘ + ﬁ:*g (nl/ax)’ .

Using the estimates from Theorem 4.19 for A, ¢ and from Lemma 4.20 for ﬁz*g we
obtain the statement of the theorem. O

4.4 Estimation of ’Wnn’g(x) — Wm(x)‘

Theorem 4.22. If for r > 1 we have 0 < v < oo, then for allz € R, n € N and
€ €10,00) the following inequality holds:

myg Mok

Wone(x) = Wil \<on—*zzz 14 [z) ™ (1 + &)
k=0(=1u
where p=[2R/a], mp =14+ [(R—ak/2) /(1 —a)], mr = [R+1+a(l—1—k/2)]
with R = [r] if r # [r] and R = r — 1 otherwise, and constant C' does not depend
onn and €.

Proof. Using definition (102) of W, ¢ and definition (87) of W,,, we obtain

W) = Wi ()] < [W, (@) (128)

My k Pu,b,k
N— u,k+v) ¢ ! —u/a | ~
D D vl o et [ S R )

k=0 ¢=1 u=¢ v=0
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where p = [2R/a), mpy =1+ [(R— ak/2) /(1 — a)], my = [R+1+a(l—1—k/2)],
Pusr =max{0,[(R+1—u)/a+{—1—Fk/2]} with

[r], if [r]#7
R:{r—l, it [r]=r"

~ A A
Cue = 2 kil kg (v) "'(R!) ’

k1+2k2+A..+RkR=u
k‘l-‘rk‘g-l-...-‘rk‘R:K

Z ! <N17n75> ! (M) R
k1+42ko+..+Rkp=u kl!---kR! 1! R!

ki+ko+...+kr={

Qll
e
I

W, ¢(x) and ¢y ¢ are given by formulas (105) and (103), respectively.

First, let us consider the second term from (128). From the definition of ¢ ,—¢
it is easy to see that for £k =0,....,p and £ = 1, ..., my there always exists a constant
C > 0 such that

|Ckn7€| (n—g)! k k
’ < > | Al AP < —
nk P s ko!kzl cee k) nk s nk/2’
2ko+--+sks=k

where ko, ko, ..., ks € Ny and C does not depend on n. Using Lemma 3.14 and
Lemma A.4 for ’G(“"‘*”) (z, 1)’ we obtain

GOE (@ 1) <O (L4 [2)™, T ER, (129)

where C,, = 4 D™ (1 4+ A™>)", D™ = m]?x{Du’kﬂ} and A™ = m’?X{A%HU} > 1

with Dy g4y, Augto defined in Lemma 3.14 and all possible combination of w, k,v
that can appear in the sum from (128).

Let us estimate the difference ’ﬁuz — éug‘ Using the formulas given above we get

= k = k * *
Fine\  (Prne) (M B\
1! "\ R! 1!/ "\ R! '

First of all note that u = ¢, (41, ..., my and myy < {4+ R (see the definition of myy).
Let us fix an arbitrary ¢ € {1,...,m;} and observe what happens with the sum
considered above for different v € {¢,¢+1, ..., + R}. For u = £ only one solution is
possible for the system of equation k1 +...+kr = £, k1 +2ks+...+ Rkr = u. Namely,
ki=V0ko=..=kgr=0.Ifu=/+1weobtaink; =(—1, ko =1, k3=..=kr=0
and so on. Let us take u = ¢ + j with arbitrary j € {0, ..., R}. It follows from

¢!
= 2 kil kg!

k1+k2+...+kR=f
k14+2ka+...+Rkgp=u

Cu,ﬁ - Cu,é

i+ +kp={¢ ki+--+kp={¢
ki +2ky+--- 4+ Rkp=1L0+] ko42ks+ -+ (R—1)kp =17
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that the largest i € {1, ..., R} such that k; # 0 cannot be greater than j+1 = u—/¢+1.
In other words,

k;i=0 for i>u—0+1. (130)
Note that for u € {¢,...,m,} and £ € {1,...,my} we haveu—¢+1 € {1,..., R+ 1}.
The case u — ¢+ 1= R+ 11is only possibleif s =0,/ =1and u = m;p = R+ 1.
But for £ =1 and v = R + 1 we have éu,g = éu’g = 0. Therefore we exclude this
case and consider v — ¢ + 1 € {1,..., R} in what follows.
Denote q := u — ¢ + 1. Using (130) we obtain for ‘6%3 - CN’M :

= k = k % %\ k
lul,n,ﬁ ' Mq,n,g q_ & h & !

From Lemma 4.2 (7) it follows that ‘ﬁﬂnﬁl <Tjne < vi < C and ‘,uj‘ <v; < C for
all j € {1,..., R}. Using this fact and the fact that k; € {0, 1, ..., m;} with finite my
we apply Lemma A.7 and get

14

Cue = Cus A

<

k1+k2+...+kq:€
k14+2ko+...+qgkq=u
u—_L+1€{l,...,R}

u—~l+1

’Cue— u£‘<02’ﬂjng M;‘—C Z ‘I“Jné “J’

Finally, applying Lemma 4.1 (i¢) and taking into account that u — ¢ +1 € {1,..., R}
and that R < r we obtain

u—~+1

<0'S (v ea) <0 (e <)

u—~f+1—r

’Cu,f - Cu,f

Using this estimate, the estimates for ‘c’“n%é' and ’G(“J“*“) (z, 1)’ and the facts that
€ (0,1), £ > 1, we get

P my MYk Pu,l,k v =
ZZ( >|Ckn f| Z Z ‘GukJrv z, 1 ‘ (6/ ) niu/a )éu,é_cu,ﬁ

k=0¢=1 u={ v=0
My Tk u—~l+1—r
<CYYS wtHe (1 gy (nl/a<1+s>)
k=0/{=1 u=¢
my ™Mek
<Cn™ ZZZHM (I+8)" (131)
k=0/{=1 u=¢

Now let us estimate the term ‘Wzg(x)’ from (128). Recall from (105) that

Y

(1) pa

an(x) =n G(R+1,0) (:c, 1) m n" o ﬁR—l—l,n,ﬁ
=, (x)
__ R+1 (_1>w _
+n (Gan(-,n) * Myg) (@n®) = > n G (2, 1) ~——n""/"p,, (M),
w=0 w:

=W, (x)
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where ﬁné(:ﬁ) = ﬁng(x) — H,o(z). From estimate (129) and from Lemma 4.2 (i)
for Vpyime > |fipy1nel it follows that

’W:(l’ ’ < Onl_'i (1 + |I’|> (’I’Ll/a (1 4 S)>R+1—r

<Cn~& (+)z) B4+ 98" zeR.

Let us estimate ‘W; (93)‘ We start with a slight transformation of W;(JJ) Using the
definition of pseudomoments /i, (ﬁng) and property (55) we obtain

=+ oo ass (—v)"\ = , .

Wa@)=n [ (Gaale —y,1) = 3 GUOw,1) =00 ) dMe(yn').
o w=0 :

First of all note that for x < 0 we have G, 1(z,\) = ﬁng(:c) = 0 and, consequently,

W;(l‘) = 0. Let z > 0 in what follows. We consider separately two cases: = > 0

and z > A, where A:=2 max {A;,} with A, defined in Lemma 3.14.
je{l,..,R+2}

Case © > A. For |y| < z/2 we use Lemma A.8 with z =2 —y, a =z and 0 € (0,1):

™= wO ( y) 1/«
/|y|§$/2 G, ZG (x,1) dMng(yn )

|y|R+2

n

l/a o
(R +2)! ‘dMng yn ‘
Note that |z — 0y| > x/2 for |y| < x/2. Using the fact that + > A and applying
formulas (60), (97) and (100) we continue

® < Cn/
ly|<z/2

S cn (x/Q)_R_l /|y|<x/2 |y|R+1 ‘dﬂn’g(ynl/a)’

R+1 1_ R+1

<COn(z/2)7 1 n~"a vpy (ﬁng) < Cnpl~7a g B URtine

1—BtL

<Cn'~"a o Bl (nl/a (1 +§))R+1—r < C’n_% i (1 _’_5)R+1—r'

Sn/ G0z — y.1))
ly|<z/2

|z — 0y|—R—2 |y|R+2 ‘dﬁn,g(fynl/a)‘

For |y| > x/2 we again use formulas (60), (97) and (100) and obtain

s wO) ( ) 1/a
n Goi(z — — 3 GO (g, 1) ) dM, ¢ (yn'/®)
l>/2 2
1 R+1 L y
SC”/ dM (yn/*)|+Cn :Ew/ WAAM,, ¢ (ynt/®
y|>x/2’ come)| < Cna [yl A lm')

<Cn <$)R1/ |y|R+1 ’dﬁné(ynl/a)‘
2 ly|>z/2
R+1 w T w—R—1 Ril| = 1o
wony e (5) [ W s
we=1 ly|>z/2

R41

<Cnzf'n~"a vpn (Mng) <COn~a o B (14 )R,



96 CHAPTER 4. Proof of the main result

Summarizing the cases |y| > x/2 and |y| < z/2 we have

Wy@)| < Cn™ =2 a4+ 9, 2> A (132)

Case © > 0. From the definition of ﬁmg (see (96)) it follows that ﬁng(x) = 0 if
x & (n'/* n'/*(14-¢)]. Using this fact and formulas (59), (97) and (100) we estimate

‘W;(x)‘ < n/l1+£

1+€ o R+1 Rt1
< Cn/l yR+1 ‘dMng ynl/a)‘ +Cn Z/ ly|* yRH ‘dMng ynl/o‘)’

R+1 (

Gan ZGwoxl

n,& ynl/a)‘

< Cnl=—"t VRi1 (Mnf) <Cn = (1 +§)R+1 " x > 0.

Note that the last inequality holds for all x € R, since WQ( ) = 0 for < 0. This

means that condition (¢) from Lemma A.4 is satisfied for Wz( ). Estimate (132)
(which is also true for x < —A) provides us condition (i) from Lemma A.4 and we
obtain

W) < Cn™ 5 A+ [e)F 1+, zeRr
Using this estimate and the estimate for W:(x) we get
Woe@)| < W@+ [Wa@)| < Cn™ 5 1+ 1) (149, zeR.

Plugging the last inequality together with estimate (131) into (128) we get the
statement of the theorem:

my Mk

Wone(x) = Won(a \<on—*zzz 1+ |z) ™ (1 + &)

k=0¢=1 u=/¢

4.5 Proof of Theorem 3.26

According to our plan we have estimated each of the three summands on the right-
hand side of the following inequality:

Fo(2) — Goa(z) — W,,,n(x)’ < |Fu(a) = Fre(n°0)|

+ fzzkg(nl/am) — Gai(x) =W, el ‘ + ‘ng x) — Wm(x)’ )

It 0 < 7} < oo for some r > 1, then we can apply Theorems 4.7, 4.21 and 4.22.
Thus, for all z € R, £ € [0,00) and all integers n > 2 we obtain

’Fn(x) — Gon() = Wyp(z )‘ <Cn = (148"
+O (14 [a) A+ 0T

= (1408 Q)
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mg Mok

FOn S S ([ (1

k=0/¢=1 u=¢

where Q,, = 5" + (sup|t|>g|f(t)| + 27:71*”/“)”_1 with & defined in (123), p, my,
my, defined after formula (87), R = [r] if r # [r], and R = r — 1 otherwise.

Note that constants C' do not depend on n and £. Let now £ := |z| for each x € R.
This gives us the following estimate

|Fo(@) = Gaa(@) = Wen(@)| < C (1 +]2) 705" (1407 Qy).

This completes the proof of Theorem 3.26.






5 Further asymptotic results for Pareto-like dis-
tributions

In Section 2.2 we introduced a class of Pareto-like distributions and gave some
known asymptotic results concerning this class. In this section we want to continue
investigating the asymptotic behavior of sums of Pareto-like distributed random
variables. Here we consider some special cases and obtain some new results.

5.1 Two special cases

First of all, let us recall that a Pareto-like distributed random variable X > 0 with
parameter o > 0 has the distribution function F of the form (see Definition 2.9)

1-F(z)=C(a)z ™+ 0(z™"), as x— +00

for some r > « and some C(«) > 0. We consider a random sum S, = X;+---+ X,
So = 0, where X, Xy, ... is a sequence of independent and identically Pareto-like
distributed random variables and v is an integer-valued counting random variable
with p, = P(v = n),n € Ny. Theorem 2.11 states that under some technical
conditions for a € (0,1) we have

P (S, > x)

A= px s

—Ev=0 (x’o‘) as x — 00. (133)

In the special case of a = 1/2 this asymptotic result can be improved as follows.

Theorem 5.1 ([10]). Let a = 1/2. Suppose uys(x) := 1—F(x)—(7x)"/* = O(z™")
as x — oo for 3/2 < r < 5/2, and, additionally, (39) holds if r = 2. If Ev* < oo,
then

1 1 1
A(x) = % <#1 Ev? — G Ev? — <,u1 — 6> El/) + O (x_(r_1/2)> , T — 00,

where uy = [T xd (F — Gl/m) (x) is the first pseudomoment (see Definition 3.15).

Remark 5.1. From Section 3.1 we know that the Pareto-like distribution function F
with parameter o = 1/2 belongs to the domain of normal attraction of stable distri-
bution function Gy/s;1, i.e. F'€ DNA(G1/2,1). That is how the first pseudomoment
appears in Theorem 5.1. But why is the case a = 1/2 special? For other a € (0,1)
we use the same method with stable distributions but have only (133) for A(z). The
answer lies in the representation of stable G, with a € (0, 1) (see formula (57)):

1 —Gaa(z) = Ci(a) 27 4 Cy(a) 272 4 Cs(a) 273 + Cy(a) 27 + O(z7°) (134)

as ¢ — oo with coefficients C;(«) defined in (58). For o = 1/2 we have Cy(ar) =
Cy(a)) = 0. Therefore,

F(x) = Gijaa(z) = C3(1/2) 22 + O(z™") as 2 — o0

and the first pseudomoment is finite if > 3/2. This helps to estimate A(z) more
precisely.
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Another special case concerns the class of stable distributions (see Definition 3.1).
First, we consider stable distributions with parameter a € (0,1). From representa-
tion (134) it follows that each stable distribution is Pareto-like. Therefore, Theo-
rem 2.11 from Section 2.2 may be applied. But we can deal with stable distributions
in a different way. Namely, we can use stability property (56): for z > 0 we have

Gr(z) = Goa(n Voz) if a#1. (135)

Using this Christoph [9] obtained not only the first-order asymptotic result for A(z)
but also results of higher orders.

Theorem 5.2 ([9]). Suppose 0 < a < 1. Let X, Xy, Xo,... be independent and
identically distributed random variables with stable distribution function Goi. If
Ev* < oo, then as © — 00

P(S, > ) Co(a
P(X > x) Ci(a

+ {(El/3 — El/) g:igz; — (EV2 — El/) C5(a) } 72 4 O(z73),

~—
|
Q

A(z)

— Fv = (EV2 — EI/)

~—

where Cj(a), j =1,2,3, are defined by (58).
Proof. For a detailed proof see [9, Proposition 1]. ]
Remark 5.2. In order to obtain more terms in the asymptotic expansion of A(z) we
have to consider more terms in representation (134).

For stable distributions with parameter a € (1, 2) stability property (135) is also

satisfied and allows to improve asymptotic results from Section 2.2 as follows.

Theorem 5.3 ([9]). Suppose 1 < a < 2. Let X, Xy, Xs,... be independent and
identically distributed random variables with stable distribution function Go1(+;1,7)
for some v > 0. If Ev3® < oo, then as x — 00

_ 02(04) _ _
Az)=avy (Ev)—Ev) 2 '+ (Ev* — Ev Y+ 0(z7?),
(x) = av ( ) ( )& @ (z7%)
where Cj(a), j = 1,2, are defined by (58).
Proof. The proof is given in [9, Proposition 2]. H

Remark 5.3. Similarly to the previous theorem it is possible to obtain more terms in
the expansion of A(z) by considering more terms in the expansion of G, 1(z;1,7).
The latter can be obtained from formula (55) and representation (134).

We do not give here an asymptotic result in the case of stable distributions
with parameter o« = 1. It was obtained by Christoph and can be found in [9,
Proposition 3].

Independently from Christoph, Omey and Willekens have obtained the following
asymptotic results for A(z) in the case of stable X, X, ....
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Theorem 5.4 ([41]). Let X1, Xs, ... be independent and identically distributed posi-
tive random variables with a stable distribution function G := Ga(-; X\, 7y) of index
a€ (0,1) andlet p=G'. If >0 s pn(l 4+ €)™ < oo for some € > 0 then

o A@ (- G)
() I ) (- G) dy

o Al (1 —-G(x 1 9 ) 1
(ii) Jim, ()(p(x) ())IGE(V(V D) i a=3,

:c(a—l—l)E(lj(lj—l)) if Cl’?‘é;a

Ar) (1 = G@) —cla+ 1) E (v —1)pr) Jy (1 - Gy)) dy
(1—G())’

_ éd(a 1) E (vt -1)),

(i) Jim,

where

1

d(a—l—l):—i <

I'(3a) T'(er) (142 cos(2am))
I'?(2ar) cos?(am)

«

1— a)ch(a 1

and c(a + 1) is defined by (32).

Remark 5.4. In the paper [41] Omey and Willekens require the condition of analy-
ticity of the function P,(z) := Y00 pn2™ at z = 1 instead of 00 ;p,(1 + )" < o0
for some € > 0. These two conditions are equivalent (see [18, Remark on p.45]).

5.2 Pareto-like with « € (0,1). Improvement

In this section we give a new asymptotic result for A(x) in the case of Pareto-
like distributed random variables X, X, Xs, ... with parameter a € (0,1) and with
distribution function F' in a special form. Namely,

C1 co do csds

L= Fr)=—+ =+ + 0

+u(x), x— oo, (136)
where ¢ := Cj(a) are defined by (58), s € N and u(zx) are such that
+o0o
l+a<sa<l+2a, / ¥ du(z)| < oo for some q > sa,
0

and d; € R are arbitrary constants for ¢ = 2,...,s. Such a representation of F'
implies that there exists an r € (so, (s + 1)a], such that 7 < oo, and allows to
apply Theorem 3.26. For more details about pseudomoments see Section 3.5.

Recall that we consider a random sum S, = X; + --- + X,,, Sg = 0, where
X1, Xy, ... is a sequence of nonnegative independent and identically distributed ran-
dom variables with distribution function F, and v is an integer-valued counting
random variable with p, = P(v = n), n € Ny. Our task is to get more terms in
asymptotic expansion (133) of
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Theorem 5.5. Let o € (0,1) and let F satisfy condition (136) from above. If v§ < 1
and Ev? < oo for all j € N, then

P(S, > x) co (Ev? — Ev)
A = — E =
(z) P(X > x) Y g x@
s (Evi—-F
+ o2 L MemL i (BY V)+O(:c—1—5), x — 400,
2o r(s—1a T

where 6 > 0 is some constant and m;, 1 = 2,...,s — 1, depend only on Ev, ..., Ev®,
do,...,ds, c1,...,cs and . Namely, m;, i = 2,...,s — 1, can be found as follows:

m; = Z Dn bj with bo=mn, b =cy(n*—n)/c, (137)
n=2

k!

1 LA ! k
b1 = — Cknk 1+ = ; - cjdjby_; ) k:3a"'7$>
"o ( ( ]2:% ni (k—j)! JZ:% I

1
where c;j,d; are from (136), ¢;, is defined by (89).

Proof. Recall that we consider nonnegative random variables X, Xs, .... Therefore,
for © < 0 we have A(z) = 1 — Ev. Let x > 0 in what follows. Using equality (1)
and the fact that > 7 ;p, = 1 we obtain for x > 0:

s, B Epori

PX>z)  1-F(x) 1— F(z)
Po (1 — I[[0,+oo)(f75)> > 1—F"(x)
R T e e D Y ey g

=0

We want to apply Theorem 3.26 with r € (s, (s + 1)a). Therefore, using the
notation F,(z) = F™(n'/%z) we add and subtract G, (zn=Y%) + W, (zn=1/?)
with W, (z) defined by (87). We get

M = + i 1= Fy(zn~V*) + (Gogl(xnil/a) + ern(xnfl/a))
P(X > .1') -n n:2pn 1 — F(.Z')
1= Goalan™ V) — W, (zn= )
=pi+ DPn : :
1 712::2 1— F(x)
> G “Yay 4 W (zn~ Vo) — F, (zn~1/
- §5p, Goalan ) Wonlan 1) — Ffan )

n=2 - (.CE)

Let us show that

ad Gavl(mfl/a) + Wm(xnfl/“) — Fn(xnfl/a) B s




5.2. Pareto-like with a € (0, 1). Improvement 103

where r > sa > 1+«. From (136) it follows that there always exists such a constant
C > 0 that for some large A > 0 we have

<«

1—F(z) > —, x> A (138)
x

Using the estimate from Theorem 3.26 we obtain

)4 o) o] € G (140 )
<Cm Y an V)T S (140 Q) <C(L+2) " n (1405 Q)

where (), is defined in Theorem 3.26. Note that since 1§ < 1 there always exists such
no € N that na Q,, < 1 for all n > ny. Using this fact and the last two estimates we
get

1

Z ‘Gag(x”_é) + Wm(:vn_é) — F.(zn™ %) _ <  Cl+4+2x)"n (1 +na Qn)
= (1= F(a)) e = 2 P Coogor

an (1+n§Qn>+ i Pn 1 <1~|—n§Qn)
< 7

(1 + 1/33' n=2 n=ng+1
<c =?
C C(1+ Ev)
< 1+ an| < U TEY) o
(T+1/z) ( n%ﬂp ) (1+ La)r
Thus, we proved that

P(S, 1 — Gaa(an™VY) — W, (zn=1/e) o
P(X > )_pﬁ;p" 1 — F(a) O@™), @ =00

The next step is to show that for x — oo

1 — Gon(azn V) = W, (zn™V) = Qo8 G +O(z™27h), (140)

Tre xrsa :Eonrl

2

, k=2,.

Cj
where a1 = ¢in, asy1 = acipi(n® —n), ap = cpnf [ 1+ Z R0 J

with ¢; = C;(a) defined by (58) and ¢;,, defined by (89) Recall from (87) that

P
Wrn<x) — Z%Jg(O,k)(x’1>

nk
k=2
My k Pu,b,k o v({_1\u ~
+ZZ< >Ckn L Z Z Guk+v l‘ 1)( g/”)[( ]') nfu/a Cu,é-
k=0 (=1 u=0 v=0 v:

In order to show (140) we use asymptotic expansion (57) of G,1(x, \):

Ga,l(«f,)\) =1—¢ A ¢ — Co )\2 x—2a _ — c4 N O( (s+1)a )
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as * — oo with ¢; = Cj(«) defined by (58). Since G4 1(x, A) has bounded derivatives
of all orders with respect to  and X (see Lemma 3.14) we also have:

k+1)!
GO, 3) = —ktepate — EED oy gmteme

S! S— t-10 —\S (0%
(s—k)!c‘g)\ Fopmse 4 Oz~

cJ/\] Fe7 41 0@z~ 2 w00, k=1,..,s,

S
_Z:(]—

and
GOz, ) =ac A 0@, 2 — oo,
GOz N =acz '+ 0@ ), - oo
Recall the notation G (z, \) = %Gml(x, A). Using the same considerations
as above we obtain that
GOB (2, \) = Oz~ D) 2 — oo, for k>s+1,
G (z,\) =0z, z — oo, for u=1v>2 or u>20v>0.

Thus, some terms from Wm(xn_l/ @) do not have to be considered at all, since they
go directly into O(x=¢+D) or O(z72%71) for large x. Taking into account that
(s+ 1)a > 2a + 1 we have

1 —Goa(zn™ 1/C“) — Wr,n(xn_l/a) =1- Gaﬂl(xn_l/a) — Z Ck—’nG(O’k)(xn_l/a, 1)

%
k=2 T

B (n) Con—1 G(10 ( —l/a’ 1)(6‘1)71—1/0( 6171

1) no

n _ “1/a A Con—11/n  crno1 (—1) —2a—
_ (1,1) 1/a 1/ O,n—1 1,n—1 20—1
<1>G (xn ,)n Cia < T + YR > + O(x ), x — 00,
where con,1 = 1, ¢1,1 = 0 and C11 = pf (see formulas (89) (90)). Now, using
the asymptotic expansions for G, 1(z,1), GO®(z,1), k = 2,...,s, and G (1),
GV (x,1) considered above and simplifying, we obtain

~ ¢; k!
1 — Goi(zn V) = W, (zn~ V) = cyna™ + E O E 2 — | e
k=2 7j=2 n’ (k_]>‘

‘acipf(n®—n)r 4+ 0@, - .
Finally, we want to show that for x — oo

1 — Gan(zn™ V) — W, (zn=1/)

1= F(z) + o 0ET),

(141)

b
=byt 5
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where 6 > 0 is some constant and

2 _n), (142)

k
') _chdjbkj) s k:2,...,8.
: =2

by = n, bs = aui(n

1 n
bk,1 = — (ckn (1 + g C]
C
Jj=2

1

Note that d; are coming from the representation (136) of F'(z). According to the

definition we have to prove that for large x we have

1= Gan(an ) = Wyp(@n= o) — (1= F(x)) (bo+ 2 + -+ 4 05 + &)
(1—F(x))ax=1-9

<C.
(143)

From (136) it follows that

bl bs—l

bs _ 1
(1 - F) (bo++ - a+x>=clbox "oy

r(s—1)
-+ Z C1 bkfl + Z Cj dj bkfj Sl?ika + O(SCiliai(;), T — OQ,
k=2 j=2

where d > 0 is some constant. Since b; are chosen in such a way that

a; = ¢ by, as4+1 = C1 bs,

k
ak:CIbk—1+Zdejbk—j7 k’:2,...,8,

=2
with a; from (140), we obtain for large z:
1— Goqlxn™ 1/a)_ﬁ/ (zn™V*) — (1 = F(z)) b +ﬁ+...+£+%
rn 0 o r(s—Da T
=0z 7%,z — oo
From this fact and from estimate (138) for 1 — F'(x) for large z it follows that

inequality (143) and, consequently, (141) hold true.
From asymptotic equality (141) with b; defined by (142) it follows that

01— Goa(zn V) — W, (an~ 1) S, pn by
2P 1— F(x) ann+ +-o
oo nbs— * 0o " 2
+ Z”‘? pl) L, 24 Yo P (0" = 1) +0(z7 %), z— oo
pls—Ha T

Now, plugging the last formula into formula (139) and using the definition of Ev7,

j =1,2..., we obtain

P(S, > > 5 Pnb o o Pnbs_ *(Ev:i— FE
( $>:E1/+Z"_2p 1+“'+Zn_2p 1+04M1( v v)

L S O —1-0
P(X > ) T p(s—1e x +0E)




106 CHAPTER 5. Further asymptotic results for Pareto-like distributions

as © — oo. Using formula (142) we can calculate all b;, 7 = 1,...,s. For example,
by = ¢ (n* — n)/c1. Unfortunately, there is no explicit form for b;. Using the
notation m; = >0°, p,b;, j = 2,...,5 — 1, and the fact that all moments of v are
finite we get

Ev? — Ev) LM ms_1  aui(Ev?— Ev)

DY _1_6
+ —|—$(s_1)a+ . +0(z77°), x— oo.

Adr) = 2!

c Tre $20¢

This completes the proof of the theorem.

5.3 Application: Cramér-Lundberg model

Consider the Cramér-Lundberg model introduced in Section 1.3. Under some con-
ditions Theorem 5.5 allows to obtain a result similar to Theorem 1.7. Suppose that
the integrated tail distribution Fr(z) (see formula (15)) can be represented in the

form p p
C1 Co d2 Cs Qs

1-F = — e , — 00, 144

() o + o +-+ o +u(z), = (144)

where ¢, := Ci(a) are defined by (58), s € N and u(x) are such that

+o0o
l+a<sa<l+2a, / ¥ du(z)| < oo for some q > sa,
0

and d; € R are suitable constants for i = 2, ..., s. Such a representation of F; implies
that there exists an r € (sa, (s + 1)a], such that v} < oo, and allows to apply
Theorem 3.26.

We are interested in the asymptotic behavior of the ruin probability ¢ defined
by (12). From (14) in Section 1.3 we know that the non-ruin probability 1—1 can be
interpreted as the distribution function of the sum S}. = X7+ X;+-- -+ X, S; =0,
where X7, X;, ... are i.i.d. random variables with common distribution function
Fr(u) and v* is a counting random variable defined by P(v* =n) = p (1 + p)~ D
for n € No. In other words, we have ¢(u) = P(S%. > w). Then ¢(u)/(1 — Fi(u))
considered in Theorem 1.7 can be written as

blw) PS> )

=) Pxsa) S+

Applying Theorem 5.5 we obtain the following result.

Corollary 5.6. Consider the Cramér-Lundberg model with the net profit condition
p > 0. Let Fy satisfy condition (144) with o € (0,1). If vj < 1, then

U 2c
P(u) :p—l + 2
1 — Fi(u) ¢ p?x®
my me-1 | 2apg —1-5
+ 2 + ot T + Er +O(x ), T — o0,
where § > 0 is some constant and m;, 1 = 2,...,s — 1, depend only on do, ..., d,,

Cly ..y Cs, p and . Namely, m;, 1 = 2,...,s — 1, can be found as follows:

m; = Z p(l + p)*(n+1) b; with by = n, by = ¢ (n2 — n)/cl,
n=2
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ber = & (et (1405 G F S k=3
k—l—; CkT +Zﬁ(k—j)! _jZQCj 3 Ok—j | > =955

1 j=2
where ¢j,d; are from (144), ¢;, is defined by (89).

Proof. Let us show that the moments of v* of all orders are finite. For any j € N
we have

Ev =Y n P =n)=p> n(1+p) ",
n=0 n=0

According to the ratio convergence test, the latter infinite series converges, since
lim sup,,_, . @ns1/a, = limsup, (1 +1/n)7/(1+p)=1/(1+p) < 1.
Moreover, for j = 1,2 we have Ev = 1/p and Ev? = (2 + p)/p?. Using these facts
and Theorem 5.5 we get the statement of the corollary.

O

5.4 Examples

In this section we consider some examples for which we can apply Theorem 5.5.

Example 5.1. Let us consider a Pareto-distributed random variable X with
a = 1/3 and k = ¢}, where ¢, = Cy(1/3) = /3I'(1/3)/(2r) is defined in (58).
The distribution function F' of X has the form:

1
71/3”

1—F(x)= T >c.
Comparing this representation with representation (136) we can make the following
conclusions: s can be chosen equal to 4 (since 4o > 14+a), u(x) = 0 and dy = dy = 0.
Coefficient d3 can be chosen arbitrarily, since ¢5 = C5(1/3) = 0 (see formula (58)).
Let us put d3 = —0.98.

In order to apply Theorem 5.5 we have to check the condition vj < 1. First,
let us see how pseudomoment v can be calculated. According to definition (80) we

have o B
Ve :/0 d(F—Gyp) ()

Y

where )
él/g(fﬂ) = G1/3,1 (33') + Z Aj G(O’j) (33', 1)
j=2
with coefficients Ay = —1/2, A3 = 17/100 and A4 = 23/600, chosen in such a way,
that B
F(xz) — Gi3(x) = O (:c’5/3) as x — oQ.
This implies the finiteness of the first pseudomoment pj. Moreover, it can be found
precisely:

*+A2+A3 = = — F3(1/3>

c}/aa B (1 ) 49 3V3
6 300 1673

Y :/Oooxd(F—él/g) (x) =

a—1
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When calculating g7 we used the same method as in Example 3.10. The only
difference is that we do not put all ds, ds, d4 equal to 0. The absolute pseudomoment
v was calculated using software Mathematica and has approximate value 1§ ~ 0.995,
which is less than 1. Thus, Theorem 5.5 is applicable.

If Evi < oo for all j € N, then according to Theorem 5.5 we have

A(z) =

¢ (Bv —Ev) —my  my  pi(Ev’—FEv) 0 < 1

$1+6) T 00,

¢y xl/3 223 3x

with some & > 0. Let us calculate my and ms. Using formulas (137) we have

Mo = > 0" o Pnbe and mg = 3207 5 p, bg with
3
! — Z Cj dj bg_j N

bg 1(6371 (1+chn
¢ 2
4
) Z db4j).

1
n 17n 7512 —52n
_27 C3n = Can = — (-

100’ 600
Using this and the fact that do = c3 = dy = 0 we get

1 n
bg — (6477, (1 + Z CJ
C1 5

Using formula (89) for ¢;,, j = 2,3, 4, we obtain

by =

2 (50n° — 150n* + 51n) =0, by = (25n —150n° + 177n? — 52n)

50 c1 25 ¢y

Thus, mg = 302, ppby = 0. From the definition of Ev/, j = 1,...,4, and the fact
that 25n* — 15013 4+ 177n% — 52n = 0 for n = 0, 1, we obtain

C4
25 C1 n—2

ms =

pn (250" = 1500° 4+ 177n* — 521n)

25(;1 (25Eu — 150 Ev® + 177 Ev? —52EV)

Using formula (58) for ¢, = Ci(1/3), k = 1,...,4, we calculate

c = @ ['(1/3), Cy = _ﬁ '(2/3), s =0, “= 1f7T

2 4 L(1/3).

Plugging ¢y, ¢o, ma, m3 and pf into the formula for A(z) we obtain

['(2/3) (Ev — Ev?)

A =
(@) = =T 307
2m(Ev' — 6Ev°) + (227° — 9V3T3(3)) Bv? — (120° — 9vBT(3)) Ev
_I_
144 703
1
+O(x1+6>’ T — 00,

with some § > 0. O
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Example 5.2. Consider a nonnegative random variable X with distribution func-
tion F' and density function p:

0, for = <0,

1—A, for 0<ux<1,
p(z) = 1

%ﬁwa< }:1_1H )@), for o> 1.

where A (~ 0.492) is chosen such that [ p(x)dz = 1. In Example 2.8 we have
shown that

1—F(z) = +0(=?), 2 — .

1
Nove
Comparing this representation with representation (136) we can make the following
conclusions: « = 1/2, ¢; = 1/4/7, s can be chosen equal to 3 (since 3a > 1+ «)
and d3 = 0. Coefficient dy can be chosen arbitrarily, since co = Cy(1/2) = 0 (see
formula (58)). Let us put ds = 3/4. Such a choice of dy makes the pseudomoment
v§ less than 1. Recall how 1 can be calculated. According to definition (80) we
have

%:A d(F = Gip) (@) with Gipnle) = Grpon(a) + 3 A; GO (z, 1)

=2

and coefficients A = —1/8 and A3 = —1/24. Note that the stable distribution
corresponding to G/s,1(z, A) (Lévy distribution) has an explicit density function

A2 3

A
P1/2,1(96’, A) = Qﬁ e dzx 2, x>0, A>0,

which makes all calculations much easier. Using software Mathematica we obtain
vy < 0.32 < 1. Thus, Theorem 5.5 is applicable.
If Evi < oo for all j € N, then according to Theorem 5.5 we have

Ev?—FE 1(Ev—E 1
A(x):cz( v V)+@+N1( v v) O(xué

T — 00
¢, T1/2 x 2x )’ ’

with some § > 0. Let us calculate my. Using formulas (137) we have my = Z DPn bo

with
3
I =D cidibs .
) =

1

1 n
bg — (0377/ (1 + Z CJ
=2

Using formula (89) for ¢;,, j = 2,3, we obtain

__n __"
Con = ] ) C3n = 24

Using this and the fact that co = d3 = 0 we get
by = (4n —3n%— n) )

461
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From the definition of Ev/, j = 1,...,3, and the fact that 4n® — 3n? — n = 0 for
n = 0,1, we obtain

= 4—01 nzzpn (4n3 —3n?— n) = 4021 (4Eu3 —3EV? — EV).

Using formula (58) for ¢, = Ci(1/3), k =1, ..., 3, we calculate

1 1
_ -0 = — .
Je 2T 8T Tk

Plugging ¢, ¢a, ¢3 and my into the formula for A(x) we obtain

Cc1 =

Az) =

— (4 Ev® —3Ev? — Ev) + 245 (Ev? — Ev) 1
48 ¢ O<$1+5>’ v e

with some § > 0. Pseudomoment p] was also approximately calculated using Mathe-
matica and has approximate value pj ~ —0.128. [

For more examples see [11].



Appendix A Some useful results

Lemma A.1 ([33, p.87]). For a € (0,1) we have
/O+oo{ (s;r;i }aj_o‘dx =T(1—a) { Z?If ggg; } : (145)

Lemma A.2 (Euler’s reflection formula; see [32, pp. 58-59]).
For all o € R, we have

'l — a)'(a) = 7/ sin(ma). (146)

Lemma A.3. Let m € Nj.

(i) For any y € R we have

. ;) (iy)’

m—+1 m
< min || 7 2lyI™ |
(m—+1!" m!

(ii) For z € C with |z| <1 we have

< ———

iz

where C'(m) =m(e+1)+e+ 2.

Proof. Part (i) of the lemma is [31, Appendix A, Lemma 1.2].
In order to show part (i7) we consider the general form of the remainder in the
Taylor’s expansion (see [1, Chapter IV, §3, 3.2]). Using |z| < 1 we get

1 1
ez_milij ™ sup |¢% — 1] < (€+1)\Z|m+
— T oml 0<9I<)1 m!
J=0

Now, using the triangle inequality |a +b| — [b] < |a| with a = e* — ¥74! = and

jl
m+1

b= Tt Ve obtain
U 2™ mAl i e+1)]z™
B I P R
ot (m+1)! = ! m!
and, finally,
v iij < (e +1) ]z N 2™ C(m) |Z|m+1’
= ! m! (m+1)! (m+1)!

where C'(m) =m(e+ 1) + e+ 2. O
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Lemma A.4. If for some function f : R — R and a,b,d € R, r € R, we have
(1) |[f(x)| <d forallx e R,
(i) [f(@)| < bla|™  for |z| > a,

then
f(x)| <C(A+|z|)™" forall xe€R,

where C' = max{d(1+a)",b(1+1/a)"}.
Proof. Using condition (7) and the definition of C' we have for |z| < a
Cl+z))">C(l+a)" >d>|f(z)]
From condition (i) for |x| > a it follows that
Cl+z)" =Cla| "1+ 1/lz)™" 2 Cla| "1+ 1/a)™" = blz|™" = |f(z)].

This completes the proof. n

Lemma A.5 (see [1, Chapter I, §8, 8.5]).
Forn,v e N and all y1,...,y, € C the following equality holds

vl

i+ )= > W?ffl T (147)
fey ootk —p W1 Rt
where the summation is carried out over all non-negative integer solutions ki, ks, ..., k,

of the equation ki + ko + -+ + k, = v.

Lemma A.6. Forn,v e N, y; e R, y; > 0,7 =1,...,n, we have

i+ ) <n Ny + -yl (148)

Proof. This is application of Jensen’s inequality (see [25, Chapter IV]) to the convex
function z — zv. O]

Lemma A.7. Let s, K € N. If|aj| < a and |b;| < b for j € {1,...,s} and some
constants a,b > 0, then

S C(a’7bava)Z|aJ _bj’7

=1

ki, ko k k1 pko k
‘al ag® -+ ag” — byt by - b”

wherek; € {0,1,..., K} forj e {1,...,s} and C(a,b, s, K) is some constant depending
only on a, b, s and K.
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Proof. We prove by induction on s.
For s = 1 we have

kl_l . .
‘a’fl — v = (a; — by) > alphr i
j=0
kl_l . .
< |CL1 - b1| Z ajbkl_l_] < |a1 - bl| C(CL?ba 1a K)a
=0

where C(a, b, 1, K) = Ka®b¥.
Now, suppose that the inequality from the assertion of the lemma holds for some
s < n and consider the case s = n + 1:

k1 kn  knt1 k1 kn 1 kn+1
jaf - abragtt = bbb

kl k kn+1 k‘l k k'n+1 k’l k knJrl
< ‘Cﬁ ceay"ay Yy Eayt e a b — Ot D

< fabr -l (abt = oh) o (oot — bbbt by
case s=1 case s=n
< |a[™ C(a,b,1, K) |aps1 — bpsr| + 0] Cla,b,n, K) S |a; — byl
j=1
n+1
< C(G,b,ﬂ‘i‘l,K) Z ‘CL]' —bj|,
j=1
where C(a,b,n + 1, K) = max {|a|nK C(a,b,1,K),|b|™ C(a,b,n, K)} O

Lemma A.8 (see [1, Chapter IV, §3, 3.8]).
Let f : D — R be (n+ 1) times differentiable on D, where D C R is convex with
a € D. Then for any x € D we have

n (k)a T — q)"t!
T, (z—a)

. k
A Ay ey

/()

FO (a0 + 0(x — a)), with 0 € (0,1).
k=0

Lemma A.9 (][44, Chapter VI, §1]).
Let the functions y: R — C and z : C — C have derivatives of order v € N and let
0°=1. Then

ey =1y

o (50)"

!
y=y(t) m=1 m

where the summation 1is carried out over all non-negative integer solutions
(k1, ko, ... k) of the equation ky + 2ke + -+ -+ vk, =v, and s = k; + ko +--- + k.

Remark A.1. If y : R — C has a derivative of order v > 1, then

- o L (1 dny)\"
@ey(t) =yl €y(t) Z H ﬁ (W s . (15())
k1+2ko+...+vk,=v m=1 "m’ .

This follows from Lemma A.9 with z(y) = ev.
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Lemma A.10. If the functions fi,..., fs : R — C have derivatives of order n € N,
then

Gioforr PP = S gy g0, (151)

[ v
bt o K1l K]

Proof. We get the assertion by inductively applying the Leibniz rule of differentiation
(product rule for higher-order derivatives, see [1, Chapter IV, §1, 1.12]). Compare
also to Lemma A.5. O

Lemma A.11. For each a € (0,1) and s € N there exists a constant C = C(s,a)
such that
C(lyl+y*) e <1 forall yeR

Proof. We need to show that the function f(z) = (z+2°)e™ %" is bounded on [0, 00).
This follows from zh_}rgo f(z) = 0 and from the continuity of f on [0, c0). ]

Lemma A.12 (Riemann-Lebesgue lemma,; see [3, Prop. 5.7.1]).
Let L'(R) = {v]| v : R — C Borel measurable, [|v|d\ < oo}, where X is Lebesque
measure. If v € LY(R), then

/ v(z)e™Ndz) =0 as  |t| = oo.
R

Lemma A.13. Suppose b, s > 0 and « € (0,1) are fized. Then for all t € R we

have )
2(t) == exp (—b 1£]° cos (m’)) < | —2 ) .
2 eab cos (0‘2—”)

Proof. If t = 0, then z(t) = 0 and the statement of the lemma is satisfied. Now

we consider the case t € R\ {0}. Denote y := b[t|* cos (a—;) Then we obtain
—s/a

2(y) = e Vyle (b cos (a—;)) .y > 0. It is easy to see that the function e ¥ y*/@
achieves its maximum (on R, ) at the point yy = s/a. Thus,
aTm —s/a ) ar —s/a
2(y) < e~/ (s/a)® (b cos <2>> < <s_ eab cos <2>> :
This completes the proof of the lemma. n

Lemma A.14. For o € (0,1), b > 0 and d > —1 we have

Foo o 1+d
/ et |t dt =207t b’ T <+> < 00.

[e] (0%
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Proof. Consider t > 0 and denote y := bt®. Then we havet = (b™! y)l/a. Integrating
by substitution and using the definition of the gamma function we obtain

+OO % +OO « +OO d «
/ et |4 at = 2/ ettt = 2/ e Y (bfl y) [ gyt yaldy
0 0

+o00 1
=2a7 ! b_%d/ e Y y%d_l dy = 207 b T <+ d) .
0 «

Note that I’ (%d) < oo for d > —1. This completes the proof of the lemma. n

Lemma A.15 ([44, Chapter V1.2, Lemma 7]).
Let G(x) be a function of bounded variation on the real line and let g(t) be its
Fourier-Stieltjes transform. Suppose that lim,|—,. G(x) = 0 and

400
[ lalm 4G @) < 0

for some integer m > 1. Then x™G(z) is a function of bounded variation on the
real line and we have

ity [ e i) = m S S )

0o V=0 V. @

Lemma A.16 (][44, Chapter 1.2, Theorem 1}).

Let f(t) be a characteristic function and let b > 0 and ¢ € (0,1). If |f(t)] < ¢ for
|t| > b, then

1—c?
82

f(O)] <1— t2 forall |t|<b.






Appendix B Proofs of Lemmata 4.13 — 4.18

In this appendix we often use estimate (7) from Lemma 4.2 for pseudomoments Ty, ,, ¢
Tne < (1) + 1)7;kk/’", k=1,...,R,

where r and R come from Theorem 3.26. Since 7, < 0o and v are fixed and can be
calculated, we can estimate all 7y, ¢ by some constant C' > 0:

fk’,n,{ S C for k= 1, ,R

Therefore, in the formulations and proofs of some lemmata from this section con-
stants C' depend on the pseudomoments.

B.1 Some auxiliary results

Lemma B.1. For k € N, s € Ny and p,1(t) = — [t|" e "2 582 t € R, we have
d’ e ak—s
L gt = T lak =31 117 for € R\ {0}
7=0

Moreover, if s < ak then

L) =TTk =)™ for teR

j=0

ds ‘ s—1

Proof. For k € N we obtain
(—1)kgeke=iaks if t >0,
() = (= 1) e Fsent = 0, if¢=0,
(=1D)k(—t)okeioks if t < 0.

If s = 0, then the assertion of the lemma is immediately true. We consider s € N in
what follows. For ¢t > 0 we have

d’ k ak—s —iakZ
dtsgoal(t) (—=DFak(ak — 1)+ (ak — (s — 1) )tF2e M5

For t < 0 we get
ds P (t)= (- 1)k+sak:(ak: —1)--- (ak: —(s— 1))(_t)ak—s€iakg.
des "t

Finally, we compute the derivatives at t = 0. With ak — s > 0 we obtain for s = 1:

90(1 1(0+h) — 90];1(0)

= lim (—1)*po*~te7ioks =

(¥h1) (0) =

ha0+ h h—0+
k
[ s Pa,1(04+h) — wh 1(0) — i (—1\k=1(_pyak—1 iakZ _
(900471)_ (0) = hli%l_ h N hlg(IJl—( DR e =0,

Thus, ((p’;’l)/ (0) = 0. Similarly it can be shown that (gpg’l)(s) (0) =0 for all s < ak.

Combining all three cases we get the assertion of the lemma. O]
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Lemma B.2. Let g, 1(t) = e¥1® with p,1(t) = — [t|"ete5 50t € R. For
s € Ny, some constant N € Ry andt € R\ {0} we have

ds «@ s

‘dtsgal<th> < Ofs)er Ml D) 2 g,

where C(s) is some constant not depending on N.

Proof. For s = 0 the assertion of the lemma is obviously true. We consider the case
s € N in what follows. Note that g, (f) is infinitely differentiable for t € R\ {0}.
Using formula (150) with y(t) = ¢4.1(/Nt) and Lemma B.1 we obtain

dS S 1 1 dm km
Sgozl(Nt)’: S!ga,l(Nt) Z H ( m@al(Nt)>
|dt k142ko+...+sks=s m=1 km' m' dt
< stlgaa VOl 2 115 () Not | (t)
k1+2ko+...+sks=s m=1 km' m! dt

Removing the product sign and taking into account that 1 < ky + ko + -+ + ks <
ki 4+ 2ky + -+ 4 sk, = s for s > 1, we find

D ot (V) < s lgaa (V)| Y L) ()
S5 Ya1 S 1Ga1 —_— | = =
dt k1 +2ko+...+sks=s Kyl kst N1 s!
k1 ks
o d d*
x N (k1+...+ks) %Qpa,l(t) c. ‘dts Pa, 1<t)
) =
(H la—j]| Itas>
j=0
< 8! ga1(N)] Z Cl(ky, .., ks)Na(k1+~~+ks) ’t|0‘(k1+---+k‘s)_(k’1+2k2+...+sk’s)
k1+2ko+...+sks=s
=gl |ga71(Nt)| Z C(k’l, . ks)Na(k1+"'+ks) |t|a(k1+...+k5)75

k142ko+...+sks=s

< C(S) —|Nt\“cos( ) <Na ’t‘a S 4 Ns@ ‘tlas S>
Applying Lemma A.11 with |y| = |[Nt|* and a = cos(%)/2 to the last expression
we get the assertion of the lemma. O]
Lemma B.3. For pe Ny and t € R\ {0} we have

d" Jq (tn 1/0‘)

dte

< Cp) e 5 ) g

where g, is given by (82) and C(p) > 0 is some constant not depending on n.

Proof. Recall that g (t) = [2° eitxdéa(:c) = Ga1(t) + X is Ak Gan(t) gogl(t), t eR,
with Ay, k=2, ..., s, from (70). Define Ay :=1 and A; := 0. Then we have

s

~ -1/« e -1/« -1/ A -1/
Galtn™") = 37 Ak gaa(tn ™) b (tn7%) = 37 2 g (b0 ™) 1 (0.
k=0 k=0
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For t # 0 functions g, and g0§71 are infinitely differentiable and Lemma A.10 can
be applied:

d ° Ay

dte ga(t _1/a> = kz;

dm dm
-1/« k
Z dtnl g%l (tn ! ) dth Spoc,l (t>

nit+n2=p
n1,n2€Ny

nk

Using the above equality and Lemmata B.1 and B.2 we get

[t/

S N OB E Il

ni+n2=p

P

e n~ e
gin Jaltn™17)| <

n2_l ek e 5) |t
-(Hkm—um 2)scme : C“%||ﬂz

1=0
|tn71/o"a x
< C(p)em T exlod) g

‘ak

|tn71/o‘|a S ak
T T cos(a%) Z ‘tn—l/a‘ )
k=0

It follows from Lemma A.13 that the expression in square brackets in the last in-
equality can be estimated by a constant not depending on n. Thus, we obtain

o u(tn)

< Cp) e o) g

This completes the proof of the lemma. n
Lemma B.4. Let s,p,u € Ny, N € R andt € R\ {0}. For |N|[t|* <1 we have

dS v N’U
dts (t ( NCPa,l(t) — Z ' 900[ 1(t>>>
v=0 "*

™

where pq1(t) = —|t|* e "2 58 ¢t € R, and C(s,u,p) is some constant not depen-
ding on N.

< C(s,u, p) NP gD,

Proof. For s = 0 Lemma A.3 provides the assertion of the lemma We consider the
case s € N in what follows. Note that t* (eN%’l(t) — > o Tl 1(16)) is infinitely
differentiable for t € R\ {0}. Using formula (151) from Lemma A.10 we obtain

d° N N
1 $a,1(t) _ E
dt < (6 v=0 vl gpal( ))>|

s\ | &/ PNV d5—7 pu
< — Nﬁoa,l(t) _ . : _ ‘
B j(sz—u)+ <]> ‘dt] (e vgo vl Paall )>| g | = ®
Now we apply formula (149) with y(t) = Npa1(t) and z(y) = eV — 3P _, 35
jdwwsﬂ > D)L (L)
dt k1,..., kjENO dy y=y(t) m=1 km m! dt
k?1+2k’2+--~+jk‘j:j
q:=k1+ka+...+k;
< C(y) Z eV(® _ Z ‘ | IV |tk H 907;711())
k1+2ko+...+jkj=j v=0 m=1 dt

q=k1+ka+...+k;
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Taking into account that |N|[t|* < 1 and using Lemmata B.1 and A.3 we get

d’ _ —at1)t o N et Ok — ik
W) SCU) 3T INpaa(t)] T N o) Rl
k142ko+...+jkj=j
q::k1+k2+...+kj

) —Jj an (p—g+1)* a . a s

SCEIT X (NPT (NI < CE) NP e,
k1+2k2+---+jkﬁj:j
q:=k1+ka+...+k;

Using the last estimation we continue
O 3 (*)ew et e Clus, e
j=(s—u)*
< C(s,u) |N|p+1 |t|a(p+1)+u—s'

This completes the proof of the lemma.

Lemma B.5. For s € Ny, { € N and some constant N € R, we have

d* =
= e (NY)

= =(—1
ds' < (Ng)s VsneVone

where ﬁmg(t) = [T2eite dﬁn@(x) fort € R with ﬁné defined by (93) and pseudo-
moments Us n ¢ are given immediately after formula (93).
Proof. Using the properties of Fourier transform we have
iy ¢(N) = / et 0T (x).

—00

—
From Lemma 4.3 it follows that h,, .(N?) is s times differentiable, and for s € Ny we
obtain using (101):

d® =¢ too ) —(x +oo —{x
dtshmg(Nt)| _ ‘ I deg(x)‘ <N [l ’deg(z)
s :6* s = :87
= N°v, <Hn§(x)> < (NU)® Uy e Vo,nl,g-
This completes the proof of the lemma. n

Lemma B.6. Let ﬁmg be as in Lemma B.5. For s € Ny, ¢/ € N and some constant
N € R, we have

min{s,(}
dS — S j = E*]: . .
‘dtshn,s(Nt) < C(s)N ]2:1 (Nt V1ine) " Usojiime, ifs €N, (152)
(N [t| Trne) if s = 0.
In particular, for s =0,1,..., R+ 1 with R defined by (99) and N |t| < 1 we have

d® =t
d e

h (Nt)‘gC(Nﬁ)s (N |t Frne) I (1 V™I T, ), (153)

where constants C, C(s) do not depend on n,l,§ or N, and pseudomoments Us ¢
are defined immediately after formula (93).
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Proof. Consider s = 0. Using the fact that i, = ff;fldﬁng(x) = 0 (see
Lemma 4.1 (7)) we obtain for £ € N:

L

— 4o
hné(Nt)‘ _ ’ /_ ¢Ne g, o (x)

e}

¢ too _
_ ‘ /_ (€N — 1) dH,¢(x)
0

(154)
< ([ titNal [de(@)]) = (V1 Prne)’

Now let s € N. Using formula (149) with z(y) = y* and y(¢) = ﬁn’g(Nt> we obtain

d® =¢ dr s 1 1 dm™ = km,
CE =y Ty -1 (h (Nt))
S TL,& — m ”75
dt k1+2ka+-~+sks=s dyp y_ﬁng(Nt) m=1 m' m!dt
pi=k1+-+ks
min{s,Z} E' :é—] S 1 1 dm — km
=s! ———h, . (Nt) || — (hng(Nt)>
j:zl k1+2k2;+skszs (g - ])' ¢ ngl km' m! dtm
(155)
From Lemma B.5 we obtain
‘dtmhn,swt) <N"Tpne  for meN.

Plugging the last estimation and estimation (154) in (155) we come to the following:

d5 — min{s,¢} /! B »
‘(whmg(l\/t)‘ <st Y > = (N |t|Type) ™ x
Jj=1  ki+2ko+---+sks=s ’
kl++k‘s:]
I A oy = ke
A () 0
min{s,¢} . B . L L
SCN® Y O(N[HTine) ™ > Vine " Vsng:
j=1 k142ko+--+sks=s

kl++ks:]

Note that if j = 1, then ks = 1. From j = 2 it follows that ks = 0. For each 7 > 3
we always have by = ks_1 = ... = ks_j;2 = 0. This means that the “largest-order”-
pseudomoment that can appear above is Ts_j 1 ,¢. Using this fact and Lemma 4.2
we can estimate the sum of pseudomoments in the last expression by some constant
times the largest-order pseudomoment 7,_; 1 ,,¢. Finally, combining the cases s = 0
and s € N we get (152).

Let now s = 1,...,R+ 1 and N |{| < 1. From Lemma 4.2 (i) and from in-
equality (152) it follows for £ < s that

¢ .
< CN? ZW (N |t| ﬁl,n,{)e_] Vs—jtinge

J=1

< C(NO* (N[ Zame +1).

e
% n,f( )
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For ¢ > s we have

d® =¢ —i
d h (Nt) < C N? Zgj N |t| Vln{) J ﬁs,ﬂl,n,g
J=1
< C(NO? ((N [ T1me) ™ Do + > (N [t Trne) ™ Vsj+1,n,£>
=2

s = l—s = s—1 = 5 — s—j
< CNO (N[ T1me) ™ [ (N[ T1ne)* ™ Tame+ 2 (N [ Tine)
j=2 §v1

<C(NO (N [tT1ne) ™ (V)™ Tane +1) .

Combining the cases ¢ < s and ¢ > s we obtain formula (153), which also holds true
for s = 0. This completes the proof of the lemma. m

Lemma B.7. Let go1, pa1 and ﬁné be as in Lemmata B.2 and B.5. Further, let
keNy, £=01,...,n,n €N and |t| <en'* t #0, where ¢ = min{1,c;'} with
co= (5 + 1)t

Ifg=0,1,...Rorifg=R+1 and { =0, then

it (000300 (1 (55)7) T (075))

n— [e3 QT ‘g
< el eos(%F) (max{1, k} max{1,})? |t|** (CO || n_§> :

Ifq=R+1and ¢ > 1, then

R+1 — @ am
| d < Ce—Tne\ﬂ cos(T)(EmaX{Lk})R-H

dtR+1 (90];,1@) a1 <t (";E)i) ﬁig (tn‘i))
) |t’ak—(R+1) ((Co |t] n*é)e " (Co tn a>R+1+(g (R+1))*+ (n—é’t‘)min{l,e_l} I/RH’H’&) |

where pseudomoments V5, vi are given by (80), pseudomoment Upiy ¢ s defined
immediately after formula (93), v comes from Theorem 3.26, R is defined by (99)
and constants C' (in both cases) do not depend onn, ¢, .

:g
Proof. Let ¢,k € N. For t # 0 the functions @’;71, ga,1 and h,, o are infinitely
differentiable and we can apply formula (151) from Lemma A.10:

ccliqq (@al(t) Ja1 (t (” 5) ) .ﬁi{ (tni))

! dm dm? Nz dms /=t 1
- Z nﬂTi]z!ng! dt™ (¢§’1(t)) dtm2 (gal < ( "Z) >> dtms <hn’£ (tn é)> ‘

n1,n2,n3€Ng
n1+n2+n3=q

Applying Lemmata B.1, B.2 and (153) in B.6 we get

‘j; (soal( ) * Gasn (t (”n‘f)i‘> ‘ﬁi,g (tn_i)ﬂ
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ni—1
<y L (H lak — j| Itlo"“‘”l) : (ce—"z‘flt‘*ws(‘?) Itl‘”)
= J

j=0

11517121
n1-+tnatnz=q 11913

1 1 _ (6—n3)* 1 (min{f,;nz}—-1)T _
. (c (5 0y (075 || Te) (1 T () ung,n,5)>
<Ce” oL cos( ) (ﬁ k) Z ’t‘ak—m—nz—m

ni1+n2+n3=q
()" (T ) T (1 T (nd ) Vns,n,g) . (156)

Denote

X(t) — (w Tfi)ng (n ;;1 e L‘|> —n3)t <1 n (nié |t‘)(min{€,n3}—1)+ VnS,n,g) |

At this point we have to distinguish two cases: ¢ = R+ 1and ¢ =0,1,..., R.

Case 1: =R+ 1. If ¢g= R+ 1, then ng can take the values 0,1, ..., R 4+ 1.

If ng =0,1,.., R, then according to Lemma 4.2 pseudomoments 7,,, ,, ¢ can be es-
timated by (v¢ + 1)7:™/". Denote ¢ := (1§ + 1)y /", Taking into account that
coltin™V* <1 and [tjn™"/* < 1 we get

¢
o < 2(Jt| na) (v + 1)1 g, it > ng,
X\ = n n
2 <|t| n_é) ’ (Vs + 1) *ns/T <2 ((]/0 + DY |t n i) A (< ny

¢
< C (co [t n—é) forall £=1,...n
Consider ng = R+ 1. Again, applying Lemma 4.2 for estimation of 7 , ¢ we obtain

C (5 + 1) 7t b (1+(n—i )" VRHM), it (>R,
(1t n=2)"™" <1+( Ee) VRHM) it (<R+1

R+1+(0—(R+1))* 1 min{1,6—1} _
< O (co ] n%) <1+(n e yRH,né), (=1, ..n.

Combining these two cases we obtain

R+1
|d + < Cef%wacos(%) |t|ak7(R+1)

dtBR+1 <<PZ,1( ) " Ga1 ( (nné) ) 'ﬁig (tn_i))
(R (<CO g n_éy + (CO it| n a)RHW (R+1))* (n_é ‘tDmin{l,Z—l} VR+1,n,g> |

Now we consider the second case.
Case 2: ¢=0,1,...,R. If g =0,1,..., R, then ng < R in (156) and we can use the

1\ /
estimate x(t) < C (co |t] n’E> as above. From (156) we obtain

it (a0 (1 (5)7) T (078))

") (07 11" (e 1] nE)

< Ce 2
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which proves the statement of the lemma for this case.
Using the same method as above it is easy to see that the statement of the lemma
holds true if £ = 0 and/or ¢ = 0. O

Lemma B.8. Let ¢ =1,2,...n, n € N. For s=0,1,..., R+ 1 and |t| > &, we have

—=(l—s)t

e tn’l/"‘) < O~ max{1, T, e} Qe

i

where fng( ) = [T et dF, ¢(x) with Fre defined in (92), e, = En'/* with & given
by (123) @ &= SUP’fng v

[t]|>e
formula (93), and constant C' does not depend on n, ¢, §.

Remark B.1. Note that 57%5 can be estimated by a constant not depending
on n and & It follows from the definition of ?n,é’ f and estimate (108) with
N = n'/*(1 + &) that

‘?ng(t)‘ = ’/_J:O eitxdfngg(:c) < ‘/_:O et dF (z)| + ‘/j: itz ] (fnﬁ B F) (z)

<If@l+ [ a(Fag - F) @] < Ol + 297 <0, ter

Hence,

Qe < sup | f(t )]+ 2y < C. (157)

[t|>¢

Proof. Consider s = 0. Using the definition of @, . and the fact that Do, can be
estimated by a constant (see (94) with » = 0) we obtain the statement of the lemma.

Now let s > 1. According to the definition we have f, ((t) = ga(t) + hne(t).
From Lemma B.3 and Lemma B.5 it follows that for m = 1,..., R+ 1 and [t| > ¢,
we have

T (107%) B e (tn73)| < €. (o) o

dm 1
dtm S | ggm 9 (m i) *lam

+ n_m/o‘ ﬁm,n,f < c n_m/a + n_m/a fm,n,ﬁ < C n_m/a maX{L fmvn’f}'

(158)
Using formula (149) from Lemma A.9 with z(y) = y* and y(t) = ?nyg(Nt) we obtain

so1 (1 d= i
1§ B (mf 75<Nt>>

y=Fp e(Nt) m=1"m

d? =t dr

gpo ne(Vt) = > y ——y

k1+2k2+---+sks_s yP
p=k1+-+ks

min{s,@} €| :é—j S 1 1 d _ km
= sl S ~ (=2 F (Nt
8y BT T ()

j=1 k14+2ko+---+sks=s
krtroe+ks =)

(159)
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Plugging estimation (158) in (159) with N = n~"/* we come to the following:

d’ = 1
‘dtj; (in~2)

min{s,(} /! —j 51 1\ km
< 0 gL (A
jz::I k1+2k2+2~~:-+sk3:s (€=t e ngl k! A
k1++ks:]

_ k — ks
X (C’ n~Y* max{1, ﬁl,n,{}) b (C’ n~%* max{1, ?s,n,g}) =O.
Note that ks < 1. Then taking into account Remark B.1, the fact that s =1, ..., R+1

and that all pseudomoments 7 ,, . can be estimated by some constant for s =1, ..., R
(see Lemma 4.2 (i)), we continue

min{s,¢} /! i B
®<C Y > gy Qe max{L ung)

j=1  ki14+2ko+---+sks=s
ki+-+ks=j

_ —(l—s)T
<O~ max{1,Tspne} szg )
This completes the proof of the lemma. O]

Lemma B.9. Let r > 1 such that 0 < v} < co. Define R as in (99) and, further,
forneN, £ €[0,00) and t € R define

itn~ Y/« I itn~=1/)2 I itn= /)R
Hlng( )+ﬂ2,n,5( ) T MR,n,g( )

Xrng(t) = 1 9] ' Rl

where Ty, ¢, k =1, ..., R, are given immediately after formula (93).
Then for s =0,1,..., R+ 1 and [t| < n'* we have

dS

—s/a -1/« t=s
s X < CO 0=/ (e n=Ve)

where C(¢) is some constant not depending on n and &.

Proof. Consider s = 0. Taking into account that ’uk ”5’ < Thme < (V3 + D)y for
k=1,.., R (see Lemma 4.2) and that [t|n~"/* < 1 we obtain

7 = 1
“1/a l ﬁl,n,ﬁ ﬁR,n,§(|t| n—l/Oé)R—l

*1/r *R/r

<t (57 5 () < 00 (1)

which means that for s = 0 the assertion of the lemma is true. We consider the
case s = 1,2,..., R+ 1 in what follows. Using formula (149), the above estimate of
Xfne(t) and keeping in mind that [f|n~"/* <1 we obtain

d° ‘ min{s,¢}

0! XR o1 1 dam Fom
t ! ”5 — ne(t
g X)) = s 3 2 €—j)! 11 ! <m' g Vs )>

7=1  ki1+2ko+:-+sks=s
k1++ks:]
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| (;)ks

min{s,¢} ; . 1/ 0—j 1 1 k1
<y ¥ e (M) Mp)'

j=1  ki1+2ko+---+sks=s

R = o —1/ayu—1 k1
) - —1/a)\1 Mu,n,{(ltn )
G (u—1)!

u=1

min{s,{} —j R wu/r k1 R su/r ks
<oy Y (n ) 3 [Z (u%_ 1)!1 [Z J_S)!]

j=1 k1+2ko+--+sks=s Lu=1 u=s
k1+"'+ks:j
—s/ N . —s/ min{s,c} ~1 L—j —s/ ~1 £—min{s,l}
n g1y < Cne S ([Hnte) T < ey n e ([ et .
j=1

£—min{s{ l—s
Since [t|n~Y* < 1 we have (|t\ n‘l/o‘) ot < (]t| n‘l/"‘) . This completes the
proof of the lemma. O

Below we give the technical proofs of Lemmata 4.13 — 4.18. For reader’s conve-
nience we also repeat the statements of the lemmata.

B.2 Proof of Lemma 4.13
Lemma 4.13. Define di,(t) = 3%, 1 220k () gan(t) with p = [2(R + 1)/a].
Then for [t| < en'/® and ¢ =0,1,..., R+ 1 we have

o)) < 0ot e (E) 5 g (e (8 g

with constant C' not depending on n, and

2+4p/2

6:min{1,( ! , L (cos("‘f)) ! }, D = max {2|A4; |1/J}

2D)t/e’ Dl/e 8D 2<j<s

where s and A;, j =2,...,s, are defined in (85) and (70).

Proof. For t # 0 the functions ¢ |(t) and go,1(t) are infinitely differentiable. Ap-
plying formula (151) from Lemma A.10 we obtain for ¢ # 0:

L @, q! Ko\ () (n2)
(i) 0= % T (eh)™ 0ol ).
ni1+n2=q
n1,m2€Ny

Taking into account that k > p+ 1 > (RH)

we can estimate

[CRPLICIERD p

1151
n1-Fna=q nino:

> 2 and using Lemmata B.1 and B.2

(e5)™ @] o)

| ni—1 o
< ¥ LT ek =)l Clng)em 3T (F) g

Ins!
n1-tna=q n1:MNg. j=0
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| nyp—1
— 11| cos( & ak— .
< el es(F) ek S Ony) nl'n'H(Ozk’—j)
ni1+nga=q 102- 7=0
< Ok sl eos(F) yok—a (160)

Let us consider the case ¢ = 0. We start with the first derivative of @’;71 Jo1-
Taking into account that ak > R+ 1 we get

(51 gan) (B) = (1 gar ) (0)

(90[3,1 gcm)/+ (0) = lim

h—0-+ h
a. . —ial _ T
— lim (G_h e 2(_1)khak 16 za2k> =0
h—0+

as well as

(51 Gat) (h) = (51 gan) (0)

((P’oi,l ga,1>/_ (0) = lim

h—0— h
= hliI(I]l <€—|h|aemg(_1)k_1 |h|0‘k_1 eiagk> =0.
0

Thus, the first derivative of ¢f | go1 exists at point 0 and (902,1 ga,1>/ (0) = 0. Simi-
larly, it can be shown that (gpg1 ga,1>(1) (0)=0fori=1,...,R+1.
Thus, inequality (160) holds for all t € R. Using it and the fact that there always

exists a constant C' > 0 such that k7 < kit < O 2% for all k € N, we estimate

o)< S (e gu) )

e
<C Z |Ckn|kq|t|ak q *7\t| cos(%)
k=p+1

sn

S C ’t‘*q e—%ma COS(%) Z Ck:n ’t|

— n
k=p+1 ( B )

where the notation cj ,, comes from the following:

TL' k
* R - 2,0,
|Ck,n| S Ck,n T z : ko'l{?g‘ . ks' ’A2’ |A5

ko+ko+-+ks=n
2ko+-+sks=k

ks

Note that c¢p,, = ¢5,, = 1 and ¢, = ¢f,, = 0 for all n € N. We have to find an
upper bound for the sum 373" _n1¢|** . Using formula (147) from Lemma A5

()

Al A

(z)’ () k

_ nt [ Al (wm)
ko+k2§+ks:n kolka! - - - k! (g)Z (%)S

we obtain

n

1+
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| <2k2+...+sks>a

n' k k t
_ S Ayl A
kotky o Kokl Kl ° <%)2k2+”'+8k5
1] n! k ke w~ Ok, k
_Z > 7k0'k2'--~k'|A2|2""A8| =y nnk|t|a.
o (2 — Sh2- s- [ O
6 (8) gpiat Tyt =0 (3)
kn
Thus, taking into account that g, =1 and ¢j,, = 0 we get
9 n
LR As| |t Agl £ L. c
O L il Bt o
v (3) (3) (5) = (3)
At A\ "
In other words, from {1+ Sy Tt Ty ) we subtract 1 and all sum-
2 2

21>, ... |t]P*. In order to see the structure of the remainder

(pfﬁ’/z iiffii:le; . Note that p € N is the smallest num-

ber such that 2a(p+ 1) > ap. Then we have

mands containing |¢|

we do the following. Let p = {

n k
|Aa| Jt[* | As| [¢™ - <n> | Aa| [ |As| [¢™
I+ — 5+ + Z Yt
(5) () (5) ()
|Ag| [¢** | Al 2™
=l4+n|——s—++"+ ——5—
(8) (3)
2
n(n —1) [ |As| ¢ | Asl 2™
.‘._i_ —_— +...
LG () )
+n<n—1)---~(?—(ﬁ—1)) Al A '
o’ (3) (3)
o\ (1Al | AL
+ Z ( ) e ol 4o+ %
k=p+1 (%)2 (5)
With some constants ¢i, ..., ¢; not depending on n we obtain
L AL o

2
(5)
~ 9 k
Aol [t Al 1t
(n) Aol * LA

(3)
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Let us try to estimate the second sum from the above expression. Consider k = p+1.
Taking into account that D [t|*/n < 1/2 with D = 2121;2({2 |A;|"/7} and using the
)8
definition of p and p we obtain
p+1
20 sa a2 a7s p+1
no\ [ Azl | As| [1] s [ | D Dit”
5 5 + ...+ N <n . + m
P () (5)

- ay 2\ PF1 2a(p+1)
- (<3_1) <D|t| )) < T B (et 4 ppetosn.

Now let k > p+ 2. Denote U := U,(t) := D |t|*/n with D defined above. Using
the formula for the infinite geometric series together with the fact that U < 1/2 we
have

k

n 1 k
< Z <Z> (Up; Up+2> (U1+...+U5—1>k

k=p+2

2

fosm (Mg (LU e
U kUM(l—l]) sty | T®

k=p+2

p+2
Now using fact that U < min{1/2,&¢} with g9 = (8% cos (a—z’r))er and plugging the
formula for U we continue

n

1 ~ n
~ ;+2 Dltla (6% p+1 taCOS anm
@<Urt|14+50 - §<D|t| > <1+|| <2))

1/2 n 4n

‘t|a(;+1)

L L (RGO FTECE)

np"!‘].

Now we have all we need for the estimation of the sum 77" ., (C’”}k |t|**. Thus,
n/2

taking into account the definition of p, p and the fact that |t| < ene we have

= CZ:n ak P, ( 1 C;) ak
’ < o T = | [¢]
k=p+1 (%)k kzgrl k=t nk=p
k _
F3 () Al AT € (\t!)
— ... = <
ke \F (%) (5) s\ T

F O (o) 4 o) o 0 e () B (Je(841) 4 gpe(540))
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< Cnp p— 1|t|a(p+1 +Oe4|t|°‘cos(°‘—;)n £l (|t’a(’2’+é) + |t|a(p+2))

< 064 [t~ cos(%)n 1 <|t|a(§+;) + |t|04(ﬂ+2)> . (161)

Finally we come back to the estimation of dﬁ?ﬁ (t). Combining everything we
obtain

(0] < ol et (F) S e e
i (3)

< Ce—%htﬁcos(%) — Al ‘t| q Oﬂa(é’-ﬁ-é) 4 |t‘oz(p+2))7

where a(p+1)/2 —q> a(p+1)/2 - (R+ 1) > 0 according to the definition of p.
This completes the proof of the lemma. O

B.3 Proof of Lemma 4.14
Lemma 4.14. Define

It i 5 (Z)Ck’”‘%’;J()gal(( 1)) T (1%,

k

where p = [2R/a] and my =1+ [(R — %k) /(1 — a)] Then for |t| < en'/® we have

‘d(Q) ’ <(C 6*%coS(a2l) n—% |t|R+1—q (|t|91 + |t|62) 7 g = 0,1, ...,R,

r—

‘d R+1 ‘ < C e—Tcos<°‘2—'") n- = (’t|91 + |t‘92 + |t|04p+1) (1 +£)R+17r’

where b2y = mkin(mgx){mk + ak — R} > 0, r comes from Theorem 3.26,

1/(1—a)

. 1 [cos (7) . ok «1/r

£ =ming 1, — | ——% with ¢co = (v + 1)y ", and constants C' do
Co 8ecy

not depend on n and &.
Proof. We will distinguish two cases.

Case 1: ¢ = R+ 1. Using Lemma B.7 and taking into account that £ = 0,1, ..., p,
¢ > 1 and that [tjn~"* < 1 we obtain for |t| < en'/® t # 0:

R+1
‘ d <Ce 2n[|t| cos(%)

e (500 o (1(55)7) e (107%)

ke 14 R+1+(0—(R+1)T _
.€R+1 |t| k—(R+1) ((CO |t| n a) + (CO |t| n a) VR+1,n,£> .

(162)

Let us consider the case t = 0. Using the definition of m; and p we can show that
ak+¢>R+1fork=0,...,pand { =my+1,...,n — 1. Indeed,

— 2 1- 1-2
R —ak/ +1:R+ a ak( «)

kl> ak 1> ak
ol bz akdmt L = okt —a @ 2(=a)

- ® (163)
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For av < 1/2 the expression ® considered above is increasing with respect to k and
takes the smallest value at point £ = 0. Therefore, (8 > % >R+1. Ifa>1/2,
then expression (§) is decreasing with respect to k& and takes the smallest value at
point £ = p. From the definition of p it follows that @ > 2R+ 1 > R+ 1. Thus,
ak+¢> R+1forall a € (0,1) and k, ¢ considered in the lemma. Keeping this fact

—
in mind let us calculate the first derivative of @ | (£) ga,1 < (” e) e > h,, (tnfl/a)

Using the definition of hn5 and the fact that Ty, = [T 1 dH,¢(z) = 0 (see
Lemma 4.1) we obtain

(#500) ge (- (59)") T (077%)) (0)

+

e_nT4hae—iQ% (_1>k;ho¢k;€—ia%k < ‘70 (eihnil/ax — 1) dﬁ R

-l :
4 ;
o —nlpagTiag kpok —iazk [ [T € Y] =
= hli)r[l}l+€ n (—]_> h (& 2 /;OO T dHn’E(ZE) = 0
as well as

(540 g0 (- (5)") T (07)) " 0)

. —u‘h|aeia% k—1 ok ok o0 e’ihn_l/ax_l _ ¢
= lim e % (—1)F=1|R|* eie3 / i aela) | =0

h—0— —00

Thus, the first derivative at point 0 exists and is equal to 0. Similarly, using the
fact that ak +¢ > R + 1 we can show that

d] 1/ = —1/a . .
I (gpal(t) Ga <t (T) ) h, (tn )> T 0 for j=1,..,R+1.

Thus, inequality (162) holds for all |t| < en!/®. Using it we estimate

‘d R+1) ’ i i ( )Ckn —L Ce é\t|acos<a7") £R+1 |t|ak7(R+1)
k=0 l=my,
RV RA14(l—(R+1))* _
<( ] n “) + (Co | n ) VR+1,n,§>
e e e, (6
—C 6——005 0‘2—“ Z |t|o¢k (R+1) Z ( ) k,nkfé (ecos(‘g’*))
(= mi+1 g n
R YA R+1+(0—(R+1)T _
WA <<co t] n a) + (co t| n a) VR+1’R75> :
It is easy to see that for k =0,...,pand £ =1,...,n — 1 there always exists a
constant C' > 0 such that
Chn—t (n—20)! ke ko C
M i Rkl e A S T (169)

ko+ko+-+ks=n—¢
2ko+--+sks=k
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where kg, ks, ..., ks € Ny and C' does not depend on n.

11
Note also that e 2 “(%) < e, since |t| < n'/®. Using the last two inequalities
and the fact that there exists a constant C' > 0, such that ¢! < C2¢ for all £ € N,
we obtain

n—1 * e an\\ ¢ 1
Z <Z> CkT,Lnk—f (elzlncos<2)> A <(Co || n‘a)lZ + - )

= mg+1
¢
=¢ Z ( ) ’“/)2 <(CO i n_é)£+ (CO [t] 7 Q)RHJF(E e VR+1,n,§>
l=mp+1
R+1 ¢
=C Z ( >( k/)2 <(CO |t] ”_%y + (Co t] n “)RH VR-Q—Ln,f)
f=mp+1

n—1 n e J4 L B
+C T <£> (jk/z <(00 H ) (1 +1/R+17n7€)) - ®.

{=max{my+1,R+2}

Note that if £ < 2R then the first sum in © is equal to 0, since my+1 > R+ 1 (this
follows from the definition of my). This means, one considers the first sum only for
k > 2R. We denote ¢, := max{my + 1, R + 2} and continue

R+1 ¢ N Rl R+1
®<C Z nl—k/2—t/a |t| +C (n—a |t|) VRl Z nt—k/2
{=mp+1 l=mp+1
/2 ZO n-l n l— @0
+ C max{1, Vg1 ne} n~ <|t| ) > ’ (2@00 lt| n a> =0@.
=4y

Using the definition of m; we obtain for £ > my + 1:

(=1 = k/2 < (mp +1)(1 = 1) = k/2 < (14 Bfa2) o=l g = _ftlza

07

Also, for { =my, +1,..., R+ 1 with mp + 1 < R+ 1 we have
(—k/2<R+4+1-k/2<R+1-2R/2=1.

1/(1-«
Taking into account that |t| < (cos (“—2”) /(8e co)> e n'/* and using the pro-
perties (2) = (Zj) and (14 a/n)" <e* a € R,, we have

n

S (1) Cewtnty =" (1, ) Ceannty

=ty 3=0
n—1—to

nn—1)---(n—40y+1) n—€0> _1NJ
- ) 2ecy |t| n” @
=X T GrwoGen | g ) Gealdn)

b e e S5 (166)
n—~_ @ o «
Snéo(l—l—QecO lt] n~ a) "< nl <1+ec()|| <||> )

n n

cos t|* o
< ' 1+( )H ) < nto LCOS(T).

4n
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Denote D = {m € N :m > 2 R}. Using the last three inequalities considered above,
the fact that fo (1— 1) —k/2 < (mx +1) (1= 1) = k/2 < —(R+1 - a)/a and
Lemma 4.2 for Upy1,¢, we finally obtain

©<C ( _Btl-o (|t|mk+1 + wRJrl) +no R+1 (1 +£)R+17r) ]lDUf)

+ €M eon(5) pfo(1-3) k72 g0 nRTr(l + O (167)

< CG# cos( ) sl ((‘t|mk+1 + |t’R+1) 1p(k) + méo) (1 _|_£)R+1—r.

S (8

Now we come back to the estimation of d . Plugging the upper bound (167)

of the sum j=) (e) ’“7:; ... into formula (164) we obtain

n—1 * ‘ o /
‘dgls-i-l)(t)’ <C ef—cos O‘T Z |t|ak (R+1) Z (z) Cln—t <62 COS(Q))

l=mp+1 ’)’Lk
N R+1+(¢—(R4+1))* _
0 (e 78+ (e %) Tisine)

[t]

—a P
C e i cos(%) n*TT (1 + 5)R+177‘ Z ’t‘ak_(R—H) ((mm;ﬁrl + ’t‘R+1> I[D<k) + ‘t|f0)
k=0

[t

C ef—cos(%) n—% <|t|61 + |t|02 + |t|ocp+1) (1 _f_g)R—I—l—r’

where 0 := mm {mk—i—ak R} and 6, := nax {m;ﬁ—ak R}. From inequality (163)

it follows that 91, 6, > 0.
Now we come back to the second case, which is much simpler.

Case 2: ¢ =0,1,..., R. Again, using Lemma B.7 we obtain:

‘j; (soal() ga1< (=) )Ei,g (tn—i))‘

< C eI (F) g1 110 (e [t 3

Now we repeat the same procedure as in the case ¢ = R + 1. Using the above
estimate we obtain

P n—1
'd(Q) ’ < Z Z (7;) Ck;n l Ceiiltl cos(%) €q|t|ak—q (CO |t| n‘é)é

k=0 f=mp+1 n*
[e -1 * [e7 E
—C e—% cos % Z |t’ak q nz: <n> Ckynkff <€|2" cos("‘f)) (168)

A (co || n‘é)é.

Ckn 4
nk

Using (166) with my, + 1 instead of { we estimate the sum >j= ( ) . as
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follows:
= n Cltnff mcos(g) ¢ q —1\¢
Z p n’“ (e2n 2 ) 14 (co it| n a)
l=mp+1
L n) (2e) _1n\¢
= Cz ZH <€> nk/2 (CO [t » a)
—
1\m +1 _ n—1 n 1\ {—(mp+1)
<o) E () et

< CetT Cos(%) |t|mk+1 (mk—i—l)(l—f) k/2 < C€T Cos(%) |t|mk+1 n7¥.
(169)

Plugging (169) into formula (168) we obtain

e a n—1 * . JURNNY
) <0 D S (Tt (genl))

k
= mg+1 n

o P
‘ (Co It| n_fi) <Ce 1 cos(57) o 3 |t|ak+(mk+1)_q
k=0
11

<C e—‘Tcos(%)n Btloa ’t‘R+1 q (mel + m@z)

where 0;(9) = mkin(m]iix){ak +my, — R} > 0. This completes the proof of the lemma.
[

B.4 Proof of Lemma 4.15
Lemma 4.15. Define

dan(t) = ni (Z) S(HZ_Z) el ok 1 (1) G ( (f)‘l“) o (tn~),

k
=1 k=pt1

where p = [2 R/a]. Then for |t| < en'/* we have
‘dgg(t)’ < c 6*%@8(%) n- R+1 a | |1 q (’t|a(§+%) + |t|a(p+2)) ., q= ()7 1’ ...,R,

(| | (p+) R |t|o¢(p+2)+1> (1+€)R+1—r’

‘d R+1)( )‘ <C o cos(3F) -

where v comes from Theorem 3.26, constants C' do not depend on n and &, and

22 1/(1-a)
N 1 1 1 Cos(az—”) COS(2>
€ = min — —_—
o (2D)Ve’ DV« 8D "\ 16ecq

with D = max {24,177}, co = (g + D", s and A; defined in (85) and (70).

2<5<s
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Proof. We distinguish two cases: ¢= R+ 1and ¢=0,1, ..., R.
Case 1: ¢ = R+ 1. Using Lemma B.7 and taking into account that ¢,k > 1 and
that [t|n~Y/* < 1 we obtain for [t| < en'/® t #0:

dR+ 1

=4 1 R
s (2900 (1 (59)7) T (or78)) | < C 50T o) gy

b NS RA1+(0—(R+1))T
L [g|ok—(R+) ((CO %) 4+ (co lt n ) VRH,M).

Now let us consider the case ¢ = 0. In the same way as in Lemma 4.13 or
Lemma 4.14 (i.e. using the definition of the derivative) we can show that

;; (soal(t) Ja1 (t (”,f)l/a) e (tnl/“)>‘ =0

(170)

for j=1,..., R+ 1. When proving this one takes into account that ak > R+ 1 for
k > p—+ 1. This follows from the definition of p.

Thus, inequality (170) holds for all |t| < en!/®. Using it, the estimate e B cos(5) <e
(Slnce t| < n'/®), and the fact that there always exists a constant C' > 0 such that
ER+t < C 2% for all k € N, we obtain

n—1 s(n—2)
el >!s2@ S Lot g oot on() (g, gy k=)
/=1 k

k
=p+1 n

.((co 0 8) 4 (co ¢ ) T VRH%E)

4] n—1 e o Vi
< C e 2 cos(%) |t’_(R+1) Z <n> (€2|”COS<2>> €R+l

/=1 t
s(n—0) x
_1n! 1\ R (RD))T Crn— o
: ((co lt| n a) + (co t] n a) VR+1,n,§> > k;lT; SRR [t
k=p+1
n—1
< C e,L cos(%) |t|—(R+1) Z (Z) (2€>€
(=1
s(n—20)

| ((co 1 n3) 4 (co ¢ ni) T uRH,n,g) S Gty

— n
k=p+1 (2)

. Note that we consider

Now we find an upper bound for the sum Zk nf) Chin=g £ e o*

=p+1 (n/2)F
only [t| < en'/® where ¢ is defined in the statement of the lemma. Recall that
Ckn—t = ) ko'T | Ag|™ - -

ko+ka+-+ks=n—f
2ko+--+sks=k

where ko, ko, ..., ks € Ng. It is easy to see that ¢, , < ¢, forall £ =1,..,n — 1.
Using this fact first and then doing the same procedure as we did in order to get
inequality (161) from Lemma 4.13 we obtain
s(n—_) x sn *
Z Cleyn—t Mak < Z Ckn |t|ak < C’e% \t|acos(a2—”) (|t| (g §)+|t|a(p+2)>.

k=i (3) k=it (3)
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Using the last 1nequahty we continue estimating d(RH)( t):
1
3

‘dSRJrl >‘ <Ce L Cos( ar) 73 w—(R-i—l) <|t|a(§ )+ It p+2)

n—1
S () o (oot n78) o (et )™ B,
(=1

For the sum from (171) we distinguish two cases < R+ 1 and ¢ > R+ 2 and get

() o (o) s fo ) )
/=1
< Ri:l ( ) ((co It| n*é)g—l- (Co [t n Q)RH VRH,mE)
s ( ) ((co tn ) (1 +VR+1,n,g>) -®.

(=R+2
Now using the estimation for Tpyy,¢ from Lemma 4.2 and repeating the same

1/(1-«
procedure as in (166) for |t| < (cos( )/(16660)) /t )nl/o‘, we continue

(171)

R+1

®=<C 3 a'tod) '+ on (1 ) (a1 ¢)

Lo (né(l_i_g))R—H—r (W n_é)R—l-Q ”Z‘zl (7;) (2660 e ) —(R+2)

(=R+2
<O (e +11") nl5 4 O (1 + R RS
O eos() [#[F2 (1 4 €)Rr1or pfeee—rit
<C o4 cos(557) (|t| n |t|R+2> (14 €)R+i—r pmax{ R1-2,1-1} (172)
Finally, combining inequalities (171) and (172) we obtain
‘d(R+1 (t )‘ <C e—Tcos( r) (1 +§>R+1 " (|t|“(f'2+1)—1'%+ |t|a(p+2)+1> 7

where a(p + 1)/2 — R > 0 according to the definition of p.

Now we consider the second case.
Case 2: ¢ =0,1,..., R. It follows from Lemma B.7 that in this case we have

j:q (goa (1) - gan (t ("nf) ) .ﬁ;g (mi))‘ .
< O T (E) (0t 440 (cq 11 n4)'.

Now we repeat the same procedure as in the case ¢ = R+1. Using the estimate (173)

>R+1—r

we obtain
n—1 s(n—£)
n ’ckn f‘ 7;@ “ cos( &x ak— _1n\¢
!dé%)!s}:(g) S Kt e () ()0 4 (e ] 0
=1 k=p+1 '

n—1 s(n—L) %

< O e eos(%) 7S (Z) (2600 It| n*é)e - =

n k
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We already showed above that

8(71—() C [e% am R p 1
Z kn—~¢ |t|ak < 064\t| COS(T)n—E <|t|a(2 5) + |t|oz p+2>

_ n
S (3)

1/(1-«
Using the same method as in (166) for |t| < (cos (O‘T”) /(16600)) o )nl/a we
obtain

<Z> (2600 It] n—iy <Cna || Z ( ) (2600 It n_éy_l

c o) i,

Using these two estimates we have
0] < 0 e o) 7 oo () oo )

where 1 —g+a(p+1)/2 > a(p+1)/2— R > 0 according to the definition of p. This
completes the proof of the lemma. n

B.5 Proof of Lemma 4.16
Lemma 4.16. Define

)= B3 (1) o (5)

ﬂL

e(tn7%)

k=0¢=1

mMek Pu,lk g/ )v

-£1a

where p = 2R/a), mp =1+ [(R— ak/2) /(1 —a)], myp =[R+ 1+ a(l —1—Fk/2)]
and pyer = max{0,[(R+1—u)/a+0—1—Fk/2]} and

Val o 14 ﬁl,n,{ " ﬁR,n,ﬁ b
Cue = 2. k:l!...kR!< 1) T\ R ’

k1+42ko+...+Rkr=u
k‘1+k2+...+k‘R=f

T o(1) = 1 gan (1) / o (e@'mi s W) A (Hoe — Hoo) ()

—00 w—=0 w‘

nv/e Ga1(t) 905?1”(’5) (@t)u] - ﬁ;,g (t),

(Z-t)R—l-l R

+”9a,1(t)mn @ PRi1ng
Then for |t| < en'* and ¢ =0,1,..., R+ 1 we have
0] < WP (1 g et

where 0 = min{u + a(puio+1) — (R+ 1)} € (0,a], ¢ = min{l7 cgl} with

co = (5 4+ 1)y Y7, pseudomoments v, v are defined in (80), r comes from Theo-
rem 3.26, R is defined by (99) and constant C' does not depend on n and &.
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Proof. We start with some transformations of dy,(t). We denote the expression in
square brackets from the definition of dg,(t) by Ir(t). We will distinguish three
cases: (1) k=0,=1;(2) k=0, =2,....m and (3) k > 1,0 =1,...,my. Taking

into account that ¢y, = 1 and ¢;, = 0 for all n € N we obtain

dnt) = 3 z( ) Chnt (1) (1) = (n Toa () — (1)

k=0 /(=1

+ezz2<€>]” +ZZ< )C’“”IM() (174)

k=2/(=1

We need to estimate the g-order derivative of Iy 4(t) for ¢ = 0,1, ..., R+ 1. Before
differentiating we start with some transformations of Iy ,(t). We consider

Iuln (Ztn L/e ) ﬁZ,n, (Z‘tnil/a)2 ﬁR,n, (itnil/a)R
Xrne(t) = 51| + —2nt o oo S B .

n

1
Taking into account that g, (t (”;) a) = " ?a1® we obtain:

Tee(t) = gaa (t (”“)3‘) P (1) <hn,§ (tn==) - X%,n,g(t)) +

u={
:Sz(t)
mgyk: ‘ B Pu,tk _g n v
i) 2ha(0) 3 Tl iy (i = 52 U )
u=>~0 v=0 :
Z:Sg(t)
™y, k e . upu,e,k _g n v v
a0 500 3 TS, C0 o0
v=0 :
P = g/n) —u/a k—i—v
—ZZ Ga1 (1) po () (i) | = S1(t) 4 S2(t) + S3(¢).
=¢ v=0

Note that the expression in the square brackets in the last formula is equal to 0.
Applying formula a” — b" = (a — b) >}=5 / b"~'~7 and taking into account that

T ¢ (tn‘é) = [ emn*édeg( ), Tgme = Joo 2k dH, ¢(z) and Hone = 0 for all
n €N, £ >0 (see Lemma 4.1 (7)), we rewrite S;(t) as follows:

/-1

51() = g (1 (59)7 ) #ha(t) (Fue(n7%) = xnnelt) > (i) s 0
_/ ( iotn” z:()@xtz_!a)w) dH,e(x):

Q-

) O e(tn77) X )

/—1
Y o (1 (%)
j=0
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Now let us differentiate S;(t) and estimate the g-order derivative. We distinguish
two cases: = R+ 1and ¢q=0,1,...,R.
Case 1: ¢ = R+ 1. For t # 0 we can apply formula (151) and get

[ e . R (izt)® —
dtnl [oo (6 ' - Z ( ) )danf(x)

w/a g
=/ w!

(R+1)!

1 16!
n1,n2,n3€Ng 1 Mo n3
ni+ng+nz=R+1

5[ 4 ! e y
2 i (g0 (£(59)") ba(® T (tn7%) ‘ | dtng %;g(t)| - ®.

‘ dR+1

JRAL Sl(t)| <

We consider the cases ny = R+ 1, no = ng =0and ny = R+ 1, ny = n3 =0
separately. Taking into account that k, ¢ are finite and using Lemmata A.3, B.7, B.9
we continue

@ <C Z / |x|n 1/a

ni+ng+nz=R+1
ni,no#R+1

eixtnfé o Rih (th
w=0

(A, ()

nw/e !

<C ‘tmn—l/a |R+17n1

ie T eos(5F) Jgobm (g [t o2 ) e (s )

J

+C’/ ]x\n a R+1 ‘dﬁnf(x)‘ Ze_i‘“ cos( %) || (co | nfi)
=0

-1

: (\t!n’éy_l_j +C > (\t|n*§)é_1_j o St 1t cos () j£]o* —(R+1)
j=0
' | giwtn S min{1,j—
(CO |t‘ 'I’L*é)] /_—:O ezztn & _wzo% ‘dHng )’ 4 (nié“‘) {1,j—1}

<C |t:pn_1/°‘|R+1

On“’/a w!

where ¢y = (¢ + 1)y 1/". Taking into account that co [t| n== < 1 and |t| n

and using Lemma 4.2 for the estimation of 7y, ¢ with k = R, R + 1 we obtain:

1
«@

_ 1\ R (RAL))T foof 1 R ixt)"
. (CO |t| n a) VR+1,n,§ / el:Et?’L _ Z ( ‘dH 75 ]
—00 iz
<C|tan—1/«|R
<1

Y

dR-H
’dtRH S (t)

< C e i eos(5) (|t| n_é> [|t|ak — VRt1,n.¢

-1

i Vriine . (co [t n
7=0

_ _ /-1
< O TN (F) = By e 1 (] 3)

n— T [ Aé_].
R () o (L g g ()

R )R+1+( —(R+1)t—j (n_é|t|)min{1,jfl}

+ |t|ak—1 n-

< (Ce”
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Case 2: ¢=0,1,..., R. Acting in the same way as in Case 1 we obtain for || < en!/®

(¢ is defined in the statement of the lemma) and ¢ # 0:

‘dthI <Ce 2 (%) p, (1+¢) |t] (|t|n ) '
Combining Case 1 and Case 2 we get for t # 0 and ¢ =0,1,..., R+ 1:
a T [t cos (5 -1
|dtq Sl( ) < Ce_TnZM CoS(7> (1 + g)RJrl r ’t‘ak‘+R+1 q (‘t’ ) ] (175)

Similarly to dy,,(t) and ds,(t) (i.e. using the definition) we can show that Si(t) is
(R 4 1)-times differentiable at point ¢ = 0 and its derivatives are equal to 0. Thus,
inequality (175) holds for all || < en'/®,

Now we consider Sy(t). From (147) in Lemma A.5 it follows that

n—~/ i k & ai —u/a (1)U
Sa(t) = gaa (£ (25)7) #ha(®) Y. Tum™e (it

u=my +1

Note that from the fact that [, (| < Tpne and from Lemma 4.2 it follows that

‘ﬁmg‘ < C, where C is some constant not depending on n and §. Let us dif-
ferentiate S(¢) and estimate the g-order derivative. For [t| < en'/® t # 0 we apply
formulas (151), (160) and after some transformations we get

g ER q\ | & da—
a” —u/a n— Z t*
‘dtq S2(t>‘ = Cud Z( ) dti <g“ (t< Hdtq -
u=my, k+1 Jj=0
S 06 |t\ cos( ) |t|o¢k’+m£ p+1— 90~ Z’(I:-H. 176)

Now let us differentiate S3(t). Note that p, o +1 > % +0—-1-— 5. Again,
for |t| < en!/®, t # 0 we apply formulas (151), (160) and Lemma B.4, and get

P \<Z)CM 3 (1) | (a0 eha0)

2 o5 )

= v!
o an mek u+a(py, 1
< C’e—%\ﬂ COS(T) |t|ak—q Z <|t|n—1/a> ta(pu,eptl) (177)
u=+~

)R+1+a(6717§) (178)

S Ce—%‘tlo‘co&‘(%) ’t‘aqu (’t‘nil/a

Using the definition of the derivative we can show that Séi)(O) = 0 and S;gi)(O) =0
fori =1,..., R+ 1. Thus, estimations (176) (178) hold true for all [t| < en'/.

Since ¢ < m,, and [t| < n'/*, we have e~ [t cos (57 < C e 3147 <s(5) | Note also
that my,+1> R+1+a(f—1—k/2). Using these facts and combining (175), (176)
and (178) we obtain for ¢ = 0,1,..., R+ 1 and |t| < en'/*:

_ Sl ‘ ‘ 5'2 ’ ’ 5'3 < 067%|t|°‘cos(%) |t|ak—q .

%“ ‘ ‘dtq dta
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(e E @ R () ()

o ~1-% L ([ am
+(’t‘nia)R+1+ (f 1 2)) < Ce—i\ﬂ cos(T) ’t‘aqu
g R Bt () R ) B

Now we come back to the estimation of d'? (t). From (174) it follows that

d? d
i )] < | 5 (ion) = Tc0)| + 25 (7) | 5 0

+ZZ< )‘Ck" d i ke(t)' (180)

k=2/¢=1

Using estimation (179), the facts that [tjn="/* < 1, (Tg) < n' and the definitions
of r, R, mgy we obtain

— Lo (t

gi Toe®)

2 (:)
:an ((m O (|t|n;)a<f—1>)

< Ce—%\ﬂacos(a?l) ‘t’RJrliqn (1 _'_5 R+1 Tzn (’t| 77)

q «@ QT T
d < Ceiélt‘ cos(T) |t|R+1—q n& (1 + §>R+1—r

a(l-1)

< € o3l eos(5F) |y RH1-a =150 (1 4 g) eI ”(Itl°‘+|t|1 <)

Using estimations (165), (179), the definition of m;, and the fact that [tjn~/* < 1
we show in the same way as above that

p mg
ZZ ( > |Ckn E‘ 7Ik€ ‘ < Cefémacos(%‘) |t|R+1_q n—g (1 _’_g)R—i-l—r

k=2 (=1 dtd
_ alr—1—k
'ZZ"% | <(|t|n;)é 1—}— <|t|n*§) (2 2)>
k=2 /¢=1
— 51t cos(%F) 14| RH1—a % Retlor S o ok ek (=2 (17 5)
< C et (F) pReianf(1 4 RT3 Y ke (mn °)

k=2 /(=1

Now, it only remains to estimate the first term from (180). In this case we transform
é,l(t) a little bit differently. Note that if £ = 0, ¢ = 1, then myr = m1o = R+ 1,
Cry11 =0 and for u=1,..., R we have

= kl = kR =
. Z 1 p“l,n,é :uR,n,g - Mu,n,{
wl = kil kgl L1 “\ R T

k14+2ka+...+Rkr=u
k1+k‘2+...+k‘R=1

Ql
Qll

ul =
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which allows the following representation

mio

Xrne(t) = > Cuyn " (it)".

u=1
1

Using this and the fact that g, (t ("1)“> — " Pand) — Gon () e~ nPa1(t) e

n

obtain

n—0\a \ T -1 R = (_1/n)v —u/a v - \u
o (0) = g (£(%55)" ) B (tn75) = 30 % Cun =15 0"/ gua(t)et, (0t

=:Vi(t)
+ Ga1 (1) (Fne(tn =) = Xrng(t))
=:V5(t)
ml,O: e s 1 Pu,1,0 _1 n v .
+ gat (8) 3 Co ™" (it) (e woel® = 3 <U/,>soa,1<t>)
u=1 v=0 '

=:V3(1)
= Wi(t) + Va(t) + V5(1).

Note that V3(t) is a particular case (k =0, £ = 1) of S3(t) considered above. There-
fore, using (177) and taking into account that p, 10+ 1 > £E=% and [¢f|n~"* <1
we obtain for ¢ =0,1,..., R+ 1:

d(] 1« ar ™0 u+a(pu 1 0+1)
el — = |t|* cos( & —q -1/« b
e aln)] < 02 o 52 ()

< O e 3 eos(F) | (’t‘nfl/a>R+1+9’

where 6 = min{u + a(py10+1) = (R+1)} € (0,0]. Acting in the same way as with
Si(t) above we get for ¢ =0,1,..., R+ 1:

— %(t) < C@‘%W& cos(%) n_f-(;a (1 + 5)R+1—r |t|a+R+l_q'

= . _1 =
Let us consider V5(t). Taking into account that h,, ¢ (tn’§> = [TXeltn v dH, ¢(z),
Time = J2 a*dH ¢ () and iy, . = 0 (see Lemma 4.1 (i), we obtain

Va(t) = gan(t) (g (tn72) = Xrne(®))
+oo o1 R (ix nfé w —
= Gan (1) / ( -y ”)) dH ,¢(7)

—00 w—0 ’lU'
1\ R+1
+oo iztn~® ™ (thn_é)w 7 ine =
= ga,l(t) /—oo (6 ! - Z - 3 dHn,é(x) + ga,l(t)<(Fi_'_1>!MR+l,n,£'

|
w=0 w:
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Using the last equality and the definition of w, () we get

+00 o1 R+l I n_é w —
nVa(t) — ﬁ;é(t) = ngayl(t)/ <€1wtn a Z (t)) dH, o(z).

—00 w—0 U}'
Using Lemmata B.2, A.3 and Lemma 4.2 (i7) for estimation Dgis, 0 we obtain

d? . iy fan _
7 (nva(t) - wn,g<t>>| < Cne 3 (E) (R0~ g

< Ce—%\ﬂacos(";—’r) nfr;a ’t|R+2fq.

Now, using the the last estimate and the estimates for | £ Vl(t)’ and ‘% ‘/E),(t)‘ found
above we obtain for ¢ =0,1,...., R+ 1:

j; (nToa(t) =, (1))

d?

<n < 5; Vl(t)‘ + ‘j:q V},(t)D + |2 (nVa(t) —wZ,g(t))‘

< € BT en(5) =T (1 )R R (80 4 ]

where 0 = min{u + a(pu10 +1) — (R+1)} € (0,a].
Now we summarize everything for dy,(t) and get

— dy (1)

! o an r—a o
‘;iq < C o3l cos(5) -5 (14 &)= ¢ |Rrima <|t|‘9 + R max{l,l_a}> .

This completes the proof of the lemma. O

B.6 Proof of Lemma 4.17

Lemma 4.17. Define by, (t) = nz_:l:q'a (tn—1/a)?2;*f (tn—l/a)j;g (m—l/a)' Then for
=0

|[t| > &, we have

CG_WCOS(O{%) Vg)(n_l + én; nq(l_é)u 9= 0’ o R’

, v comes from Theorem 3.26, €, = én"* with & defined

where En,f = sug‘?nf(t)

[t|>e
in (123), and constants C' do not depend on n and .
=n—1-¢ =¢
Proof. For [t| > &, the functions g,,, f,, and h, , are infinitely differentiable and
we can apply formula (151) from Lemma A.10:

d? /_ _1\ =n-1- _1y = 1 !
i (ga (tn7=) -7 iy (1) Tong (tn )> - m’n;gem m!ri!w
ni+n2+n3z=q

dm 1 d™ /=n—1— 1 A /= o
g (0 (07%)) G <f"7€1 (i )) dirs (Ei& (tn >)
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Using estimations from Lemmata B.3, B.5 and B.8 we get for { =1,...,n — 2:

d? _a1y =1l N = 1
2 () T ) Tl )|

' ™ 1\NnN3 __ —
< Y L (cew eos(ag) gl ((6n7%)" ugme Tome)
n1‘n2'n3' o ’
n1,n2,n3ENg
ni1+n2+n3z=q

(n— ng)t
. (C (n—1—0)"™n""2/“max{1,7,, net Qn5 ) ) =®.

Distinguishing the cases ny = ¢ and n3 = ¢, using Lemma 4.2 for estimation of 7,,, ,, ¢
and keeping Remark B.1 in mind we obtain

@< Ce it QT X T ((0n7F)" Puane)

n1,m2,n3€Ng
ni+ne+nz3=R+1

(Cl0m 1 i)

. —n—1—( _
<Ce ' R G et ng n?0=%) max{1, Vel

In the same way we obtain the estimations for / =0 and ¢ =n — 1:

dq —n—1 @ T —n—1 —
’dtq ( a( _é) g (t”_é»‘ < Cemenled) Qne n?07%) max{1, Ty e},

and

i (00 () T ) < ce ) i

Combining everything and using inequality |a|* [b]* < |a|*T” + [b[“" for a,b € R we
get

)] < 0 et ) 108 a1, By 5 Y 1 Qe
=0

[t s =n—1
< C e lincos(a3) pa(i=2) max{1,7, ¢} ( sl + Qe > .

Now, distinguishing the cases ¢ = 0,1, ..., R and ¢ = R+ 1 and applying Lemma 4.2
for the estimation of 7,, ¢ we obtain

‘ o) )\ C et oos(a3) v+ Qn ' nt(-3), q=0,..,R;
b a
— [t] Py =n—1
C’e_ZTCOS(af) VE)kTL—l Qn,& R+1—f (1 g)R-‘rl 7" q R 1.

This completes the proof of the lemma. O
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B.7 Proof of Lemma 4.18
Lemma 4.18. Define by, (t) = go1(t) + Wy ne(t). Then for |t| > &, we have
‘bgfl)(t)‘ < Ceilteos(ag) —2= (14 &)frtr q=0,1,..., R+1,

where r comes from Theorem 8.26, €, = En/* with & defined in (123) and constant C
does not depend on n and &.

Proof. From (121) we know that

P
Wrpe(t) = e L Ga1 (£)@h 1 () + Dy, (1)
k=2
me k. Pu,lk v
Cknf ) . u<_€/n) —u/a
+ZZ<> DY gan(t) @ERU(t) (it) —n ' Cusy
k=0 ¢=1 u=l ©v=0 v

where ¢, Cus, py D, My, my, and py g are defined after formula (102), and

=% oo ite 77 (it>R+1 — R4l —
w, ¢(t) :LOO e dW, ¢(x) :ngml(t)mn o« HRiing

400 it R+l ixtn_é w — —
g [ ( b Y BT (e~ o) ().
- w=0 :

Using this representation of @, , ¢ we obtain

b0 < |9 0] +i|csk\

d? dr _,
u (ga,1<t>so‘;,1<t>)| i The0)

P33 ()l S

k=0 ¢=1 u=¢ v=0

l/n ! —u/a |7y
o (saae 1) Lo .

dta
functions gq 1, gp’”” and t* are infinitely differentiable for |t| > ¢,:

For 4% (ga 1) s (@) t“) we can apply formula (151) from Lemma A.10, since the

i a0 ) = > ()5 (a0 0) ot

j=(g—u)*

Plugging the last equality into the estimate for ‘bg’fl) (t)’, and applying Lemma B.2
and estimate (160) from Lemma 4.13 we continue

p
)] — [ )| < b o) a3 Bl (b () i)
k=2

p Chn— My .k Pu,l,k g n 7ua _ q q e (i
_i_kz:;:( >| k €| Z Z / / ‘Cu,é‘ Z (j)cw (g—3)
0¢=1 )+

u=¢ v=0 . ]:(q u
(C(k—l—v) e 2|t| cos( >|t| (k+v)—j ><C€ 2|t| cos(a <|t| q Z |Ckn| ’t|ak q

My, k Pu,l,k E/n

> 2

u=f v=0

|G |t|a<’“+“>+"—q) _®

p mg
+ZZ( >|Ckn £|
k=0 (=1
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Now we split e~ 3117 cs(23) into two equal parts as a product. Multiplying and
dividing each term in the brackets by [¢|?™! and using Lemma A.13 we continue

14 - ™ P n
©® < C e oonlog) p (D) <C<q> > el

33 ()t 25 e B o).

k=0 ¢=1 u=¢ v=0
— 1, n € N we have the

Recall that for c;,,—p with £ = 0,...,pand ¢ = 1,...,n

following estimate (see (165)):

Clem— cr._ n—/0)! C
| m; d < kmk : = Z L |/€(| ]3; 'k |A2‘k2 T |As‘ks < k/2°
n n ko+ko+-tho=n—g MO-R2: s- 1 n
2ko+--+sks=k

In the same way we obtain that |cy,|/n* < ¢}, /nF < Cn™2 for k = 2,...,p and
n € N. Using the fact that [t| > en'/® definition (104) of C,, together with

Lemmata 3.17 and 4.2 (i) we obtain
me,k >

w n§ |< CB_ZM cos(ag R+1 (1—1—22” n —k/2 Zn—u/a

by _

‘ ‘ dtq k=0 (=1

Let us consider the sum in the brackets from the expression above.
account that a € (0,1) we obtain

ZZnnk/QZn’“/“<CZZnn n~te = CZZn -) n~k? < C.
k=0 (=1

k=0 (=1 k=0 (=1
Using the the last estimate we get

Taking into

R+1

< 0671|t| cos(a%)n ol

‘(q) ’_% 75

H, (:1:) Using this

Let us estimate ﬁl@’;g(t)‘. Recall that M, ¢(z) = H,¢(z) —
fact, Lemma B.2 and inequalities (97), (100) we obtain for ¢ =0, 1, ..., R + 1:
d’ . _nsima [Briinel <& ()| @ d7 p
— t)| < o —Ga1(l)| |=——
‘dtqwn’§< )| =n (R+1)! ;) j dtﬂg 1(t) dta—i
J_
d oo ' iztn= & Las (thn i
o () o] 2 [ - E ) o

< C o3l cos(aF) |t~ B (§R+1,n,£ + VRri1 (ﬁnﬁ))
< Ce—%lﬂ“ cos(ag) ’t‘R-&-l—q n—” o (1 + g)R-&-l—r

< C«e—Z|t| cos(a%) —_r—a (1 +€)R+1 r

Combining the last two estimates above we get
’bgg (t)‘ < Ce*i\tl‘*COS(a%) n—% (1 + §)R+1—r,

which completes the proof of the lemma.
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